Kehadiran Sosial ¥
Kehadiran sosial merupakan variabel yang menggambarkan sejauh mana individu merasakan keberadaan

sosial pihak lain dalam lingkungan komunikasi digital, sehingga interaksi yang terjadi terasa nyata, interaktif,
dan membangun kedekatan secara psikologis.

Berikut adalah penjelasan skala Likert 5 poin:
1 = Sangat Tidak Setuju

2 = Tidak Setuju

3 = Netral

4 = Setuju

5 = Sangat Setuju

Saat menonton TikTok Live, saya merasakan adanya interaksi yang lebih nyata dengan orang *
lain.

Sangat Tidak Setuju O ( O O O Sangat Setuju

Saat menonton TikTok Live, saya merasa tidak sendirian karena dapat berinteraksi dengan *
orang lain.

) Sangat Setuju

O

Sangat Tidak Setuju \ \ )

Saat menonton TikTok Live, saya merasakan adanya hubungan sosial dengan penonton lain. *

Sangat Tidak Setuju O O O O O Sangat Setuju

Saat menonton TikTok Live, saya merasakan kehangatan dalam interaksi antara host dan *
penonton.

Sangat Tidak Setuju O O O O O Sangat Setuju
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Saat menonton TikTok Live, interaksi yang terjadi terasa seperti komunikasi secara langsung *

atau tatap muka.

Sangat Tidak Setuju O O O O O Sangat Setuju

Niat Pembelian Y
Niat pembelian merupakan variabel yang menggambarkan tingkat kesiapan dan kecenderungan individu

untuk melakukan pembelian terhadap suatu produk sebagai hasil dari proses evaluasi informasi dan
pengalaman interaksi yang diperoleh

Berikut adalah penjelasan skala Likert 5 poin:
1 = Sangat Tidak Setuju

2 = Tidak Setuju

3 = Netral

4 = Setuju

5 = Sangat Setuju

Saya bersedia membeli produk yang direkomendasikan saat TikTok Live. *

1 2 3 4 5

Sangat Tidak Setuju O C) O (.) O Sangat Setuju
Saya berniat untuk terus membeli produk melalui TikTok Live di masa mendatang. *

Sangat Tidak Setuju O O O O O Sangat Setuju
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Saya ingin merekomendasikan TikTok Live sebagai media belanja kepada keluarga atau *

teman.

Sangat Tidak Setuju O O O O O Sangat Setuju

Saya memiliki perasaan positif terhadap pengalaman berbelanja melalui TikTok Live. *
1 2 3 4 5

Y
Sangat Tidak Setuju O () O O O Sangat Setuju

Saya merasakan kesenangan lebih besar saat berbelanja melalui TikTok Live dibandingkan *

metode belanja lainnya.

Sangat Tidak Setuju O o) O O Sangat Setuju

Data Responden

v
A

Pada bagian ini responden diminta untuk mengisi data diri terkait dengan faktor demografi yang dimiliki oleh
setiap responden yang mengisi formulir

Gender *

Laki-laki

Perempuan
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Usia *

O <19 tahun
() 20-24tahun
() 25-29tahun

O > 30 tahun

2p1 .ooum

Rp2.000.000 - Rp4.000.000

Pendidikan terakhir *

() SMA

O Diploma

O Sarjana

O Magister
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Pekerjaan *
(") Pegawai Negeri Sipil
O Polisi atau Militer

O Karyawan Swasta

O Wirausaha

O Mahasiswa

O Pelajar
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Lampiran 4 Hasil Smart-PLS

o s e

Untuk Memabh... Interaksi Untuk Mempe... Interaksi Untuk Mempe... Kehadiran Sosial (KS) Niat Pembelian (NP)

MI1 0.726
MI2 0.785
MI3 0.854
M4 0.888
IMIS 877
1PD1 0.757
1PD2 0.780
1PD3 0.780
IPD4 0.766 i M

IPD5 0.8 b 4
PI1
P12
P13
P14 v
IPI5

ord CopytoR

ks| e belian (NP)
2

IPD5

P11

P12 0.
P13

P14 0.759

IPI5 \ j
Ks1 \ osn J

Ks2 0.892
Ks3 08

NP1 0.780
NP2 0.864
NP3 0.859
NP4 0.840
NP5 0.828

Copy to Excel/Word l Copy to R I

Cronbach's alpha Com reliability (r... Composite reliability (r...  Average variance extrac...
Interaksi Untuk Memahami Dinamika .. 0.848 0.873 0.887 0611
Interaksi Untuk Memperoleh Informasi ... 0.847 0.853 0.891 0.620
Interaksi Untuk Memperoleh Insentif Monet... 0.884 0.893 0.916 0.686
Kehadiran Sosial (KS) 0916 0917 0.937 0.748
Niat Pembelian (NP) 0.891 0.891 0.920 0.697
e ot | o
R-square R-square adjusted
Kehadiran Sosial (KS) 0.511 0.506
Niat Pembelian (NP) 0.646 0.641
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f-square - Matrix Copy to Excel/Word Copy to R

Interaksi Untuk Mempe... Interaksi Untuk Mempe... Kehadiran Sosial (KS) Niat Pembelian (NP)
Interalcsi Untule Memahami Dinamilka ... 0.001 0.023
Interalcsi Untul Memperoleh Informasi . 0.081 0.034
Interalcsi Untuk Memperoleh Insentif Monet... 0.298 0.165
Kehadiran Sosial (KS) 0.328
Miat Pamblian (NP)
Path coefficients - Mean, STDEV, T values, p values Copy to Excel/Wor

Original sample (0)

nteraksi Untuk Memahami Dinamika Pembelian Orang Lain (IPD) -> Kehadiran Sosial (KS) 0.031
nteraksi Untuk Memahami Dinamika Pembelian Orang Lain (IPD) -> Niat Pembelian (NP) -0.132
nteraksi Untuk Memperoleh Informasi Produk (IPI) -> Kehadiran Sosial (KS) 0.287
nteraksi Untuk Memperoleh Informasi Produk (IPI) -> Niat Pembelian (NP) 0.164
nteraksi Untuk Memperoleh Insentif Moneter (IMI) -> Kehadiran Sosial (KS) 0.488
nteraksi Untuk Memperoleh Insentif Moneter (IMI) -> Niat Pembelian (NP) 0.352
(ehadiran Sosial (KS) -> Niat Pembelian (NP) 0.488
Path coefficients - Mean, STDEV, T values, p values Copy to Excel/Word ~ Copyto R
Original sample (0) Sample mean (M) Standard deviation (ST... T statistics (|JO/STDEV|) P values
terak Untuic... 0.031 0.036 0.075 0.418 0.676
rteraksi Untukc... -0.132 -0.131 0.054 2443 0.015
vteraksi Untuk ... 0.287 0.290 0.069 4.159 0.000
teraksi Untuk ... 0.164 0.167 0.055 2993 0.003
vteraksi Untuk... 0.488 0483 0.063 7.808 0.000
teralesi Untuic .. 0.352 0.349 0.071 4.936 0.000
‘ehadiran Sosial (KS... 0.488 0.487 0.063 7.770 0.000
Specific indirect effects - Mean, STDEV, T values, p values Copy to Excel/Word ~ Copy to R

Original sample

Interaksi Untuk Memahami Dinamika Pembelian Orang Lain (IPD) -> Kehadiran Sosial (KS) -> Niat Pembelian (NP) (
Interaksi Untuk Memperoleh Informasi Produk (IPI) -> Kehadiran Sosial (KS) - > Niat Pembelian (NP) (
Interaksi Untuk Memperoleh Insentif Moneter (IMI) -> Kehadiran Sosial (KS) -> Niat Pembelian (NP) (
Specific indirect effects - Mean, STDEV, T values, p values Copy to Excel/Word ~ Copyto R

Original sample (O) Sample mean (M) Standard deviation (ST... T statistics (|JO/STDEV|) P values
Interaksi Untuc.... 0.015 0.017 0.036 0.420 0.675
Interaksi Unituk ... 0.140 0.141 0.036 3.905 0.000
Interaksi Untuc.... 0238 0.236 0.049 4.829 0.000
Discriminant validity - Heterotrait-monotrait ratio (HTMT) - Matrix Copy to Excel/Word Copy to R

i Untuk Memah... Interaksi Untuk Mempe... Interaksi Untuk Mempe... Kehadiran Sosial (KS)

Interaksi Untuk Memahami Dinamika ..

