10:36:41 tahun Rp3.000.000
41/ (2) 53/ ;02206 Ya Ya Perempuan 1;};112112 Pelajar/Mahasiswa | < Rp1.000.000
41/ %51/ ‘2‘:01266 Ya Ya Perempuan lt;;u2n2 Pelajar/Mahasiswa | <Rp1.000.000
41/ %51/ 590226 Ya Ya Perempuan ! t7a I;uiz Pelajar/Mahasiswa [ <Rp1.000.000
41/ %51/ ;?2256 Ya Ya Perempuan l;guiz Pelajar/Mahasiswa [ <Rp1.000.000
41/ g ;52%:03236 Ya Ya Perempuan l;guiz Pelajar/Mahasiswa 1}{)1)130(? (? 00(? é) 0_
41/ g 53/ ;?4246 Ya Ya Perempuan ! ; guiz Pelajar/Mahasiswa 1}{);50(? (? 00(? 01 0_
41/ g 55/ 2:02226 Ya Ya Perempuan 1;1;1312 Pelajar/Mahasiswa %;30: (? OO(? (? 0_
41/ 252/505276 Ya Ya Perempuan 2,[2};1;0 Pelajar/Mahasiswa E{g? :88(?8(1) (;
41/ é 53/ §?4246 Ya Ya Perempuan %[zﬂfno Pegawai Negeri %g? :gg(?g(l) (;
41/ é 3(2):03216 Ya Ya Perempuan %[zﬁfno Pelajar/Mahasiswa %5350: (? 005) 01 0_
41/ é 55/ ;?1246 Ya Ya Perempuan 2,[2};;0 Pelajar/Mahasiswa %;305) (? OO(? (? 0_
41/ é 53/ 290226 Ya Ya Perempuan ltzl};uznz Pelajar/Mahasiswa %{);50(? (? OO(? 01 0-
41/ 555/ (2)?2216 Ya Ya Perempuan ltZ};uznz Pelajar/Mahasiswa | < Rp1.000.000
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41/ ;;5(;%:%96 Ya Ya Perempuan 2,[:;};1;0 Karyawan Swasta %g ?(?88(?8(1) (;
41/ 350/503296 Ya Ya Perempuan 2;};1:;0 Pelajar/Mahasiswa 1}5350(? (? OO(? 01 0_
41/ S 51/ (2)?1246 Ya Ya Perempuan 1;};112112 Pelajar/Mahasiswa [ < Rp1.000.000
41/ 551/ 294236 Ya Ya Perempuan 2;};113110 Karyawan Swasta 1}{);50(? (? 00(? 01 0_
41/ 5?2/‘2‘?0206 Ya Ya Perempuan 2,[21;11?;0 Karyawan Swasta IE);SO(? (? OO(? 01 O-
41/ g 53/ 2?2286 Ya Ya Laki-Laki 2,&311;1110 Pelajar/Mahasiswa %{);30(? (? OO(? é) O-
41/ g ;54(2)?1266 Ya Ya Perempuan ltZﬂ;uznz Pelajar/Mahasiswa %{);30(;) (;) 005) (? 0_
42% ;50/5:00256 Ya Ya Perempuan ltZ&;uznz Pelajar/Mahasiswa I;I);SO(? (? OO(? 01 0_
42% ;54{3:05286 Ya Ya Perempuan 1;};1;2 Pelajar/Mahasiswa %;30(? (? OO(? (? 0_
462%284216 Ya Ya Perempuan 2;};1;0 Pelajar/Mahasiswa %;30(? (? OO(? (? 0_
4/12 %22(2)6 Ya Ya Perempuan ltZ};uznz Pelajar/Mahasiswa EE);SO(? (? OO(? 01 0_
41/ (2) :64{594286 Ya Ya Laki-Laki ltZﬂ;uznz Pelajar/Mahasiswa Ré);?)og (()) 00(()) (()) 07
41/ ; :66390236 Ya Ya Perempuan ltZﬂ;uznz Pelajar/Mahasiswa IE);SOOO 00 OO(? 01 0_
4/26/2026 Ya Ya Perempuan| 17 - 22 | Pelajar/Mahasiswa | <Rp1.000.000
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14:04:31 tahun

41/ g 61/ %:01286 Ya Ya Perempuan ltz71};u2nz Pelajar/Mahasiswa }}{)1)130(? (? 005) é) 0-
41/ g 61/ %:03246 Ya Ya Perempuan lt;;u2n2 Pelajar/Mahasiswa }}{)1)130(? (? 005) é) 0-
41/ éfééf?; Ya Ya LA ARIN ;. ﬂuiz Pelajar/Mahasiswa | < Rp1.000.000
41/ 2?2/§92226 Ya Ya Perempuan 1;};112112 Pegawai Negeri 1}{);50(? (? 00(? 01 0_
pon N R
42/361/ ;?0276 Ya Ya Perempuan 1;};112112 Pelajar/Mahasiswa | > Rp10.000.000
A e 20] L | o
42/5:65/%:05276 Ya Ya Laki-Laki 1;};1125 Pelajar/Mahasiswa %;308800880_
42/;65/%:05286 Ya Ya Perempuan ! t7a Izuiz Pegawai Negeri %g?:ggé)g(l)(;
42/;65/2:04266 Ya Ya Perempuan lt;;uznz Pelajar/Mahasiswa | <Rp1.000.000
462(7)/22(2)36 Ya Ya Perempuan 1,;};;2 Pelajar/Mahasiswa %g?(?gg(?g(l)(;
4/12?72%6 Ya Ya Perempuan ltzl};uznz Pelajar/Mahasiswa %{31)130(? (? OO(? (? 0-
41/ (2):7(%?4236 Ya Ya Perempuan ! t7a }:uiz Pelajar/Mahasiswa ?31)130(? (? OO(? (? 0-

126




41/ ;72/(2)03296 Ya Ya Perempuan ltZﬂ;uznz Pelajar/Mahasiswa %g ? (;)88(?8(1) (;
41/ ; :72/291216 Ya Ya Perempuan lt;;uznz Pelajar/Mahasiswa 1}5350(? (? OO(? 01 0_
41/ g 7(; %?0266 Ya Ya Perempuan l;guiz Pelajar/Mahasiswa [ < Rp1.000.000
41/ g 71/ ;?0236 Ya Ya Perempuan 2;};113110 Pelajar/Mahasiswa 1}{)1)130(? (? 00(? é) 0_
41/ §72/i()5296 Ya Ya Perempuan ) 2{[Zh-un Pelajar/Mahasiswa [ <Rp1.000.000
41/ §72/§?0236 Ya Ya Perempuan ‘ia7h;1r21 Pelajar/Mahasiswa | < Rp1.000.000
41/ 5:722?2286 Ya Ya Laki-Laki 2;;&? Karyawan Swasta E{g ? (;)gg(?g(l) (;
41/ §73/ 2:05216 Ya Ya Perempuan 2‘[331}_131? Karyawan Swasta I}ig?(?gg(?(())(l) (;
41/ g 74;?1246 Ya Ya Perempuan 1;};1;2 Pelajar/Mahasiswa %;30(? (? OO(? (? 0_
41/ 271/ ;05206 Ya Ya Perempuan ! ; }:uiz Pelajar/Mahasiswa | <Rp1.000.000
41/ é 70/ 5:01286 Ya Ya Perempuan ltZ};uznz Pelajar/Mahasiswa %;30(? (? OO(? (? 0_
41/ é 75/ ;?2216 Ya Ya Perempuan 2;1;110 Karyawan Swasta | > Rp10.000.000
41/ ; 7@?2216 Ya Ya Perempuan ltZﬂ;uznz Pelajar/Mahasiswa 1}5313000 00 OO(? é) 0_
4/27/2026 Ya Ya Laki-Laki | 17 — 22| Pelajar/Mahasiswa| < Rp1.000.000
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Discriminant Validity