Interalesi Untul Memperoleh Informasi ... 0.807

Interaksi Untuk Memperoleh Insentif Monet... 0.633 0.665

Kehadiran Sosial (KS) 0.535 0.658 0.742

Niat Pembelian (NP) 0.456 0.637 0.781 0.830
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Copy to Excel/Word

Interaksi Untuk Mempe... Interaksi Untuk Mempe... Kehadiran Sosial (KS)
©Orang Lain (1PD)
Interaksi Untuk Memperoleh Informasi Produlc (IP1) 0.787
Interaksi Untuk Memperoleh Insentif Moneter (IMI) 0.570 0.828
Kehadiran Sosial (KS) 0.587 0.670 0.865
Niat Pernbelian (NP) 0.559 0.696 0.752

Copy to Excel/Word l Copy to R I

Niat Pembelian (NP)

0.835
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Live ctreaming e-commerce, as a kind of new information technology - based
business maodel, is currently the most popular marketing approach, especially
in China. This research divides live streaming interactions into three
dimensions, interactions for obtaining product information (IP1), interactions
for grasping the purchase dynamices of others (IPD), and interactions
for obtaining monetary incentives (IMI), and proposes a comprehensive
framework to examine whether live streaming interactions with consumers
promate both social presence and consumer conformity, and thereby enhance
their purchase intentions. Cowariance-based structural eguation maodeling
[CB-5EM]} with AMOS was conducted to analyze data collected from 576
Chinese consumers. The main findings are that, first, both IPl and IPD can exert
adirect impact on social presence and consumer conformity; second, IMI has
a positive impact only on social presence; third, among the three dimensions
of interacticns, both [Pl and IPD tend to increase purchase intention through
social presence and consumer canfarmity, while IMI increases purchase
intention enly via social presence. Furthermore, given the differences between
experience and search products, the results of the multigroup analysis indicate
inconsistent path coefficients between the two product groups. This study
provides a novel perspective on live streaming e-commerce with evidence on
how interactions matter in driving purchase intentions, enriches the content of
live strearming e-commerce literature and explores the practical implications
for marketing managers are looking for marketing by live streaming.

KEVWORDS

live streaming, social presence, consumer conformity, purchase intention, search
product, experience product
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Introduction

The commercial application of next-generation information
technology has brought wide-ranging business changes, and
the touch peints of customer experience have expanded from
limited offline stores to the digital space (Hoyer et al,
2020). Live streaming, as novel information technology, has
heen an embedded live function of e-commerce platforms
that are operated by mainstream e-commerce enterprises,

such as Ta 1 and Jingdong.com (Wongkitrungrueng

and  Assarut,
2019; Park and Lin,
1. Compared with traditional e-commerce, live-streaming

Sun et al,
Guo et alg

e-commerce has become appealing to marketers because of
its powerful interactions (Hu and Chaudhry, 2020; Kang
et al, 2010; Xu et al, 2020). As of December 2020, the
number of live-streaming e-commerce consumers in China
had climbed to 388 million, and the sales promotion
effect of live-streaming e-commerce as a novel strategy
has been featured by numerous e-commerce firms, such
as Alibaba, Byte Dance, Kuaishou, and Pinduoduo. For
example, Taobao Live {a live stream c-commerce platform
of Alibaba) was reported te generate nearly 50 billion US
dollars in gross merchandise volume (GMV) in 2020 (Pandaily,
2021}

In contrast to the one-way efforts {ie, streamer to
consumer) made by other information technologies to improve
consumer experience (such as intelligent chat assistants,
virtualfaugmented reality, and intelligent service robots),
live streaming realizes bidirectional communication between
streamers and consumers in a real-time interactive way,

thus providing co with an i shopping
¥ eand an 1 value in intery linteractions
(Haimson and Tang, 2017 Wohn et al. 2018). In live-

streaming rooms, streamers can display product information
in diversified forms, including but not limited to offering
product close-ups, model displays, and promotions, which
reducerheunnermmy of consumers (Kno!l.enkm a et 3l 2007

In particular, ! opini i
and instill confidence in them. At the same time, consumers
improve their social presence through real-time interaction
with streamers and other wviewers, thus gaining pleasant
emotional experiences (Chen and Lin, 2018). Nowadays,
hecause of the characteristics of real-time interaction, the

| Cconcerns

technology of live streaming has been widely applied to
onling marketing by enterprises to create higher conversion
rate and better sales (Hu However,

although many studies have investigated the mechanism
of influence of live-streaming e-commerce on consumers
purchase intention (Wenghiliungiueng and Assarul, 20l%
5t L, 1M Park and Lin, 2070; Xue et al. 2020; Ma,
I, only a few of them invelve the unique feature

of live streaming e-commerce (ie., interactions), making it

unclear how live streaming interactions promote consumers'
purchase intentions.

This research secks to conduct an in-depth analysis of
interaction-related behaviors in live-streaming e-commerce.
Prior literature argued that there are two levels of interactivity:

person interactivity and machine interact
Movak, 1996). Live streaming can provide the above two levels
of interactivity: person interactivity through communication
hetween the streamer and consumers in the live streaming
room, and the use of embedded hyperlinks allows consumers
to purchase products in the live-streaming room to generate
machine interactivity. On this basis, many scholars classified live
streaming interaction (L51) as streamer-consumer interactions,
CONSUMEr-Consumer machine-consumer
interaction (Chen and Lin, 2015; Jiang et al,
with integration of live-streaming e-commerce, richer shopping
experience has been created (Sun et al, 2019), and the elements
and forms of live streaming interactions can no longer be
simply divided by participants. Therefore, this study attempts
to reclassify LSI and find a new research perspective on
the interactions.

Different from previous studies, this study focuses on
reclassifying LSI from the perspective nf consumer participation
mativation. First of all, the comg ication
(CMC) interaction model provides the Ihmmtlcal premise for
our interaction framework. CMC is generally ccms]demd to
g model of i ion search, transmi;
processing and interpersonal communication through the
Intermet (Walther, 1996 Derks et al., 2008; Yan and Ling, 2020),
Relevant studies have confirmed the effectiveness of CMC in
emotional transmission (Sasaki and Ohbuchi, 1799; Walther
ct al, 2005; Hancock et al., 2008; Grondin et al, 2019). In live-
streaming e-comerce, some nonverbal cues related to emotion
are shown to consumers, such as streamers’ facial expressions,
gestures, and tones, so as to gencrate emotional contagion
among participants, which is the precondition of LSL Second,
information gathering, social interaction, and online shopping
are regarded as the main motivations for consumers to watch
live streaming (\Wongkitrungrueng and Assarut, 2018; Sun etal,
Zu and ¥e, 2020). Consumers can obtain instant electronic
word of mouth by participating in the evaluation of produets
by streamers and other consumers while also conducting
cbservational learning from the actual purchase behavior of
others (Chen et al. 2011; Men and Zheng, 2019).
consumers make trade-offs between hedonic consumption and

interactions, or
2019). However,

be an

Moreover,

product prices, and special offers during live streaming can
bring hedonic benefits to consumers (/

Hu et al, 2020}, Therefore, based on consumers’ motivation

to participate in live streaming, our interaction framework is
developed with three subdimensions, which are interactions for
obtaining preduct information (TPI), interactions for grasping
the purchase dynamics of others (IPD)), and interactions for
obtaining monetary incentives (IMI). Overall, we suggest the
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above categorization of three interactions, driven by practical
experience, can mere clearly and vividly describe the activities
of interactions of live-streaming e-commerce.

By live streaming, consumers can parficipate in an
immersive experience by watching streamers'  product
presentations, interacting with streamers, readins Consumer
discussions, and enjoying platform discounts. This immersive
experience increases consumers social presence (Mou ot al,

\. The concept of social presence has been widely adopted

in online interaction and consumer research, and discusses
the influence of social presence on perceived value (F
&), consumers' trust {Gefen and Straub, 2004; |

i}

I, and purchase intention (Botha and Reypneke,
2016; Liu et al 7). However, only a few
mu:h:s |nvolv¢ the hlgh real-time and  highly interactive
situation of i 2. M hile, the

< Lu et al. (1]

By adopting the stimulus-organism-response (5-O-R)
theory as a guiding theoretical lens, this study enriches the
literature on live-streaming e-commerce by developing a
research model to examine whether LSI promaotes bath social
presence and consumer conformity and enhances consumers'
purchase intentions. Specifically, first, this research conducts
an in-depth analysis of interaction-related behaviors in live-
streaming e-commerce, including IP1, IPD, and IMI Second,
this research reveals the formation causes of social presence
and consumer conformity in live-streaming e-commerce from
the perspective of the above interactions and empirically
investigates the relationship between social presence and
consumer conformity. Third, this study introduces product type
as a moderating variable by examining the impact of search
and experience products on live-streaming e-commerce and

swarming of other consumers prompts consumers to follow
and automatically mtemallze themselves as group members,
which p c P
consumer conformity mainly focus on offline consumption
scenes and online graphic consumption scenes (Laporta ot al,
“ark and Feinberg. 2010}, and the conformity psychology
and behavior in the context of live streaming still need to be
explored. To sum up, previous theories and studics cannot
completely explain and predict consumer behavior under the
live-streaming e-commerce mode. It is necessary to explore the
marketing bencfits of LSI and determine how consumers may
form their purchase intentions through social presence and
consumer conformity.

Despite the importance of considering the roles of different
product types, this factor has been largely ignored in the
existing research when studying live streaming e-commerce.
Hence, it is crucial to integrate product type (ie., scarch and
experience products) into our study to deeply explore LSL In
line with Melson (1970), products fall into two ¢ jes: search

whereas research on

provides a new marketing perspective for industry practitioners.
Compared with previous literature, this article made
four main contributions. First, compared to past studies on
interactions in this context, which were mostly classified
according to the object of interactions, this study developed
4 new measurement for LSI and proposed three dimensions:
IPI, IPD, and IMIL In particular, we employed IMI as a
dimension of monetary incentive interactions and werified
its role in increasing social presence. Sccond, this study
ded the understanding of co s purchase intention

in the context of live streaming. Third, this study applied
and integrated the two theories of social presence and

c [ and explained the p ial incentives
for <" purchases in I ing ¢-commerce. Fourth,
this study paid more attention to product factors, which
had been neglected in previous studies. Owerall, this study
iby to the live g e-commerce literature by
advancing the und, ding of LSI and g the practical
implications for marketing managers who are looking for

o

©

and experience products. Consumers show varying degrees of
difficulty in assessing the attributes of cxperience products and
search products; specifically, the attributes of search products,
i.e, cell phones, televisions, laptops, and books, are objective
and easy to access, while the key attributes of experience
products (e.g., clothing, shoes, food, and cosmetics) need 1o be
evaluated through more external cues (Bei ot al. : Luan
o al, 2006). In the context of live-streaming e-commerce, LSI

provides consumers with more specific product information
and purchase reference, thus reducing barriers to buying
products online, especially for experience pmducts that cannaot
be accurately assessed before purchase (0
Therefore, it seems important to examine how product types

affect ‘consumers’ purchase decision precesses to understand
the effectivencss of LSL In this regard, thn srudy also c:(ten.dn
the und ding of how i

for purchasing decunn: differ in the context of llvt -streaming

e-commerce depending on product searching and experiencing.

g by live streaming

Literature review and hypotheses

Stimulus-organism-response theory

The $5-0-R theory, proposed by Mehsabian and Russcll
(1974}, was initially vsed to explain the impact of the
environment on human psychalogy and behavior. Three crucial
elements are included in this theory. Stimulus (5] stands
for antecedent variables, including various situational factors;
organism (0] refers to an individuals emotional or cognitive
response to the 5 response (R) is final motivations and behaviors
based on affective and cognitive states. The use of the 5-
O-R theory as a theoretical framework for this rescarch is
advantageous for two reasons. First, this model provides the
thearetical basis for the understanding of consumer behavior
and has been widely applied to examine consumers’ behaviors
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in e-commerce, such as purchase intention (Guo et al.

online repurchase intention (Zhe et al, 2020), and impulse
buying behaviors (Chen and Yao, Z018). Second, the §5-O-
R theory allows us to capture the unique dimensions of
real-time social interaction in live-streaming e-commerce and
construct & dynamic mechanism to present how LSI influences
customer purchase intentions. Overall, the 5-0-R theory fits our
research questions and contributes to hypothesis development,
Specifically, the interactions in the context of live-streaming e-
commerce as a strong stimulus influence individuals' emotional
or cognitive response by way of social presence and consumer
consistency, and further influence purchase intentions.

Interaction factors for purchase intention
The interaction factor is regarded as a key driver for

purchase intention. This study mainly reviews the literature on
linkage between various interactions and purchase i

between streamers and consumers or among consumers impacts
purchase intention. Based on the foregoing, this study aims to
explore how LSI enhances customers’ purchase intentions.

Live-streaming interactions
Establishing a positive and effective interaction between

sellers and consumers will help increase consumers’ pleasure and
experience and will assist in achieving enterprises’ marketing

goals (K 2020; Zhang et al., 2020). Prior studies
have tried to classify interactions from different perspectives
[Stewer, 19925 Burton and Soboleva, 2011; Li 9. Xu and
Ve, 2020). Among them, the most representative classification
is to divide interactions according to interactive content. For

poulos e

example, in a study on online agents, interactions are divided
into social interactions, human-computer interactions, and
information interactions (Kohler et al, 2011). Interactions have
und further develop in live-stre:

ing e-commerce,

Our research builds primarily on two streams, one that examines
how social interactions affect consumer purchase behaviors,
For example, a case of group buying indicated that a seller
could benefit from social interaction because of interpersonal
information/knowledge sharing (Jing and Xie 2041). Similarly,
Kim et al. (2020}, based on a survey on Korean consumers,
concluded that increased social interactions on an onling
platform could promote sales performance. Furthermore, based
on an investigation of YouTube and Instagram users, Sokolova
and Kefi [2020) argued that para-social interaction (ie., the
relationship between a spectator and a performer) is positively
related to customers’ purchase intention.

Another stream determines how to interact with customers
to influence purchase intention. The research on this stream
can be classified into two broad categories. The first is related
to the interpersonal interaction between sellers and buyers,
with some dimensions of interaction hehavior (eg., perceived
expertise, perceived similarity, perceived likeability, response
volume, topic relevance, and respense richness) found to
affect consumer purchase intention (Chen et al, 2020 Kim

t al. 2021). The second category involves the interaction

il Dong (2016) found that
consumer interaction (interaction freqmmy. interestingness,
decentration, and reciprocal swap) can enhance purchase
intention by farmation of cognitive trust and emational trust.

The influence of LSI on purchase intention is studied

among consumers; ie, Ching

for three main reasons. First, live-streaming e-commerce as a
novel business model has received a great deal of attention
from scholars and practitioners. Second, because the success
of live-streaming e-commerce depends on live interactions
between streamers and customers and customer engagement, it
is crucial to explore the effects of L5] on consumers’ purchase
intentions. Third, the multiple facets of LSI need to be extended
and enriched, because little is known about how the LSI

and both the form and connotations of interactions have been
greatly enriched; thevefore, more research on LSI is needed.
Existing studies have already noted that becanse of changes in
technalogy, LSI involves more participants than other forms of
e-commerce, and that the objects involved in the interactions
have also changed (Chen ond Lin, 2007 fiang et al, 2019
Xue et al., 2020). LSI was reclassified as anchor-consumer
interaction,
consumer interaction, or merchant-consumer interactions
(Chen and Lin, 2018; Tiang et al, 2019). Rather than employ
classifications according to the participants in interactions,
this study attempts to reclassify LSI and find 4 new rescarch
perspective on interactions. As mentioned in Introduction, the
current study divides LSI into the following three aspects: TP1
(i.e., interactions for obtaining product information), IPD (ic.,
interactions for grasping the purchase dynamics of others),
and IMT (i.e., interactions for obtaining monetary incentives).
Owerall. we suggest that the above categorization of three
interactions can more clearly and vividly describe the etfect of
interactions on live-streaming e-commerce.