Discriminant Validity

.j Fornell-Larcker Criterion

| R
i Heterotrait-Monotrait Ratio (HTMT) | 0Py to Clipboard:  Eycel Format

[Z] Cross Loadings | [Z] Heterotrait-Monotrait Ratio (HTMT) R Format
|
Harga Disk... Interaksi Kepercayaan Miat Pembe.. Profesionali..
Harga Disk... 0.784
Interaksi 0.562 0.750
Kepercayaan 0.655 0.693 0774
Niat Pembel... 0.693 0.660 0.734 0.754
Profesionali... 0.630 0.562 0.654 0.681 0.793
Discriminant Validity
|=] Fornell-Larcker Criterion |[=] Crossloadings ||| Heterotrait-Monotrait Ratio (HTMT) |iii Heterotrait-Monotrait Ratio (HTMT) Copy to Clipboard:  Excel Format R Format

Harga Disk..
Harga Disk...
Interaksi 0.675
Kepercayaan 0.776
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Construct Realibility dan Validity

Construct Reliability and Validity

Copy to Clipboard:  Excel Format = R Format

[=] Matrix |i{% Cronbach's Alpha |i{% rho_A |i% Composite Reliability | 3% Average Variance Extracted (AVE)
Cronbach’s ... rho_A Composite .. Average Va...

Harga Disk... 0.844 0.847 0.889 0.615

Interaksi 0.805 0.806 0.865 0.563

Kepercayaan 0.832 0.833 0.882 0.599

Niat Pembel... 0.810 0.810 0.868 0.568

Profesionali... 0.852 0.852 0.894 0.629

R-Square

R Square

[=] Matrix |5 RSquare | RSquare Adjusted Copy to Clipboard:  gxcel Format R Format

R Square R Sguare A...
Kepercayaan 0621 0616
Niat Pembel... 0.667 0.661
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F-Square

f Square
5] Matrix |t fSquare Copy to Clipboard:  Excel Format R Format
Harga Disk... Interaksi Kepercayaan MNiat Pembe.. Profesionali..
Harga Disk... 0102 0.097
Interaksi 0.253 0.054
Kepercayaan 0.093
Miat Pembel...
Profesionali... 0.099 0.075
Uji Hipotesis
Path Coefficients
=] Mean, STDEV, T-Values, P-Values |[] Confidence Intervals | || Confidence Intervals Bias Corrected |[] Samples Copy to Clipboard:  gxcel Format R Format
L @ W S — __. ] _ail
Original Sa... Sample Me.. Standard D... T Statistics (... P Values
Harga Disk... 0.267 0.264 0072 3.719 0.000
Harga Disk... 0.256 0.249 0.080 3214 0.001
Interaksi -> ... 0.395 0.398 0.071 5.593 0.000
Interaksi -> ... 0.191 0.188 0.075 2.545 0.011
Kepercayaa... 0.286 0.288 0.075 3.824 0.000
Profesionali... 0.264 0.263 0.067 3.940 0.000
Profesionali... 0.225 0.233 0.077 2.946 0.003
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Total Effects

Harga Disk...
Harga Disk...
Interaksi - ...
Interaksi -> ...
Kepercayaa...
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| give discounts, | share information, |
interact with viewers: a predictive analysis
on factors enhancing college students'
purchase intention in a live-streaming

shopping environment

Yingyu Zhong, Yingying Zhang, Meng Luo, Jiayue Wei, Shiyang Liao, Kim-Lim Tan and

Steffi Sze-Nee Yap

Abstract
Purpose — Grouning the research in the simulls-arganism-resource (S-0-A) framework, this st
aims 10 aadress the af explaining and gy " benween price discauns
Interactivity and professionallsm on collage students' purchasing iniention in live-streaming shopaig. Jt
150 at ftresst piays in the effect of
Designimethodologylapproach — This sy colected dals wsing 2 quesionnaie profocol sdapted
and refined from Ihe onginal scales in existing studies. The partal least sQUANSS SiuETral SQUANDR
modeling was used 10 analyze dala colecled from 258 colege students in Chins. Other Ihan assessing
the path modl's explanarory powe, This sludy EXaMined e Moael's praciclive power towsrd predicing
newcases using PLS predic!,
Findings — Resulls indicated that sl three predictors have a posithe significant relslionship wit frusl
vetite oty o a significant with purchase infenifon. Simulanecusly,
the mecation results provide support i the 5-0-R framework demonstrating that exiemal faciors.
and canarouse which in returr, generate

3 behavioral oulcome (purchase infertion).
Originalityivalue — This study is the fist few studies that focus on callege students’ behanovs!
respenses in an onine Shopping envicanment. Af the same ime, this is the first study supplament the
explanatory perspective with & precictive focus, which s of perteular importance in making scund

Keywords Frice discounts, Professionsism, Inferaction, College students, Ohina, PLS-SEM,
Bargaining power
Paper type Rosaarch paper

Introduction

The rapid development of innavation and new product selling mediums have changed how
consumears receive their products and services. The traditional media of tekevision,
newspaper, radio, billboards and leallets have lad 1o more contemporary internet and social
media methods. A primary reason for the shift is the changing consumers, especially young
consumars’ expectations. A report by McKinsey (2021) highlighted that milleannials warted
more than just a recipient af informatian. As cansumers, millenrials want to participats and
co-create the shopping i that driva thair and pi ing intention
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{McKinsey, 2021). This trend makes a recent purchasing behavior ever more popular - Live-
streaming shopping.

Baing described as the next big thing. live-streaming shopping is one of the hoiest trends
to emerge from a pandemic-scarred 2020, as refailers and brands embrace this virtual
‘approach o engaging consumers. espacially young consumers (Lee and Chen, 2021 Gua
el al, 2021). Live-streaming shopping premotes and sells products through live-streamers’
owin sacial media channels, most often housed in China's online shopping malls. It is like
Home Shopping Metwork but with charismatic, trendy anchors. Grearwald (2020)
described | il ing ='ouping as par i part variaty show. Therefore, a key
fature of [vé-streaming shopping lies in the secial aspec!, hat is, the real-time interaction
with the Ive-streamars and the peers (Clement Adda ef al. 2021). Consumers can post
realime guestions and comments visible to the live-streamers and all other consumars
[Lae and Cnan, 2021]. Other than responding 1o the questians promptly, the ive-streamers
valug-add to the snopping experience by prasenting the products, demanstrating their
usage and even suggesting ways on how consumars can mix and maich the different
products (Graerwaid, 2020). Live-streamers incorparate gamification, such as lucky draws,
llash sales, quizzes with manelary rewards and even inviting celebrity guests o offer an all-
around shopping experience (Luo et al, 2020). For consumers, purchasing the produict
‘while interacting with live-streamers and other consumers offers utilifarian and hedonic
shopping experience. Giver ils unique propesitions, il is nal surprising thal the live-
streaming boom in China is sel to thive in other parts of the world, including Europe
(Greamwald, 2020},

MeKinsey (2021) revealed that approximately 300 milion Tashao users walched
live stréams during the 11.11 sales period from 1 Movember, 2020 to 11 November, 2020,
The same report also highlighted that 33 live-streaming channels achieved over a salés
revenue of 100m RME (McKinsey, 2021). Greerwald (2020} estimated that live-streaming
shopping is worth USS60bn arnually, with a compound annual growth rate of 7.7% frem
2020 1o 2024. Among these, there is a visibla shilt in intermet advertising toward mobile
devices. It is estimated that the proportion of mobile internet adveriising will increase 1o.65%
by 2024, with lue-sireaming shopping advertising becoming the new driving force
(MeRinsey, 2021). The potential of live-sireaming e-commence allacied many businesses.
Many bisinesses are beginning 1o engags consumers using this new medium 16 gain
‘compeiifivenass in this canstantly changing landecapa

Despile its promising growth, live-sireaming shopping has nt received as much research
attertion as it should (Sun et ai., 2019). Only some studies Rave investigated how customer
purchase intentian is influenced by live-streaming shopping (Yu et al., 2018; Les and Chen,
2021). Additionally, the underlying construct linking the predictors to lve-sireaming
shopping envirnment cutcomes is unclear (Sun et al, 2019). As such, this study offers an
exciting Gpportunity to address these gaps. Specifically. its contributions and noveltes can
be seen from four perspectives.