consumer-consumer  interaction.  machine-

Social presence

Social presence was first conceptualized as “the degree
of other people’s salience in interactions and the consequent

salience of the interpersonal relationship” (5 tal, 1976
p-65). In electronic commerce and online consumer behavior
research, social presence refers to the feeling of being with
others in virtual interactions. Thus, users feel a sense of
warmth and enjoy social communication as if they were in
an actual environment {Haisonein and Head, 2007). In the
context of e-commerce, social presence can affect consumers'
online shopping experience, which is a key behavior premise
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and Sobc 2(¥11; Shin

in virtwal shopping settings (F

and Shin, 2011; Kim, 2 20210}, Moreover, the social
presence conveyed by a website influences behavioral intention
by enhancing the perception of pleasure and usefulness (¢

). Furthermore, Pelet et

| pointed out that a social
platform is a mature environment that forms social presence.
This is because some features of social platforms, such as
perceived interaction, enable consumers to experience virtual
presence in an online environment (Molle

Wilson, 24

Interactions on social platforms can deliver various information
and enable consumers to feel close ties between themselves, thus
representing social presence (] et al, 2019). Based on the
foregoing, interactions on a social platform are considered to be

the most important factor.

IFI enables consumers to obtain more product information
through live product trials and detailed product explanations,
which can increase social presence. The difference between live-
streaming ¢ and traditional e-ci is that live
streaming not only provides product information through text
and pictures but also through interactions with streamers (Xur
. During live streaming, buyers may use information
cues [e.g. product information) to support decision-making
processes {Dodds et al, 1991). On such a platform. consumers
can actively participate in interactions te obtain detailed
product information. Therefore, consumers can perceive that
the member with whom they are communicating is a real person,
which leads them to perceive interactive social presence (Li,
2019; Sun cf al, 2019). Through facial expressions and body
languag an give c full und dingand
make it easier for both sides to form a sense of identity and
belonging in the virtual space. Furthermore, online interactions
provide consumers with a sense of immersion into a virtual,
unreal world (Hami'ton et al, 2016; Hudson et al., 2019).
Overall, such an online interaction is akin to face-to-face
i ication between and c In this
virtually creasted space, both sides psychologically apprehend
the other’s existence, which meets the social needs of both
parties and fosters effective communication that leads to
the formation of a sense of presence. Hence, the following
hypothesis is proposed:

Hla: Interactions for ebtaining product information (IP1)
have a positive impact on social presence.

IPD} equates to frequently interacting with other

consumers in the same live streaming room. Consumers,

etal, M

when communicating and sharing information with other
consumers, are not isolated as individuals but are instead
situated in a type of social existence that increases their
familiarity and enables them to discern a sense of cordiality in
continuous, in-depth interactions. We propose that IPD atiects
social presence in three ways. First, based on the statement
of Kim et 2l (2003), p. 171; that behavioral commitment is
“the degree of perceived interdependency, connection, and
responsiveness of the other person to the observers actions®,

IPD can enhance social presence through other viewers'
purchase behaviors. Second, the communication between
viewers and streamers, as constructive interaction, can facilitate

trust, thereby increasing social presence (Cefen and Straub,

). Third. real-time discussions with other participants in
IPD can enhance the perceived social presence by respondin
to product content and sellers (Hassanein and Head, 5
ot al., 2018; Sun et al., 2019). Hence, the following related
hypothesis is proposed:
Hib: Interactions for grasping the purchase d
others (IPD) have a positive impact on social presence.
IMI, which includes snatching wirtual red packets and
special prices in the live streaming room, greatly enriches

ics of

consumer experience. Specifically, IMI arouses consumers'
social perception in two ways. On the one hand, consumers
can obtain a substantial price or quantity discounts through
IMI (e.g. coupons, prizes, and red packets), which cannot be
obtained outside the live streaming room; the difference easily
makes consumers perceive the existence of the community, thus
stimulating consumer participation (Xue et al, 2020). On the
other hand, adoption of interactive marketing tools {e.g., lucky
wheel and limited-time lottery) can create a strong hedonistic
atmosphere [Park and Lin, 2020}, These immersive experiences
help consumers form social presence. In fact, interactions in live-
streaming platforms are more efficient than traditional forms;
and as a result, the sense of social presence created is stronger.
Hence, the fellowing hypothesis is proposed:

Hic: I for ol g monctary incentives (IMI)
have a positive impact on social presence.

Consumer conformity

Consumer conformity can be defined as how consumers
change their product evaluations, purchase intentions, and
purchasing behaviors after receiving information regarding
other people’s product cvaluations, purchase intentions, and
purchase behaviors for the purpose of making their choices
consistent with those of others (Lascu and Zinkhan, 1999). Based
on Dewtsche and Gerard (1955), this concept can be divided
into two dimensions: normative and informational consumer
conformity. The former acts in 9 consistent manner to conform
with the positive expectations of another, i.c.. purchasing certain
products to be consistent with his or her own social group. The
latter refers to the conforming to others purchase beliefs and
decisions due to their knowledge and expertise.

In  live-streaming normative
conformity is reflected in consumers’ behaviors that conform
to perceived expectations. For example, real-time interactions
may enhance viewers sense of belonging, make consumers
mare likely to internalize the opinion of the group and conform
to the group’s evaluation, and thus enhance social commerce
engagement [ Xue et al, 2020). As consumers can witness the

£-COMMErce, COnSUmer
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active participation of other consumers through the bullet
screen (ie., “danmu” in Chinese, where viewers' comments and
messages), consumers’ purchase experiences are not isolated
and become closer to shopping in offline settings. Moreover, it
is difficult for consumers watching a live stream to resist the
temptation of concerted large-scale group action, and consumer
conformity in the live streaming room accelerates the process of

consumer decision-making (Lu et al, 2016; Wongkitrungs

ng

and  Assarut, 2018). Furthermore, the atmosphere and

promate consumer conformity. Hence, the following hypathesis
is proposed:

H2a: Interactions for obtaining product information (IPT)
have a positive impact on consumer conformity,

During a live stream, the interactions in the live streaming
room enable comsumers to observe the positive or negative
evaluations of other consumers and their purchase behaviors
and help consumers make consistent purchase decisions by
reducing risks or increasing confidence. First, even in a live

excitement created in live streaming rooms, the real-ti
interactions, and the continuous sense of participation brought
about by the setting’s constant engagement all combine to make
live streaming shopping an addicting experience for consumers
(Sun et al, 2019). These factors all work to make consumers
feel a more direct and specific social connection, thereby
encouraging them to behave in line with group expectations and
guiding the emergence of consumer conformity.

The informational social influence of consumer conformity
on the live streaming room is mainly reflected by the fact that
consumers often purchase products based on the professional
knowledge and product evaluation of others. In online shopping,
the nature of the virtual marketplace prevenis consumers from
assessing the quality of a business or a product through face-
to-face observation, and they cannot perceive the quality of a
business or a product through personal experience (Smink et al.,
2014). The information asymmetry between the two sides makes
it difficult for consumers to fully understand the product, thus
resulting in extreme uncertainty. In such cases, consumers are
‘more likely to follow other peoples purchase behaviors, which
«can lead to consumer conformity, When an individual's choice is
consistent with that of the group, the perceived uncertainty and
risk can be reduced. By browsing a shopping website. consumers
«can easily check the historical sales volume and the number
of comments, which are often large enough to reflect useful
infi ion about previous buyers’ behaviors. C often

'3 the lack of face-to-face interaction can lead
customers to doubt the credibility of products, which increases
the perceived risk of enline shopping (5 al., 2019). When
an individual’s choice is consistent with that of the group,
the perceived uncertainty and risk can be reduced. Second,
consumers observe others’ purchasing behaviors to determine
whether the purchase decision is acceptable in society (Bearden
et al., 1989, They usually consider being consistent with others
as the safest and most economical way to buy and show
purchase behavior consistency. Hence, the following hypothesis
is proposed:

H2b: Interactions for grasping the purchase d ics of
others (IFD) have a positive impact on consumer conformity.

IMI may influence consumers' purchasing decisions and
perceived risk by offering exclusive prices, coupons, and gifts.
We propose that IMI affecis consumer conformity in two ways.
First, various coupons and seckilling in the live streaming
room create a welcoming and lively atmosphere that makes it
difficult for cc to resist the of large-scale
group collaborative action, which enhances the tendency of
conformity consumption (Huang et al,, 2012}, Second, perceived
risk will decrease the customers’ purchase intention, whereas
deep discount could lower the customers' perceived risk to try
a new product and thus increase the possibility of conformity
behavior (Zhan; and Yu, 2020). Hence, the following hypothesis

‘make decisions based on such pieces of information ( Lascu ond
Zinkhan, 199,

In live streaming, there are two sources for consumers to
obtain product information: streamers and other wicwers. First,
streamers not only provide product display and demonstration
but alse give consumers purchase guidance and hints to
drive consumers to show conformity behavior consistent
with others' expectations (Park and Feinberg, 2010). Second,
non-business sources of product information, such as peer
communication, have greater credibility and may suppress
. The
ng the

the mistrust of business sources (Boush et al,

wirtual marketplace prevents consumers from per
reliability of product value through personal experience, so
consumers tend to conform to others' purchase belicfs and
decisions because of their lack of knowledge and expertise.
Based on the information presented above, the current research

suggests that interactions in obtaining product information can

is
| H.IZc:” for ok g y incentives (IMI)
have a positive impact on consumer conformity.

The social presence of live streaming may decrease
consumers' doubts about products, thus promoting generation
of conformity. First, the virtual community (e.g., live streaming
room in the current research) satisfies the members' demand for
emotional connections and belongingness as a social network
(Park and Feinberg, 2010}, In the specific environment of a
live streaming room, the LST for consumers to produce the
warm feeling of others’ presence prompts consumers to conform

to the expectations of the group, and consumer conformity is
expanded. Moreover, a sense of belonging in a group hclnps
foster a more cohesive environment (Kim et al, 2004 ). In other
words, the maore a consumer feels to be a part of a group,
the more likely they are to treat the group as trustworthy,
Therelore, consumers tend to trust the expertise of reference
group members and decrease their doubts about products,
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thus promoting generation of conformity. Hence, the following
hypothesis is proposed:

H3: Social presence has a  positive impact on
consumer conformity.

Purchase intention

Purchase intention determines whether consumers are likely
to buy products in live-streaming e-commerce. It results from
a strong agreement on the positive relationship between social
presence and purchase intention, which can improve users'
perceptions of online shopping security and their subsequent
purchase attitude (Shin and Shin, 2011). Similary, Sun et al.
(2019} confirmed that social presence in an online shopping
envi can make cust feel comfortable, and that
such a positive feeling makes it easier for them to finalize
purchase decisions. Moreover, it is easier to form a trustworthy
relationship because social presence can shorten the perceived
social distance between buyers and sellers (Lu oooal. 2Wi6).
Furthermore, Wongkitrungrueng and Assarve (2018) divided
consumer trust in the context of live streaming shopping into
“trust in the seller” and “trust in the product”, and discovered
that trust in the seller and product stemmed from customers'
perceived social presence through live streaming, which led

to their engagement behaviors. Consequently, their purchase
intention will e stronger. Hence, the following hypothesis
is proposed:

Hda: Social presence has a positive impact on
purchase intention.

Conformity can lead to more efficient decision-making
ameng consumers, which is why fostering conformity is a
common marketing strategy used by advertisers to mativate
consumers and encourage their product purchase intention
(Lee and Park, 2008; Wu et al, 2017). In e-commerce,
consumers often lack the knowledge and time to judge the
attributes of a product and are therefore likely to imitate
others instead. When other people’s decisions are observable
and continuous, consumer conformity often appears. In live-
streaming e-commerce, other peoples purchase behaviors are
casily observed by potential buyers. Therefore, consumer
conformity can greatly improve the possibility of consumer
transactions in live-streaming e-commerce. Thus, the following
hypothesis is proposed:

Hib: Consumer conformity has a pesitive impact on
purchase intention.

Experience products and search products
Based on knowledge of product quality, products can be

classified into search products and experience products | Melson,
). A search product is one that consumers can understand

the quality and applicability of before they buy it. In contrast, the
attributes of experience products cannot be obtained indirectly;
instead, they must be evaluated through actual consumption
or experience. Clothes, shoes, and accessories are examples
of experience products, whereas mobile phones, laptops, and
digital cameras are representatives of search products (Bei ctal,
2004; Liu et 2 In this study. the moderating role of
product type is considered in our research model to examine

whether the effects of consumers’ social presence and conformity
on their purchase intention is contingent on experience and
search products.

Scholars usually consider the impact of product type in
understanding whether a new marketing method has an impact
on consumers' cognition and behavier. LSI eliminates time
and space barriers and enables efficient consumer information
acquisition, but an obvious weakness is that consumers cannot
physically inspect, touch, and feel products at the time of
purchase (Moon et al, 2008). Search and experience products
in live streaming have significant differences in the process
of information search and purchase decisions. During live
streaming, consumers can obtain relevant information about the
main attributes of the search product from the streamers without
direct experience, relying less on the subjective evaluation and
purchase decisions of the search product by other viewers.
Besides, buyers of search products are greatly influenced by
financial incentives, such as price concessions {Hsich et al,
2005). Since the attributes of search products are easily
identified online, consumers are most worried abouwt whether
the purchase price is favorable. This is ditferent from the kind
of worrying generated by evaluation of experience products.
Overall, when consumers purchase search products, the impact
of LSI en consumer purchasing decisions seems to be less strong
compared than experience products.

On the other hand, because experience products are
very challenging in terms of quality, price, and product
specifications, consumers tend to rely on social influence before
making a purchase decision [Hsich et al, 2005). According
to Bei ot al {2004, compared with search product buyers,
experience product buyers place greater value on Internet-
based information provided by other consumers and third
parties. In particular, extreme reviews have a greater impact
on experience products than on search products (Ghose and
2010 information cascades {ie, a phenomenon
where consumers select among multiple competing products)
are more prominent for experience products than for search
products (Liu ot al. . LSI provides an effective channel
for experience product buyers to reduce perceived risks, that

Ipeirot

is, refer to the purchase behavior and evaluations of other
purchasers, which then leads to consumer conformity. In
addition, experience product buvers can also reduce the cost
af perceived risks by participating in promotional activities in
the live streaming room, thus promoting consumer cons istency.
Therefore, when consumers purchase experience products, the
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impact of LSI on consumer purchase decisions seems to
be more obvious. Based on the above, the current research
suggests that product type can maoderate the influence of
LSI on social presence and consumer conformity, which then
affects purchase intention. Thus, the following hypotheses
are proposed:

H5a: When consumers purchase experience products
(compared with search products), LSI have a greater impact
on social presence and consumer conformity.

H5b: When consumers purchase experience products
(compared with search products), social presence
and consumer conformity have a greater impact on
purchase intention.

On the basis of the 5-O-R theory, we propose that LSI
(including IPI, IPD, and IMI) can explain the formation of
social presence and o I ity. Meanwhile, social
presence can also influence consumer conformity, and both

social presence and consumer conformity affect consumers'

purchase intentions. Moreover, product type (ie., search and
experience products) moderates the relationships between them.
In addition, we also employ age, gender, income, and education
level as control variables. Finally, the research model is shown in

Methodology

Construct measurement

‘We designed a survey questionnaire and developed a survey
instrument with items on a five-point Likert scale. ranging
from complete disagreement to complete agreement. First, as
mentioned in the introduction, LSI is operationalized as IP1,
IPD, and IMI. Inspired by [l L {20
Wongkitrungrueng and Assarut
who build knowledg Y
measurement items of LSI are presented and adjusted to fit the
context of live-streaming e-commerce. Second, social presence

on the live

in live streaming is operationalized as the degree of interpersonal
relationships felt by consumers, including human warmth and
social communication, and its five-term measure is adapted
from Gefen and Straub (2004), Ye et al. (2020), and Ou et al.
(2014). Third, c [ ity is op lized through
the effects of other consumers watching a live stream on
consumers’ purchase behavior and their desire to be consistent
with others, and its five-term measure is adapted from VW el ol
(2017} and Lee and Park (2003). Fourth, purchase intention

I below. is operationalized as the i ion of c to purchase
Stimulus (5) Organism (0) Response ()
Interactions
in Live Streaming E-commerce
|
|
Hia
\ 4 Purchase Intention
: (L]
Consumer b
Hle Conformity
e ;:u ] €0 .\;:MI Variables: |
Obraiming Monetary d- A  Income,
e Education Levels
(IMIy

HEa Product Tvpe nsy

Experience Produsis I |

Search Froducts

FIGLRE 1
Research madel
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products through live-streaming e-commerce, and its five-term
measure is adapted from Ch
and Park and Lin {2020). The measurement items are shown in
Table 1.