First, many existing works suggast that the live-streamers’ charm is the sole determining
factor in influencing purchass infention. For instance, Clement Addo st af (2021) examined
haw the number af likes and exposure time drives consumers’ engagement and purchase
intention. In the same vein, Sun et al (2019) studied how the perspective of aflordance lens
of visibility, meta vaicing and guidance in shopping keads to purchase intention, From thase
‘works, it seams that many authors have yet 1o consider a vital aspect of a live-streamer — the
ability {0 provide price discounts. Top live-sireamers have thelr shows and appear each
night for @ h at a stretch (McKinsey, 2021). On average, live-slreamers would showcase
approximately 12 products per hour, making it a tolal of 48 products per night (Greenwald,
2020). Far top Ive-streamers, these products can sell out in seconds. For instance, Austin
Li, a top live-streamer in China, aftracted mare than 40 million viewers and raised more than
USS145m in sales an Singles’ Day just by selling lipsticks {Huang, 2020). Given the
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popularity of top live-streamers, it makes business sense for manufacturers pitching their
products o the live-streamers. Part of it would be negaliating to get the lowest prices
possible (Greemvald, 2020). Therefore, this study extends the bady of knowledge by
inchuding live-streamers ability to provide price discounts as a predictor of purchasing
intentian - a construct that earlier studies did not cansider

Sacond, many studies, such as Wongkitrungnseng and Assarut (2020), often assume similar
dala characteristics across their population group. Often, these assumplions are unrealistc
(Hair et al, 2018). Individuals are diferert because of their genes, the way they ara brought
up and haw they are aflected by their ervironment. Naturally, such differences mean their
expeclations on products and services are different as well. Therelore, conducting a study
without spacifying a context would threaten the valicity of tha results, producing an
incomplete picture of the medel relationships and generaling miskeading conclusions (Hair
et al, 2017). For instance, Hu and Chaudhry (2020) studied 327 respondents of Tasbao Live
from different age groups and educational qualifications. Similarly, Wengkitrungrueng and
Assarul (2020) developed their cutcomes and based on 251 respar
without further distinction. These studies highlighted a standard limitation on the necessity
for fulure researchers to be more focused to understand an haw specific population groups’
purchasing behaviors. As such, by being the lirst few empinical studies focusing on China's
college students in live-streaming shapping, we provide insights that complement existing
studies of Clement Addo et a1, (2021), Luo ef al, (2020) and Lim et af (2020) by elucidating
tha avalving behaviars and habits of this younger consumar group.

Third, trust has been widely studied in the anline business environment. However, existing
studies. such as Leong e af (2020) and Wang ef &l (2019) focus primarity on how
functional specifications of online transactions, such as privacy, perceived ussluiness,
perceived ease of use and perceived mobility influence consumers’ trust in technology.
Hawever, live-slreaming shopping is more than these. As shared earlier, lve-streaming
shopping offers a utiitarian and hedonic shopping experience 1o th consumers. Zhao ef al
(20718) further explained that live streaming shopping i a form of human-computer
interaction that has seen a meleoric rise over the past lew years. Buiding on this, i is
essential to incorporate consumers’ percaplions and tha feature of ive-streaming shopping
together 1o examin haw these transiate 1o trust and eventually purchase intenticn — the
most eritical perlormance measura of a live-streamer's sacial media presance

Finally, we differentiate from earlier works by performing predictive analysis, Accarding 1o
Shmueli (2011), many researchers have generally emphasized explanalory more than
prediction madeling. In other words, the focus is mainly on assessing whether model
coefficients are significant and in the hypothesized direction rather than an testing whether a
model can predict new cases. After all, the purpose of managerial implications is o provide
certainty inlo the future and make it relevant for practitioners. Theretore, withaut an additanal
assessment, implications made in different papers relaled lo live-streaming shopping
(Lea and Chen, 2021; Clement Addo ef al, 2021; Sun ef al, 2020; Luo ef al, 2020;
Wongkitrungrueng and Assarut, 2020; Hu and Chaudhry, 2020; Harn and Lee, 2020; Xu and
Ya, 2020) are questionable, as we are unsure if the modal estimates will produca similar
resLits in terms of the oulcome variables across time, samples and cantext. In sum, we
argue that assessing a statistical model's predictive power i equally imporlant ta identify the
lielihaod of huture oulcomes based on hislarical data, The goal is to go beyond knowing
wihal has happened 1o provide the best assessment of what wil happen in the fulure

Literature review
Theoretical framewark

The stimuli-organism-response (S-0-R) framawork has been the dominant theary to explain
how environmental psychology influences ane's behavioral response. The central theme of
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the S-0-R framework stipulates how different stimuli (3) influence individual intarmal
organisms (D) to derive babavioral responses (R) (Mehrabian and Russell, 1974). This
frarmawork was widely used in studies ralating te online shopping behavior. For instance,
Eroglu et al. (2001) examined haw atmospheric cues of online stores sarved as stimuli o
consumers’ mind states that influenced their oulcomas. Likewise, MeKinnay [(2004)
explainad fhat the motivations for anline shopping result from atmospheric variables that act
as stimuli that influence consumers’ lavel of satisfaction. Al the same time, Peng and Kim
(2014) use the 5-0-R framewoark 1o examine how consumers' reasans for shopping and
webeite stimuli aflact their attitudes toward online shopping. Similarky, Worg = al (2019)
leveraged tha S-0-R framework 1o evaluate the relationship of haw technolagy trust, as the
stimuli influerces trustworthiness and consumer e-loyalty. Following the above, it is naiural
that the current study develops a conceptual model based on the S-0-R framework (see
Figure 1). Consistent with the extant studies, we operationalize professionalism and
interactivity as tha amnvironmental stimuli {S). Both professionalism and interactivity have
been consistently highlighted as critical factors that detarming the success of a live-
streamer. Waongkitrungrueng and Assarut {2020) highlightad that live-streaming adds valus
ta social natwerking sites thrawgh the existenca aof live-streamers. |t allows sallers o reveal
their faces, officeshormes and personalities (i.e, social prezence) and brings the buyer-
sellar interpersonal intaraction and related selling technigues used offline back ta the anling
world. Such live streaming enabled interaction that can enhance the shopping experience,
reduce shoppers' uncertainty and increase the level of trust they have toward the
s-cammarce sellar (Clament Addo sf al, 2021). Other than interactivity, professionalism has
been found to be anather kay ch istics of li Thraugh i irg,
shoppers rety on information created and shared by i 5 to make p

decisions (Lee and Chen, 2021). Al the same tima. through tha inferaction live-streamers
have with others via text-based dialogues in exchanging their thoughts about products and
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services, it can help shoppers to infer the popularity of products and whether they will
purchasa them (Xu and Yea, 2020; Sun ef al, 2019; Wang and Wu, 2019). The imgortance
of thesa factars is also seen in recent sludies such as Xu and Ye (2020). They leverage
aspecte of intaration and aspects of prolessionaliem as the stimuli that drive consumer
behavier in live-streaming. To differartiale this study from the rest, we further consider
one additional factor, price discounts, as another stimulus. Together, wa posit that thess
threa factors would influenca trust, which is the arganism () in the madel, belore affecting
tha behavioral respensa (R) of purchase intantion.