In addition. the moderating variable used in this study
is product type. By investigating consumers latest purchase

et al. (2011), Sun et al. (2019},

experience, this study divided the respondents into two groups,
namely, the experience preduct group and the search product
group. This study referred to the division of experience products
and search products by Fei et al. (2004), Cho (2015), Gupt
et al. (2004), and Liu et al. (2016), and respondents purchasing
experience products (e.g., clothing, shoes hats, foods, cosmetics,
skincare products, toys, and games) were categorized into
the experience product group. Respondents purchasing search
products {eg. household appliances and daily necessities)
were categorized into the search product group. In particular,
respondents selecting others were classified into one of the
above groups by judging the types of specific product they
had purchased. This is used to analyze how the relationships
among interactions, social presence, consumer conformity, and
purchase intention in live-streaming e-commesce change when
purchasing different products.

Data collection

The quest ire was in
Shanghai. China. Shanghai was selected for the following two
reasons. First, it is one of the top ten technologically matured
cities in. China, which ensures a stable and high-speed network
environment for a fluent participation in LS (PwC, 2020).
Second, according to the report of Taobao Live Streaming
Annual Report 2021, Shanghai has the largest number of live
streaming e-commerce users in China (Liu and L1 2021).
Hence, we suggest that consumers in Shanghai can truly reflect
the charm and efficiency of live-streaming e-commerce as a

ik 1 dey stores and coffee shops to
find target respondents whe have a recent shopping experience
through live streaming e-commerce. The respondents were
informed that the purpose of the survey was to explore whether

i d to id

ing tool. We visi

LSl promotes both social presence and consumer conformity
and thereby enhances consumers’ purchase intentions.
Furthermore, participants who completed the questionnaire
are from different industries and different age groups, but
they all have a recent experience in shopping through live
streaming e-commerce, which meets our survey requirements.
Then, this questionnaire includes the respondents” demographic
characteristics and their experience with live streaming e-
commerce, followed by scales of the targeted variables in this
study. All of the respondents were asked to recall their latest
live streaming shopping experiences, the platforms they used,
and the products they purchazed. Based on the type of products
they purchased during their latest live-streaming shopping

experience, all the respondents were divided into two groups,
namely, the experience product group and the search product
group. After completing the questionnaire, the respondents
received Starbucks coupons as rewards for their participation
in this survey. Since the data collection was conducted in
Shanghai and the original items were devised in English, we
adepted the standardized method of back-translation to set up
the guestionnaire for the Chinese context. First, we invited
a1 professional translator to translate our English version of
the questionnaire into Chinese. Thereafter, another translator
was assigned to back-translate the Chinese questionnaire
into English to enhance translation equivalence. We carefully
compared and proofread the two versions of the questionnaire
to ensure no discrepancies between the two versions of the
questionnaire. Finally, we used the Chinese version of the
questionnaire to collect data in Shanghai. A total of 610
questionnaires were distributed, and 592 questionnaires were
collected for a recovery rate of 96%. By scrutinizing all responses,
omitting the same answer for all measurement questions, and
excluding incomplete questi 576 valid resg were
callected, which satisfied the minimum requirements.

Descriptive analysis

In our sample, 92% of the respondents were under 40 years
old, 46.4% of them were male and 53.6% were female. Among
them, 74.7% had a monthly income between 5,000 and 15,000
RMB. The live streaming platforms they often used were Tanbao,
Dowyin, Trall, Kuaishou, Xiaohongshu, and Jingdong. In terms
of sales volume, the top six ¢ products they purchased
trom live streaming e-commerce platforms were clothing, shoes,
hats, daily necessities. foods, cosmetics and skincare products,
home appliances, and toys and games. The details are presented
in Table 2 below.

Non-response bias

Mon-response bias has always been an important issue that
needs to be paid attention to in questionnaire survey research.
In this study, we examine the problem of non-response bias that
may exist during data collection. According to the test procedure
proposed by ton (1977, we judged whether
carly and late respondents had similar characteristics. First, we
divided the 576 respondents evenly by time stamp into early
and late respondent groups. Second, the Chi-Square test was
performed to compare whether there were significant differences
hetween the groups in demographic characteristics. As shown in
Table 3, the results reveal that there is no significant difference
between the groups in terms of age, gender, income, and
educational level. Therefore, we suggest that non-response bias

was not a serious problem for our data.

1 and Over
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TABLE 1 Measurement items.

Construct Measurement items
[on ‘When watching a live stream, the streamer’s interesting explanatioals)
makes it an acdicting experience far them.
#12 When waiching a live siream, the streamer pays stention o adjusting the
ucti
IF13 ‘When watching a live stream, | can leave messages to the streamer.
e When waiching a live siream, the streamer always answers questions

ienmediately.
W hen

Interaction for grasping the purchase dynamics of athers TPDY)

il

ng a live stream, [ can see the number of viewers in the live

o~

=
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TABLE 2 Survey respondent demographics.

Measure Ttems Frequency Percentage
Age Younger than 20 years okd 28 %
20-30 years old 268 465%
30-40 years old P WE%
Older than 40 years old % 80
Gender Male 267 A64%
Female 109 536%
Incame(Per month) Less than 2000RMB a1 7%

20
20

| : Aol

was conducted to evalmm our structural model.
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TABLE 3 Means and chi-square test results for nonresponse bias.

Measure Ttems Number of early Mumber of late Chi-Squared p-value
pond pondents
Age Younger than 20 years ald 15 13 1277 U735
2030 years odd 126 14z
3040 ypears ok L2 14
Cder than 40 years old 24 FH)
Gender Male L34 124 0969 1325
Female 147 162
IncamedPer month) Less than 2,000 RMB s 16 2178 u.578
2,005,000 RMB 2 k4]
5,000 L, 000 RAB 105 s
L3001 15, IR AE. 105 15
Mare than 15,000 RAME per manth. E) k1] 2587 U460
Education level Secondary school or below 1z 15
Jusior college (In process or gradusted) L [H

Hachelor {In process or graduated)

greater than the threshold value of 0.6, As shown in Table 4, all
the indicators meet or exceed the above criteria. Table 5 indicates
the descriptive statistics and corselations of the constructs. The
square root of the AVE for cach latent construct was greater
than any correlation. Thus, all pairs of constructs are fully
discriminant and support discriminant validity.

Normalcy test

To check whether the data are normally distributed, two
normalcy tests were conducted. First of all, the distribution of
all variables, except for control variables, can be examined by the
Skewness and Kurtosis test for normality. Correspondingly, the
Skewness values were between —0.798 and —0.25 and Kurtosis
values were between —1.077 and 0,273, and were both well
within the acceptable threshold of +2, suggesting the data are
normally distributed (Kunnan, 1998). Moreover, the Shapiro-
Wilk tests for each variable were performed, and the results did
not reject the hypothesis of 2 normal distribution (D' Agostioo
and Balanger, ky8l kayston, 1991 ).

Common method bias

Two statistical tests were conducted to assess the potential
threat of common method bias. First, we conducted Harman's
one-factor test using the guidelines of al. ).
The results of loading all ohservable items into one factor
suggest a total variance of 35.2%, which is less than 40% and
suggests that common method bias was overall not a serious
issue in this research | Podsakoedf et al.. 2003; Cui et al., 2019).

Furthermore, Bartleits test of sphericity is 5,209.039 (p < 0.001),
and the Keyser-Meyer-Olkin {KMO) measure of the sampling
adequacy of the correlation matrix for factor analysis is 0.941
(exceeds the standard of 0.8), indicating the dataset is adequate
| Kaiser, 1974). In addition, we also use the full-collinearity test
of Kock (2015) to check for common method bias. The results of
SmartPL5 3.0 show that the pathological variance inflation factor
(VIF) ranged from 1.295 to 2.171, which indicates that common
method bias is not a serious issue in our study.