Effect of professionalism on trust and purchase intention

As an important node cennecting the brand and consumers. we can judge the live-straamers’
profassionalism from words and actions. Like he structural bonds, professionalism is about
sallers’ ahility o provide corect information about the praduct (Chang ef al, 2019). Wang
&t al (2020) further explained that professionalism is aboul live-streamers knowing the
product well, whethar they can pravide relevant and accurate infarmation abaut ihe product.
At othar fimes, lve-streamers demonstrate their professionalism by suggesting  haw
corsumers can mix and match the dilferent accessories and inform corsumers if they meet
problems in the payrmant process. Unlika tha brick-and-mortar shop where a consumer can
make their purchase decision based on tha sense of touch and smell, providing accurate
irfarmation is erueial in a i ing i i that supports consumers in
framing thair cheices. Hence, it is not surpriging whan Wang &t al (2016) elucidated that
providing professioral knowledge reflects the ssler's compatanca in the product and has
been found that it increases consumers” rusl. Besides, Chang et al. (2019) also discovered
that prowiding aceurale nformation enhances commitment to the a-ratailer. In the same vein,
Chou ef al (2015) mantioned that excellert delivery by professional live-streamers is
charasterizad by prolessional reviews of products, professional selection and accurale
racommendations.

Qn this note, purchase irention is a behavioral possibility of consumers to purchase
praducts ar sarvicas in marketing activity (Zhang ef al, 2019). Far markatars, purchasa
intention is a viral matric bacause thay tand to predict buying behaviors. Accarding 1o Ajren
(2020}, consumars ara mora likely to take action in the fulure, such as purchasing a product,
it they have a robust motivational intention toward it. Additionally, intention 1o purchase
also reflects the levels of knowledge present in consumers’ minds, which is helgful
for organizations to derate tha kind of content they should display in an advertisament
(Gelan ef ai, 2003). Given its growing importance, i is not a surprise when scholars such as
Sun et al {2019) paying increasing attertion to what factors drive purchase intention in
an online environment. Based on the above argument, we believe that live-sireamers’
professionalism is likely fo become an essential factar influencing consurmers’ purchass
intention as wall as tha building of trust, leading ws te thea fir st set of hypolheses:

Hia. Live-streamers’ professionalism has a pesitive influence an purchass intantion.

Hi1b. Liva-streamers’ prafessionalism has a pasitive influance on consumers’ trest.

Effect of interactivity on trust and purchase intention

Interaction is a process of information exchange and mutual communication between
two parties (Ham and Lee, 2020). In a lve-streaming shopping ervironment, inferaction is
a direct form af communication between the live-streamer and the consumers. Live-strearmars’
high degres of interaction with consumers through raal-time visibility and other characteristics
of live-strearming, enabling consumers o have a more largeted understanding af product
imformation (Sun ef al, 2020). According to Sun ef al. {2019), live-sirearmers’ interactivity can
e shown in three ways. First, high-density nformation axchange irmabeas responding o real-
tirme commerts from consurnars and notices that appear an the pages that inform viewers with
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important infarmation. Second, performative intaraction, where the live-siraamer is “present
and inferactive” with the audience through “live images.” This regquires the live-streamer 1o
demonsirale to the viewers the lock of the product (Sun ef al, 2019). Thid, inciing
merchandising where the live-slreamer constanlly uses repatiive marketing language during
the live-streaming session, emphasizing the various selling points and offers of the products in
the live treaming o encourage the viewing user 1o place an order. On this nate, Wang e al
(2020) and Zhang ef ai. (2020) believe that the more lve-streamers intaraction on liva lve-
slreaming platiorms, the more conducive it wil be to enhance the audience’s trust in five-
streamer. Based on these arguments, we have reasonable grounds to beliave that if
consumers feal the excitement and happiness brought by the interaction during live-streaming
shopping, it promates the purchasing behavior of consumers. Therefera, reakime interaction
improves the authenticity of live-streamars” opinians, wins the audience's trust, reduces the
audience's percaved risk and enhances consumers' purchase intention. As such, the
hypotheses that will be tested ane:

HZa. Live-streamers' interaction has a positive influence on purchase intertion.

H2b, Live-streamers’interaction has a positive influence on consumers” trust.

Effact of price discounts on trust and purchase intention

A unigue advantage of any lve-streamer is the ability to regotiate for lower prices while not
compramising on the qualty of the praducts ar servicas sold during the live-straaming sale
(Wang el af, 2020). Greerwald (2020} emphasized that live-streamers with many onling
viewars and a slrang overall purchasing power of fans can consume a large amount of
inventory in a shorl périod, hance having & mare considérabile bargaining power. Tharélorg,
suppliers are willing to provide discounts to e-streamars to get them o carry tha products
(Greanvald, 2020). Often, such deals ara lower than what consumers can obtain oulside of
thesa sessions. Besides, consumers can compare the prices of the same product offer by
diffarent live-sireamers (Hu and Chaudbry, 2020). Accarding to Alagarsamy et ai. (2021),
trust can also emerge through a capability procass, which means assessing another party's
ahility to meat its obligations. Peterson (1895) has suggested thal saving money is one of
the custamers' motivations 1o be imvalved in relational exchanges. Besides, Lea and Chan
(2021} further espoused that price would positivaly affect consumer behavior, which
includas an increase in frust and parceived uselulness. Given these arguments, and based
on the S-O-R framewark, it is lagical to believe that the ability to offer a lower price would
positively influence trust and purchasa intention. Howevar, studies have also reparted that
while price discounts may not be as effective in building consumers’ trust (Alagarsamy
et al, 2021). This propesition is especially so when trust is as important, if nat more
important than prica for today's consumers (Mokinsey, 2021). It was revealed that trust
exerled a more substantial effect than perceived price on purchase infertions for both
potentials and repeated customers of an onling store (Kim &f al, 2012). Given the inconsistent
findings, examining the impact of price discounts on consumers’ rusting beliels and
purchasing intantion, thraugh the fallowing hypatheses, will significantly augment our existing
understanding of consumers' purchasing behavior:

H3a. Pricediscounts have a positive influence on purchasa intention.

H3b. Price discounts have a positve influence on cansumers' trust

Effact of trust on purchase infention

Galen &t al. (2003) defined frustworthiness as a baliel that bolh parties involved in the
tramsaction will act in good faith, without worrying that the other parties would have any
nefarious thoughts of acting apportunistically. In ve-streaming shapping, the absence of
lace-io-face interaction, coupled with temporal and spafial separaton betwean the
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influencer and consumers, makes trust an evan mare critical construct {Gefen f al, 2003)
Consumers are not able to physically touch, lest or iry on ilems belore purchase, which
increasas the perceived risk of online shopping, wendor's legiimacy and product
authenticity (Wongkitrungrueng and Assarul, 2020). This explains why Hsu et al. {2014)
described that consumers’ trust can be described in different aspects - Belie! that cross-
platform collaboration can lead to acourate, relevant and timely information; Balief that all
parties involve acts in geodwil and following the industry narms ard accepled praclice;
and baliel that cross-platiorm callaboration would result in fransaction agresments that
meel the needs of the actars irvalved. On this rate, there have been several studies
indicating that trust is the main component that drives purchase intention. Hidayat ef al
(2021), foursd that when consumers want to shop or do other online transactions,
consurmers need assurance that tha funds transferred wil nol just disappear and the
praducts thay recaive must be fallowing what was pramised and explained by the live-
streamear. In the same vein, Sun ef al (2019) also feund that the higher the consumers’ trust
in the live-slreamer, the more likely consumers will davelop the purchase intention. Based
on the abave argumants, the lallowing hypathesis is proposed:

H4. Consurmers’ trust has a posiive influence an purchase intantion

Mediating effect of trust

The madiating role af trust is developed based on the 5-0-R framewark. Accordingly, if 2
consurmer is exposed to several axternal factars (professionalism, ineractivity and price
discounts), hefshe will lkely develap orgarism (frust). which in relurn, generate a behaviaral
outcome (purchasa intantion). This postuation is in line with several studies demenstrating
tha passibla presence of such a relationship. For instance, Alagarsarmy af al (2021) showead
that prafessionalism and interactivity build customers' trust levels, Clher studies have also
found similar rasults, including Singh and Sinha (2020, Wongkitrungrueng and Assamt
(2020) and Liv and Tang (2018). Af the same tme, frust is alzo found fo be influencing
purchasa intenbon. Availabda litaralure frem Sun &t al. (2019) concluded that if a customer
has a higher trust developed on the online seller, balshe is also more likely 10 develop the
purchasa infention. Overall speaking, these avidencas demonstrated that the intention of
purchasa requires establishing trust in the buyer-seller relationships. And the building
of frust will require the presenca of antecedants. Despile thesa postulations, there is a lack
of studies examining trust a5 a madiatar in a lva-strearming anvirenment. Earlier studias in
other ligkds such as in online shopping shows that trust mediates the ralationship betwaen
sacurity and customer a-oyally in online shopping (Wong ef al, 2019). Another study by
Singh and Sinha {2020) on mobile wallels explainad that frust mediates the ralationship
batween perceved usefulness and intention 1a use. Based on tha aforamentioned, we have
reasonable grounds to believe that trust plays a key role in mediating the following
relationships:

HEa, Trugt mediates the relationship betwesn lve-streamers professionalism and
purchase infention

HAb. Trust mediates the ralationship between lve-streamars interaction and purchase
intention.

HAG, Trust madiates the relationship belween price discounts and purchass imantion

Methodology
Sample

Data collection was through an enline questionnaire from eollaga siudents in China who
have visited a live-streaming room. College students were selected as the rasearch
participants for three main reasons. Firsl, college sludents are savvier and more open
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to this new way of shopping (Xu and Ye, 2020). Second, the China Internet Metwork
Information Center, whase 2019 report shaws that the most significant internet users
are studants (GHNIC, 2019). Finally, McKinsey (2021) show that the number of followers
of influencers on Taobao, Tik Tok and Weibo increased by 25% compared with past
year, with the age composition of influsncers’ [ollowers s significantty youwnger,
more than &% of them are born in the 1%80s and 1990s. Snowball sampling was
adopted where we begin with a small papulation af known individuals and expands
the sample by asking those initial participants to identity others that should participate in
the study. This sampling method is especially helpiul during the pandemic when face to
face interaction is discouraged (Memon et al., 2017).

Instrument

The questionnaire was first developed in English, lranslated to Chinese. We have
invited five college students who have pravious live-streaming shopping experiences (o
check if tha translated measurement items are easy o understand. Any ambiguities in
terminalogy and any nonclarity in instructions were amendad to improve the raadability
of tha gquestionnaire. Theraaller, we performed a back-translation ta English by asking
two researchars with relevan! research experience lo ensura the accuracy of the
translation.

The maasuremant items wane adopted from earlier studies. Unlass atharwise mantioned, all
iterne are measurad on a five-point Likert seale, with 1" baing strengly disagree 1o “5°
being strongly agree. The five ilams of interactivity, liva itemes of professionalism and three
iterne of price discounts weare adopted from Wang (2020). Measuremant items for trust were
adopted from Gelen ef al (2003), while the purchase intention was measured using four
iterne adapted from Suh and Chang (2006). Finally, both trust and purchasing intantian
constructs are measurad on a fva-paint Lkart scale ol "1™ being absalutaly untrue fo *5°
being absolutely tse.

Data collection

The anlina gueslionnaire was dissaminatad using an application call Wenjuan Ximg.
Wenjuan Xing is a Chinese commercial online survey servica provider, with one.of its
key advaniages ol pushing the survey directly through a local messaging platferm such
as WeChat, which providas accessibility and convanienca to respondents (Meicand
Brown, 2017). Besides, the racant cybarsecurity laws that contrel web content in China
mean thal some traditional dala collection soltware would be unstable or inaccassible
(el and Brown, 2017). Hance, Wenjuan Xing is a more reliable and user-irisndly onling
survay 1ool that researchers in China, such as Xu and Ye (2020) and Sun &f al. (2019),
hawa bean using.

Through Wenjuan Xing, a web link was genarated and disseminated 1o all respondents.
From the cover page, respondents were informed thal participation is voluntary, all
callectad data are confidential and anonymaus and they need to pravide their honast
opinions. Respondeants must give thair consent before they can procesd with
answering the questions. Te ensure that only bonafide respondents parlicipated in aur
study, wea provided a scréaning guastion asking if they have visited lve-streaming
shopping at least ane day per week, withoul specifying a specilic timelframa or
platftorm. Similar studies, such as Xu and Ye (2020) and Clament Addo ef &l (2021)
have used a similar approach. A total of 258 valid responses were collacted, exceeding
Kook and Hadaya {2018} recommanded minimum sampla size of 148 for any partial
least squares structural equation madeling (PLS-SEM) analysis.
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Controlling common method bias

Being a cross-saclional sludy, provisioning socially desirable responses has always bean a
threat that could potentially bias the results. Hence, controling comman such biasas
s critical in these studies. Using recommendations from Podsakoft & al (2003), wa
implemented several procedural measures. First, the gquestionnaire was pre-tested to
ensure that respondents understand the guestions as intended. Second, we created
temporal measures by placing demographic questions in-betwean pradictar and criterion
questions. Third, researchers had constantly highlighted ancoymity and  corfidentiality
during the data collection process to respondents. Besides, we reiterated o the
respandents that there ware naither right nor wrong answers. Statistically, Harmari's single
factor test shows that no single factor accounted for the majority of the covarianca in tha
indepandant and criterion variables, indicating thal common method biases are not a
sarous issue in this stedy (Podsakoll ef al, 2003). Additionally, wa deplovad tha full
collinearity test where the results showed that nora of tha varianca inflation factors (VIF)
exceads 3.3, indicating that tha model is frea of commeoen mathod bias (Kock, 2015).

Control variables

Follawing Atinc et al. (2011}, the inclusion of contral variablas would be reedad to minimize
tha possibility of confoundad results that limit the modal's explanatory power. For
this model, wa include gender arnd the number of purchase times as the cantrol variables.
Tablka 4 shaws that none of them have any significant effect on the key endogencus
wariables.

Analytical method

The descriptive statistics of the respondants were devaloped using the Stafistic Package
for tha Social Sciences version 25.0, while the PLS-SEM was used for lasting the
hypothesas. PLS-SEM is tha second-generation technigue that allows for the simullanesus
evaluation of the maasuramant and structural modals (Hair & al, 2017). Unlike the
covariance-based SEM, PLS-SEM's strength lies in its ability to perform predictive analysis
af the modal, which iz one of tha rasearch abjectivas. Baing a nonparamelric mathod with
no distributional assumptions, PLS-SEM is widaly deployed in different study contexts,
including tourism (Al ef al, 2018; Tan & al, 2020¢; Fam ef al, 2020). human resources
(Tan et al, 2020a; Sarsted! and Danks, 2021, Tan ef &l 2020d), education (Ghasemy
&t al., 2020; Sim et al. 2020; Tan & al, 2020b), technology adoption (Leong ef al, 2020;
Wong et al, 2019}, consumer behavior (Tan ef al, 2021) and knowladge managament
(Cepada-Carrion ef al, 2019). Following the recommendations by Hair ef al {2017), we
adopled a two-stage approach of assessing the measuremant model followed by the
struciural modal.

Results.

Respondents’ profile

From tha 258 respondents, it is evident that mast of the respondents (60%) are 20 years and
yourger. This is followed by 21-22years old {20.6%), with the rest above 23years old
(2.3%0). Out of the 258 respondents, almost 7T0% of tha respandants ara lemale, wilh the rest
baing male. On the numibser of order times par month, the majority of tha respondents {80%)
have ordared at least ona time per manth. The majority ordered 1-5 times per month
follewad by B-10 times per month (Table 1),
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ble 1 Respondents’ pr

Fraguancy %) Cumciatke (%)
Age
1B years and younger 14 54 54
18-Z0years old 141 ST 0.1
21-2yearsold bi:] 306 0.7
23-24years old 20 T8 BEA
25 years and oler 4 16 100.0
Genar
Make B3 322 222
Femala 175 678 100.0
Ciraer fimes per month
Otimes a3 205 25
1-5timas 17 694 Eag
6-10times 10 L asg
11-15times T 23 965
16-20tmes 4 16 B
21-2tmes 4 16 a6
Mere than 25 times: 1 04 100.0
Measurement model

From Table 2, it is evident that the threshalds of average varlance extracted and composite
reliahility meats the ragquirement of 0.50 and 0.70, raspectively (Hair et ai, 2017). At the
sama time, both Cronbach's alpha and rhoe fell within the acceptable range of 0.70 and
.85 (Dijkstra ef af, 2015) In Table 3, the Helerotrait-Monotralt rafio of corralations {HTMT)
results also showed that discriminant validity has achieved at HTMT, g {Har &t al, 2017},
Hence, we can conclude that this model is reliable and valid.

Structural mode!

From Table 4, the VIF score showed thal they are lesser than 3.3 indicating no
multicollinearity issuas with the madel. The structural results showed that prafessionalism
[Hib. 8 = 0324, p < 0.007), interaction (H2b. 8 = 0.195, p < 0.01) and price discount
[H3b. 8 = 0.362, p < 0.001) are all predictors of tust. However, ot of the threa predictors,
only price discount has a significant pesitive relationship with purchase intention (H3a. =
0448, p < 0.001). The remaining two predictors of professionalism (Ha. B = 0088, p =
0.222) and interaction (H2a § = 0039, p = D260) did nat establish any significant
relationship with purchasa intention. It is found that bust has & significan! positive
relationship with purchasa intention (H4. § = 0.318, p < 0.001). On mediation analysis, trust
is an eflective mediator across the three relationships betwsen profassionalism and
purchase intention (H5a. g = 0,103, p < 0.01), between interaction and purchase intantion
(HEb. § = 0062, p < 0.01) and between price discount and purchase irention (H5c. B =
0.115, p < 0.01). Following Zhaa ef al (2010), H5a and H5b are classified as full madiation,
while H5¢ is classified as a complementary partial mediation. Thus, ofher than Hia and
H2a, the rest of the hypothases are supporlad.

The coafficient of determination (%) reprasents the amaunt of varianca in the endoganaus
constructs explained by all the exoganous constructs linked to it Tabla 4 shows that
the predictors of professionalism, inleraction and price discount account for 54.1% of the
wariance in frust. The same =at of prediclars, togather with trust, accounts for 56.3% of the
wariance in purchase intenfion. As these values excead 0.26 suggestad by Cohen (1988), it
could be cangidered a substantial model.
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Standara Stanaand Confidance Intenia!

Hypatheses bets | eor luake (5.00%) Gso0%).  WF O OR OF
HtaProtessinalism — Purchasa intantion 058 0077 0764 —oo6R D187 2.1640.0040.5630.363
HitProtessiaaliem — Trust 0324 O0BB 3605 0460 0448 1.8350.11805410.380
Hzalmeraction — Purchasa infention 08 0061 0645 0066 0136 18220002
Hetinteraction — Trus! 0136 0071 2738 0077 DE2 18390045
HaaPrica dacount — Purchase ntenticn D446 0060 7501 0342 0538 16780272
HatPrice chscount — Trust 0362 0089 4071 Q221 0511 1.3820.208
H4 Trust — Purchase intention 0318 0072 4387 0185 0432 2 1770.108
HsaProtessioralism — Trust — Purchase 0403 0035 2850 0055 0A71

Intention

— Trust — Py ntanil 0062 0028 2222 0023 0116
HacPrica dscount — Trust — Purchase 0LNMS 0038 5000 0063 0194

intantion

Contral variables

Gender-> Purchase intention o062 004 14zEMS _poz3 0.146

Order - Purchase nterion 0o2s 0033 07ed™®  -nodz i3]

Motes: NS - not significant, * o < 0.06** @ < 0.01 &nd ***p < (OO
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[i* = 0.002) display regligible effect size in producing & for purchase intention, which
explaing for its inignificant reatienship. Interaction (* = 0.045) has a small effect in
producing A for Trust., For professionalism and trust, both exhibited medium effect in
producing A for trust and purchasing intention, respectively. Finally, at / = 0.272 and /*
0.205, price discount displayed substantial effect to purchase intention and truel,
respactivaly.

Pradictive analysis

Finally, we perfarm predictive analysis using the PLS predict technigue. Belorg this,
ressarchers, used Stone Geissers F vale as the sole crilerion fo assess predictive
relevanca. According to Hair ef al (2017), Table 4 showed that the value of Fis larger than
0. indicafing that the modal has predictive relevance. Howevar, we value-add o the
predictive analysis by leveraging the PLS predict. As elucidated by Sheweli f al (2019),
the OF value, whils is uselul, is still 8 combination of in-sample and aut-ol-sample pradiction
and daes not clearly indicate whether the model has a good sxpanatory fit or exhibits
predictive power. As such, PLS predict is a more reliable way of assessing the predictive
relevanca ol a model as it separates lesling and 'raining dala (Shrmuell of 2!, 2019).
Ralerring la Table 5, analysis showed that majority of the values of the reol mean squared
error (AMSE) values for tha PLS madel were smaller thar that of thea linear madel (LM},

indicating that the modal has medium pradictive pawer.

Table 2 Measuremant model

Ouitar Cronbach's

PLS L FLE-LM
@ _predict RMSE & _pradict RMSE & pradict
P 0em 0.242 0. 0.194 -0.022 0.048
Pl 0483 0.458 0.408 0.447 -0.005 oon
Pl3 047 0.189 0.643 0.197 0.004 -0.008
Pl4 0exs 0.387 0.645 0.350 -0.019 0.037

Mote: Pl - Purchase intention
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ftems laadings aipha sho A CR AVE
FD1 The prices of products sokd by live-streamer arethe 0.766 0.846 0.853 0.896 0684
lowest among live streaming rooms in &l platiorms
PD2 The products’ prices in lve-streemer's room s faverable 0842
enough
PD3 The descountwon over from supplien by bve-streamer s 0863
always the best
PD4 The Inve-streamer can get the products that fans want at 0835
afavorable prica
INT1 The live-zsireamer shows his enthusiasm to me 0803 0.730 0.7a5 0.831 0588
INT2 The live-sireamer ehows his care to me 0869
INT3 I gk questions, the kve-streamer can always answer 0,659
them postively
INT4 My attention s always attracted 1o products when the 0625
live-streamnes abruptty chenge the volume
Fi1 | wiould recommend others 1o buy products inth lve- o814 D832 0.845 0.888 0664
aifeamer s room
Piz I think the product recommended by the Ive-streamer |s 0858
warth purchasing
P13 I want o buy the product the live-streamer recommends 0795
Pid When | need any products, | will consider buying them 1}y -3
from the live-streames
FRO1 The Ive-strearmer knows his recommended products o814 D& 0.845 0.885 =)
wel
PROZ Thi Ive-streamer has enough experience (8.0. working 0851
lence, trial to puige the pr he
recommends
FRO3 The Ive-streamer's introduction of the product can give 0.764
me & complete understandng of it
PRO4  Thelive-st p fy alter 0816
hiz research
TR1 The information provided by the (ive-streamer |s 0862 0871 0.874 oMz or2
e with th onof
p
TR2 The Ive-streamer s respansible for his products 0842
TR3 The inve-streamer s warth my trust due to the information 0852
kenown abaut his from different onlne platforms
TR4 The platform where the live-streemer does his job, 0840
makes me feel that he s a trustworthy archor
Nates: PD - Price discount, INT - Interaction, PI - Purchase ntention, PRO - Professlonakam and TR - Trust
As highlighlted by Sulivan and Feinn (2012), “while a pvalue can inform the reader whather
an effact exists, it does nol revaal the size. Hence, both substantive significance (effect
siza) and statistical significance (pvalue) ae essential resulls 1o be reported.” In this
regard, Coben (1088) ion reveals that ionalism ( = 0.004) and inferaction
Table3 Discriminantvalidity
FO INT PRO Al TR
]
INT 0567
FRO 0585 0.829
P 0807 0.558 0.604
TR 0703 0.691 0.7az2 0.75%
Motes: PD - Price discount, INT - Interaction, Pi - Purchase Intention, PRO - Professionalsm, TR
Trust; HTMT achieved &t HTMT,
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Discussions