Structural model

Exploratory factor analysis (EFA), confirmatory factor
analysis (CFA), and SEM analysis are conducted to evaluate the
research models goodness-of-fit indicators. A number of 288
respondents were drawn randomly from the total number of 576
to cenduct the EFA and the remaining 288 cases were retained
for the CFA. First, in order to confirm the reliability and validity
of the measurement of LS, this study conducts EFA and CFA.
The results of the EFA show that the identified appropriatencss
of LSI measurement has been verified by KMO and Bartlett’s
test,its 15 items loaded clearly across the three LSI factors, and
the total variance explained by all the constructs is above 60%,
which confirms discriminant validity (Chin, 1998 Hair et alg
2006). Moreover, the results of the CFA also indicate that the
madel fit for LSI measurement is within the cllt-Dﬂransg{Iz =
11635kdf = 87, p < 0.001, GFT = 0951, AGFI = 0.933, NFI =
0,947, IF1 = 0.986, TL1 = 0.983, CFI = 0.986, and RMSEA =
0.034), and standardized factor loadings vary between 0.71 and
0.86, suggesting good convergence of the construct.
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FIGURE &
Results of the st

er, Table & indicates that the overall fit of the model
acceptable range (¥° = 951761, df = 548, p =
0,913, AGFI = 0.9, NFI = 0.907, IFI = 0958,

ingly,

The SEM results show that all the path coefficients a
statistically significant, except for that of H2c (shown in Tab
IP1 {path coefficient = 0,352, p = (.001), IPD {path
= Q.31

0.001); 2
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coefficient =0.341, p = 0.001) and IPD (path coefficient = 0.353,
p < 0.001} both have a significant pos
conformity (CC), thus supporting H2a and H2b, respectively.
Furthermore, social presence (SP) has a significant positive effect

effect on consumer

on consumer conformity (CC, path coefficient = 0.295, p <
0.001), thus supperting H3. Finally, purchase intention (PI) is
significantly positively influenced by social presence (SF, path
coefficient = 0.359, p < 0.001) and consumer conformity (CC,
path coefficient = 0444, p < 0.001), thereby supporting Hia and
Hab, respectively.

The moderating effect of product type

To examine the moderating effect of product type, a
multigroup SEM analysis was performed. The purpose of the
analysis is to evaluate the fitness of a preset model among
different groups, ie., to evaluate whether the structural models
are equivalent among different groups or have parameter
invariance (Byrne, 2010). The principle of multigroup SEM
analysis is to divide the original single covariant stracture into
several parallel covariant structures, after which the equivalence
of the covariant structures is evaluated. In the current research,
product type is used as the moderating variable for the
muiltigroup analysis, for which an unconstrained model (without
any model p li ) and a d model (with
limited structure coefficient equals) should be established.

Respondents purchasing experience products such as
clothing, shoes, hats, foods, cosmetics and skincare products,
toys and games, and jewelry and accessories were classified
under the experience product group. Respondents purchasing
search products such as daily necessities, home appliances, and
books and stationeries were classified under the search product
group. Of the 576 respondents, 360 purchased experience
products (62.5%) and 216 bought search products (37.5%)
in their latest live stream shopping experience. We tried to
determine whether there was a significant dificrence in the path
hetween the experience product and search product groups.
In comparing the constrained model with the unconstrained
model, if the »* difference test reaches a significant level, it
indicates that the medels are not equal and that there are
significant differences between the two product groups. As
shown in Tahle 5, the fitting indexes of the constrained model
and unconstrained model reach the ideal value, indicating that

the two models are acceptable. The x* difference between
the unconstrained and constrained models is significant (A
= 102489, p < 0.001), indicating a significant difference
between the two groups in relation to the moderating role of
product type.

As shown in Tabie ¥, multigroup SEM was performed to
compare the hypothesized relationships between the experience
product and search product groups. The influence of IPI on
social presence {SP) is different between the two groups (1 =

—2.325, p = 0.05); the path coefficient is 0.492 (p = 0.001)
in the experience product group and 0.158 (p < 0.05) in the
search product group, indicating that the influence is more
significant in the former than in the latter. The influence of IPD
on social presence (SP) is different between the two groups (t
= —2.122, p < 0.05); the path coefficient is 0.484 (p = 0.001)
in the experience product group and 0.146 (p = 0.05) in the
search product group, indicating that the influence is more
significant in the former than in the latter. The influence of
IPI on consumer conformity {CC) is different between the two
groups (t = —2.099, p < 0.05). Here, the path coefficient is 0461
(p = 0001} in the experience product group and 0238 (p =
0.01) in the search product group, indicating that the influence
is more significant in the former than in the latter. The influence
of IPD on consumer confermity (CC) is different between the
twio groups (t = —2.441, p = 0.05); the path coefficient is 0.478
(p = 0.001} in the experience product group and 0.179 {p =
0.05) in the search product group, revealing that the influence
is more significant in the former than in the latter. However, the
influence of IMI on social presence (SP) is different between the
twio groups (t = 5.129, p < 0.001). Here, the path coefficient is
0.144 (p = 0.01) in the experience product group and 0.553 (p =
0.001) in the search product group. indicating that the influence
is more significant in the latter than in the former. Meanwhile,
the effect of IMI on cansumer conformity (CC) is significant in
neither group. On the basis of the discussion presented above,
H5a is partially established.

Table 9 indicates that H5b is established. The influence of
social presence (SP) on purchase intention (PI) is different
between the two groups (t = —2.616 p = 0.01); the path
coefficient is 0.523 (p < 0.001) in the experience product group
and 0.201 {p = 0.05) in the search product group, indicating that
the influence of the former is more significant than that of the
latter. The influence of consumer conformity (CC) on purchase
intention (P'l) is different between the two groups (t = — 1983, p
= 0.05). Here, the path coefiicient is 0.482 (p < 0.001) in the
cxpericnce product group and 0,187 (p < 0.05) in the search
praduct group, indicating that the influence of the former is
stronger than that of the latter. On the basis of the discussion
presented above, H5b is supported.

Discussion
Findings

The interactions that occur in live streaming e-commerce
platforms overcome the disadvantages of traditional e-
commerce and provide consumers with an interesting shopping
cupericnce. This research analyzes the relationships between
LSI, social presence, consumer conformity, and purchase
intention. The moderating role of product type in these
relationships is also explored.
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TABLE@ Differences between the unconstrained and constrained models.

df s At SRMR  HRMSEA GFI NEFI IF1 TLI CFI

Suggested =3 =08 ] BT =08 =050 =080 S

Unconstrained Model i) 7HA 1284 102485 0033 nazz 80z (L806 057 L E L47H

Comstrained Model 1z a5 1308 nos 26 [EEE) 147 09 0965 [T
TABLES Results of the multigroup structural equation modeling.

Hypothesis Causal path Experience product group Search product group Critical ratio Results

Path coefficient P Path coefficient P T P

Hsa 1®1 s o481 e - n1ss 233 Supported

1D s o484 -t = 0148 - iz Supparted

J S o144 C < 0553 s 5128 Rejecicd

1Bl oc o4l -t = 1% t ~ 20 + Supparted

B oc 0474 ' = 01T - ~zad1 Supparted

i oc 0005 0551 ! gzt DH22  —0U7E DS Rejected

Hib 5P - M 0523 o > 0201 : ~2508 = Supparted

oc - 5l SR -t = o187 o 1983 + Supparted

Sgpificance evele *p = Q001 **p - 101 %p = 005 1FY, imtersction foe d IFD, o grasping puschase dy i ol uihers; I, esuctios foe

ablasning menctary ineeatives; SF, wcil presence; CC. aoasurscr confrmity; Pl purchise issesrian.