Grounded on the 5-0-R framewark, this study examines the predictors of frust and
purchasing irtantion. Al the samea time, it also aims to imeastigate if tust is a mediator in
thase ralationships. On this nole, our resulis show that all the three prediclors of
professionalism, interaction and price discount are instrumental in erhancing one's trust in
live-streaming shopping. These results are similar to ather studies such as Shanka and
Bunik (2018), whare thay found he three relational bonds are shaping trust. Likewise, Lin
el al. (2003) found that relational bonds that foster custormer trust can be categarized
empirically into three typas: economic, social and structural bonds. Taken together, thess
findings signpast the significant role of thesa three elemants. A probable reason could ba
tha nature of live-straaming shopping. As highlighted earlier, live-streaming shopping laces
an inherent disadvantage of having the void of physical touch and human-to-human
interaction. As Werlz (2019) has put it, & brick-and-morar store can easily curala a unigus
branded experiance for its consumers, which is what many consumers desire and are
willing to pay. To replicate this experence in a live-slraaming shapping arviraement, it
wauld take more atort and rely on the lve-slrearmars ability 1o provide both hedanie and
ulilitarian axperience lo the censumers, through its professionalism in prasenting the
products, interacting wilh consumers and ability to oblain products with significant price
reductions.

Interestingly, when the same sat of constructs are applied o examine their influence on
purchasing intentian, only price discount demonsirates a direct relationship with it. Our
results are different from existing studies. For instance, Sun et al. (2019) study on 504
Chinaga consumers shows that interactivity and providing guidarce to consurmers
influance shopping intentian. Similarly, other sludies, such as Lee and Chen (2021} and
Clement Addo ef al (2021) displayed similar resulls. However, a common featurs
amang these siudies is the homogensous assumplions of their respondants. As
highlighted by Hair ef al {2018), these assumptlions are unrealistic. Evident from our
results, we have found that the antecedents of professionalism and interactivity do nat
malter to college students. A possible reason is that this group of consumers are well-
infarmed and highly resourceful whera they can perform research about the pradust
befare participating in the live-streaming. This is also known as the zero maments of
truth. Collage students are the first generation to be surrounded by the intarnet from a
wary early age. And given the wide availability of information, a unique decision-making
process has been developad where thay would search for information online to decide
whather or not they want to buy it

From this parspective, it is apparent from our results that college students’ motivation o
participate in live-streaming is to obtain price discounts. Price discount has bean analagous
fo lower prices (Greenwald, 2020). The mors prica discourt a live-streamer can provide, the
prices of the products would be brought down further. As collage studants, it is natural that
thay would have limited spending power. Whan it comes to spending, most college
sludents’ money goes toward essentials, such as tuition fees, textbooks and bills {Shim
&t al, 2010). Other than creating brand awareness, anolber powerld way to encowags
purchasas, especially first-ima purchases among colege sludents, is discounts. This
reasaning is supportad by Kuo and Nakhata (2016} whera they conducted expariments and
conclude that discount positivaly shapes college students’ responsas foward products,
even thase with low consurmer ratings.

Al the sama time, our study shows that trust is a strang pradictor te purchase intantion. This
resull is not surprising s evidence can be found in other studies, such as Lin and Lu
(2010), Hidayat ef al. (2021), Singh and Sinha (2020) and Wong et al (2018). Tha
importance of trust is evidenced in the mediation hypothases, whera it is the key canstruct
bridging the prediclor and tha criterion variables together. A probable axplanation could
ba attributed 1o the environmant that live-streaming shopping oparates. Tha axpansion of
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the internat and differant communication channels has expanded retailers’ markats and
prevides altarmatives for consumers (Hidayat e &', 2021} With a rapid expansion of the
internal, encrmous apportunities have been created for businesses 1o ba part of a global
market with global concumers. This expansion means cross-border transactions are
possibla. which nzturally increases uncertainty due 19 the possibility of fraud, mahware and
systam errors. Additionally, there is uncertainty on whather |ve-strearmers will deliver the
product after paymant. as per their promisa to conswmers. [n this sanse, whan consumars
recognize that their interests and wealfare are taken care of, trusts develop and they are
likedy to remain in Ihis relationship.

Theoretical implications

This study makes several theoretical cantributions. First and foremest, it is the first few
empirical sludies focusing an collega " behavioral in a live-strearming
shopping erviranment. As highlighted sarlier, many esisting works, such as Les ard Chean
(2021}, assumed homogereous data characteristics scross the population, which
according to Hair &t 2f (2017), is not realistic. Hance, our results complemented existing
work by understanding the emational el‘ects deriving from the differant forme of stimuli. In
this respact, this study 2nswers Wangkitrungrueng and Assand (2020) call to include a
range of factors and examine other consumer greups’ live-streaming shopping behavior.
Second, our sludy addressos a research gap by demonstrating that price diseount builds
trest and purchase intantion. This siudy shows a significant positive correlation batween
price discount or fusts and purchase intantion. which is eommonly treated as separate
predictars in easlier studies (Kuo and Makhata, 2016). This study reveals that price
discount are tha only predictar that direclly aflects purchase intention amang three
predictars, which is 8 unigue proposition among college students that earlier studies did
nat espouse. Finally, our study demenstrates that the research madel is robust and display
poad predictive powar. According to Sarstedt and Danks (2021}, -the nesd to supplarmeant
the explanatory parspactive with a predictivae focus is particularty important to social
sciances researchars, given the efficient nature of the research and the direct impact an
managerial decision-making. In sum, our rasulls help live-sireamers o determina custarmar
responses or purchases and promota cross-sell epporiunitias (Liengaard et &, 2020). End
of the day, predictivae models balp businasses attract, ratain and grow their most prafitabde
cuslomars,

Managerial implications

From a maragerial perspective, thiz rasearch has several significant implications for lva-
streamess. Tha real-time nature of live-streaming shoppirg facilitates tha live-streamer to
revaal his ar her identity. In ather words, consumers can e how this parson is, his or har
facial expression and the background These atmospheric elements would cast an
expectation on the consumers that influance their percaption and eventually responsas. In
relation to this, the live-streamer should position the product so thal consumers can have a
clear view of how it looks and how it can be wsed. Hance, using better guality equipmant
that supparts such visualizations is essential in improving professionalism. Al the same
time, liva-streamers can demonstrate professionalism in providing a timealy and accurate
respansa 10 consurmars’ questions. Examples of demenstration of professionalism include
collecting and acting on consumers' feadback.

Watching live-straaming lakes mora lima than browsing a web page. Il also takes more
effort to pay attertion to the descriptions than visiting a brick-and-martar store. It lakes more
patience 1o wait for the desired product to be leatured instead of gaing to the specific
product shelf in a brick-and-morar stara. Hence, live-streamers should keep the consumers
engage and reduce boradom by increasing § interactivity. Live-sireamers can considear
including enjoyable and entertaining  activities relating to products (eg. product
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damanstration shows with a sense of adventure and fardasizing) or incantives (e 0. games,
flash sales). These aclivilies can creale posilive emations that induce affective frust
regarding the products and sellers. The challangs lies in creating conlent to axcils
customers continuously. Efforls must be made to present the amicable fraits of the
liva-streamer. Verbal expression, appearance, postures and chaice of words send signals
to the consumers that eveniually influence consumers' perceplion of prafessionalism,
interactivity and ulimately trust and purchase intention. Hance, the lva-streamer must
damonstrate characlarisiics of lkabiity and identify themsalves with the values of tha
COMELIMErS.