Several findings can be derived from the empirical results.
First, the validity of the three-purpose classification of LSI was
revealed. Interactions are regarded as the major characteristic
of live-streaming e-commerce and explain live-streaming e-
commerces success, [P, IPD, and IMI are the three classes of
interactions examined in this research. The results show that
IPI and IPD can exert a direct impact on social presence and
consumer conformity in the live streaming e-commerce context,
which is consistent with previous research {Jiang et al., 2019},
This finding can be attributed to interactions being able to not
only answer consumers’ doubts about products but also increase
the familiarity, intimacy, and warmth among them. The creation
of positive emotions gives consumers the sense that they are
part of a group and truly interacting with others, thus enabling
offline shopping to evoke a pleasant experience {T:70000 o0 al,
2017 Wang et al, 2019): Through LSI, consumers are no longer
isolated, and peoples behaviors tend to influence others who,
in striving to stay in step with the herd, create conformity. The
findings reveal that IMI has a positive impact on social presence
but that it has no impact on consumer conformity. In line with

Ehang et al (2014], this implies that the formation of consumer

conformityin live streaming comes mainly from the information
and emotional values engendered by interactions and not from
mMonetary incentives.

Second. our model proves an effective integration of
social presence. consumer conformity, and purchase intention.
The findings suggesi that social presence positively influences
consumer conformity, and that, in turn, social presence and

consumer conformity enhance purchase intention, which was
confirmed in a previous study (Li, 20.9). This is because in
live streaming, although consumers cannot physically handle the
products, frequent intcractions and communication can create
an almost face-to-face feeling, which can dispel consumers'
doubts and convince them to make purchase decisions.

Third, the multigroup analysis indicates that product type
can moderate the above relationships because of the different
attributes of experience and search products. Concerning the
cxperience product group, IPI and IPD have a more significant
impact on social presence, consumer conformity, and purchase
intention. In comparison, for the search product group, the IMI
in the search product group has a more significant effect on
social presence. This may be caused by potential factors, such as
praduct price. IMI &5 often accompanied by price concessions.
For search products, buyers are greatly influenced by financial
incentives, and lower preduct prices stimulate consumers' sense
of social presence (Hsich et al, 2005},

In view of these differences, live streaming marketing
can be seen as more suitable for selling experience products
because it simultaneously merges the opinions of streamers
and consumers, which undoubtedly reduces the difficulty of
assessing an_experience product purchase. Thus, consumers
wha purchase experience praducts also expect more from live
strearning. When it comes to search products, the channel
trom which to obtain information is relatively simple: therefore,
incentive policies and measures to promote the sales of these
products are particularly important in live streaming. This is
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a mew perspective for marketers who need to consider what
products are more suitable for live-streaming marketing and
find more efficient ways to promote live-streaming e-commerce.
These findings enable us to observe and predict more accurately
the consumer decision-making process in live-streaming e-
commerce in place to achieve a fruitful marketing outcome.

Implications

As one of the latest marketing modes, live streaming
e-commerces business value surpasses that of traditional
e-commerce by greatly improving shepping experience.
This study created a model through which we can utilize
interactions in live streaming e-commerce platforms to increase
social presence and consumer conformity, which in turn,
enhances consumers' purchase intention. By investigating
the relationships among LSI, social presence, consumer
conformity, and purchase intention, the current study aims
to fill & gap and contribute to the e-commerce literature in
four ways.

The first critical contribution of this study is that it
extended and enriched recent efforts in the literature to
understand interactions in live streaming e-commerce. The
existing literature on live streaming interaction has often
focused on person interactivity and machine interactivity.
However, with the integration of live streaming e-commerce,
a richer consumer experience has been created, and LSI
can no longer be simply divided by participants. Compared
to past studies on interactions in this context, which are
mostly classified according to the object of interactions (Sun
et al, 204, this study developed a new measurement for
LSl based on a CMC interaction model and consumers
mativation to participate in live streaming, and proposed three
dimensions: IPL, IPD), and ML In particular, we employed
IMI as a dimension of menetary incentive interactions and
verified its vole in increasing social presence. This study
is consistent with Garnefeld et al (20121 who proposed
that monetary incentives can enhance community member's
intention to participate. In view of the effectiveness of this
interaction framework, we recommend that live streaming
platforms should concentrate on increasing interactivity of
live streaming e-commerce. By developing interactive teols,
censumers could enjoy more shopping experiences and
emotional value.

The second contribution is that this study advances
the understanding of consumers' purchase intention in
the context of live streaming. In previous studies, scholars
have attemnpted to reveal factors influencing consumers'
purchase intention from different aspects, such as online
streamers (Tiang et al., 2020), virtual gifts (Guan et al., 2023,
and produet-content fit (Park aod Lin 1). Moreover,
technology features (ie., interactions, visibility affordance,

meta voicing affordance, and guidance shopping affordance)
have been considered as a factor in consumers’ purchase
intentions through live-streaming e-commerce (Sun et al,
2019). However, the studies did not focus on the effects
of live streaming interactions on consumers’ purchase
intention. This study demonstrates that LSI in e-commerce
platforms can  positively  influence consumers' purchase
intention through social presence and consumer conformity.
Therefore, marketers who are yet to adopt live streaming
marketing should consider doing so in order to improve
their sales performances. Meanwhile, marketers who are
already doing live broadcast marketing should consider
hew they can improve LSI For example, by comprehensive
mobilization of audiovisual teols, the interactive effect on
live streaming can be heightened to improve the speed of
providing responses to consumers’ questions and to improve
their live shopping experiences. Moreover, streamers must
have a complete understanding of the products they are
promoting to facilitate  better product  presentation and
liminate consumers’ uncertainti

The third contribution of this study is that we apply
and integrate the two theories of social presence and

consumer with an of consumers’
purchase intention in the live streaming e-commerce
context. First, the social presence theory has been widely
applied in online consumption research (Botha and
Reyneke, 2016; Fang et al, 201b; Jiang et al, 2019), but
only a few studies have been conducted on live streaming
interactions. Second. although the theory of consumer
C ity has been previously applied in e-commerce
research, it has not been applied in live streaming e-commerce
research. Therefore, this study expands the application of
the previously mentioned two theories in live-streaming
c-commerce. It also confirms the positive influence of
social presence on  consumer conformity and explains
the potential incentives for consumers’ purchases in live-
streaming e-commerce. These results indicate that the goeals
of improving social presence and enhancing consumer

conformity must be considered in live-streaming e-commerce
development strategies.

The fourth contribution of this study is that it pays
more attention to product factors, which have been ignored
in previows studies. Many past studies have only focused
on consumer behaviors in live streaming e-commerce from
the consumer’s perspective; however, in real-world business
environments, consumer hehaviors are inevitably affected by
product factors. Therefore, this study introduces product type
as a moderating varisble and confirms the differences in
the path coefficients of different product types by empirical
research. Consumers who seek experience products require
more interactions with strcamers and other consumers to obtain
sufficient information; thus, social presence and consumer
conformity are more significant in purchasing these products.

173



In comparison, consumers looking for search products tend
to put more emphasis on price, which can mere significantly
affect social presence. Marketers should thus consider a product’s
attributes when determining their live streaming marketing
strategies and create different live-streaming marketing plans
depending on product type. For experience products, first,
streamers probably require extra efforts to help consumers
conduct a detailed and compreh p

products, and provide more attribute-based and experience-
based product information in live streaming to improve
consumers' perceived usefulness. Second, the key attributes of

review of

experience products are subjective. Streamers should encourage
consumers to post real personal experience through real-
time interaction on the live streaming platform, so as to
reduce consumers’ uncertainty. Third, by increasing interaction
methods to create a good interactive atmosphere, consumers
can improve their sense of social presence and promote
their purchase decision. On the other hand, providing maore
attribute-based product information, increasing preferential
product pricing, and offering group purchase pricing are
more effective strategies in guiding the purchase of a
search product.

Limitations and future research directions

The limitations of this study and future directions
for research can be addressed as follows. First, this study
suggests that while ISI increases social presence and
consumer conformity, other factors should also be considered
in future studies, such as consumers’ gender, shopping
frequency, and shopping motivations. Second, the level of
development of e-commerce and cultural background may
vary from region to region, and this study was conducted
in Shanghai, China. Thus, the results of this study may not
be generalizable to regions that differ greatly from Shanghai.
In future studies, regional factors should be taken into
consideration for collection of mere accurate data for analysis
and comparison.
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