Al the same time, Iva-streamears musl securs geods al & |ower price yel nat compromising
on the quality. And for thal to happen, live-sireamars must continue to maintain their
popularity. With a strong fans-base, they can easily corwerl tham to consumers, which
provides them a strong bargaining pawer 1o ask brands for an axclusive discount. Once
live-sireamers eslablish the above alignment, a sense of belonging among the consumers
wiould be created. Coupled with rich axperiences and interactions, it will establish trust,
layalty that drives purchase intention.

Limitations and future research directions

This sludly endeavered to recruil as many respondents as possible. However, as the
responses lo the survey were volunfary and snowball sampling also confributed o the
collaction of responses, it poses difficully in geling more respondents. Besides, this is a
eross-sectional sludy. Hence, it does not capture the change in respondents’ parceptions
aver fima. As the pandemic pragresses info a recovery stage where mora brick-and-mortar
slores rgapen, it would be inferesting to see if the altitude toward live-streaming shapping
changes. Even though efforls wese made to minimize common method bias, we canmat
dery the possibility that respondants would still provide a socially desired response. Thay
may tend 1o assume the “middle ground” for guestions that they could net cannect. Hence,
future studies could adopt the longitudinal approach ar multiple data collection waves that
invoha different generations of consumers. With trust being is a eritical construet in this
sludy, it could be furber examined by operalionalizing frust as a mullidmensional
congtiuet. According to Hsu et al (2014), trust can be classified ino frust in the website,
trust in tha vendor, trust in group members and trust in the auction initiator. Finally, future
rasearchers could extend the madel by incorporating additional antecedents or moderators
Such as the parsonalilty trails of customers or sellers.

References

Ajzen, |. (2020}, “The theory of planned benawor frequentty asked questone”, Human Behavior and
Emerging Technologies, Vol. 2 Mo, 4, pp. 314-324.

Alagarsamy, 5., Mehroka, 5. and Singh, B. (2021), "Medigting effect of brand refatonship quality an
relaficnal bonds and online geocery retaler loyalyy”, Joumal of internet Commerce, Vol 20 Mo, 2,
Ph. 246-272.

All, F., Rascalimanesh, SM., Sarstedt. M., Ringle, C.M. and Ayu. K. (2018). "An asseasment of the use of
pertial least squeres etructursl equation modeling (PLS-SEM) In hospitality ressarch’, Infemational
Joumal of Contemporary Hospirality Managemant Vol. 30 Mo, 1, pp. 514-538.

Atine, G, Simrmedng. M.J. and Keall, K.J. (2011}, "Contrcl venable use and reporting in macro and macro
menagement research’, Organizational Research Mefhods Vol 15 Ko, 1, pp. 5774,

Cepeda-Carnon, G.. Cegarra-Navarro, J-G. and Ciio. V. (2018), “Tips to use partial least squares
siructural equation modelling (PLS-SEM) In knowiedge management’, Joumnal of Knowledge
Management, Vol 23No. 1. pp. 67-89.

VOL.23 W03 2002

NOURKE CONSUMERS

BNEE4ED



INBIMERS

Charg, C.-AY., Huang, H.-C., Wang. S-J. and Lee, H. (2019}, “Relational bonds, custamer éngagement,
and service qualty”, The Sandce Indusines Journal, Vol 41 kos 56, pp. 330-354.

Chou, &, Chen, C-W. and Lin, 1.-¥. {2015), “Female online shoppers: examning the mediating roles of
e-safisfaction and e-trust on e-loyalty developmant”, Infemat Research, Vol. 25 o, 4, pp. 542-561_

Clemant Adda, P, Fang, J.. Asare, A.0. and Kulbg, M.E. (2021}, “Customer engagement and purchass
intention in live-streaming digital marketing platfoms”, The Senice Indusiies Jowmal, pp. 1-20.

CHNIC. (2018), “Statistical report on intamet development in Ching®, avallsble at* www.cnnic.com.cn
{eocessed 15 July 20E1).

Cohen, J. (1968), Stanshoal Power Analysis for the Behavioral Siences, 2nd ed., Lewrence Erlbauny
Assoclates, Mew York, MY,

Dijkstra, T.K., Henseder. J., University Of, G., Universidade Mowa de, L. and Universy Cd, T. (2015),
“Conssstent partial least squares path modeling”, MIS Quartendy, Vel 39 No. 2, pp. 207-316.

Erogiu, 5.4 Machlel, K. and Davis, L. (2001), "Atmosphesc quatties of online retalling - A conceptus!
muodel and ", Jourmal h,Wol. 54 Mo. 2, pp. 177-184.

Femn, K-8, Ting, H., Tan, K.-L, Hussan K. and Chesh, J-H. (2020}, “Dees it matier where o un?
Intention 1o participate in destnation marsthon”, Asia Paclfic deumal of Marketing and Logistics, Vol. 32
Ma. 7, pp. 1475-1494,

Gefen, O, Karahanne, E. and Straub, D. (2003}, “Trust and TAM In online shopping: an ntegrated
model”, WIS 3, Vol 27 Mo, 1, po. 51-80.

Ghazemy, M., Teeroovengadum, V., Becker. J-M. and Fngle, C.M. (2020}, “This fest cor can move
faster: a review of PLS-SEM application in higher education research”, Higher Education, Yol B0 Na. 6,
pp. 1121-1152,

Gresnwald, M. (2020}, “Live sireaming e-commercs < the rage in China. |s the LS. MNext®, avalable ai.
wiwew forbses_comy (accessed 18 July 2021).

Guo, L. Hu, X, Lu, J. and Ma, L. (2021), "Effects of customer frust on engagement in live streaming
commerce: medatng role of swit guand”, Intemet Resssrch, Wol. 31 Mo, 5, pp. 1718-1744.

Hair, JF.. Hult, G.T.0., Ringle, C.M. and Sarstedt, M. (2017), A Primer on Parmial Lesst Squares Stuctural
Equation Modedng (FLE-5EM), 2nd ed., Sage Publcationz, London

Hair, JF., Sarstedt. M., Ringle, C.M. end Gudergan, 5.P. (2018), Advanced lszues in Partlal Least
Sguares Structural Equation Modekng (PLS-SEM). 181 ed., Sage Publcations, Thousand Oaks, CA

Harn, M. and Lee, SW. {20200, "Factors influencing viewing behavior in lve streaming: an intendew-
based survey of musse fans”, Multmaods! Technoiogtas and feteraction, Vol. 4 Ma. 3, p. 50,

Hidayat, A., Wiaya, T., Ishak, A. and Endi Catyanadica, P. {2021), “Consumer trust as the antecadent of
online consumer purchase decislon®, informanion, Vol 12Moud, p. 145,

Haw, M-H., Chuang, L-W. and Hew, © -5, {2014), “Understanding ealine shopping intention: the roles of
four fypes of frust and thek antecedants’, infermet Research, Vol 24 Mo, 3, pp. 332-352.

Hu, M. and Cheudhry, 5.5, (2020}, "Erhancing consumer engagement ine-commesrce live sireaming vis
relational bonds®, interner Research, Vol 30 Mo. 3, pp. 1019-1041,

Huang, A. (2020). “Who |= mikonaire L Jisgl, China's ‘lipstick king’ whao ressed mona than US$145 million
Insales on singles s=day”, avallable at: www.scmp.com/

Kim, HAWV, Xu, . and Gupta, 5. {2012), “Which Is more important inintemet shopping, percesed price.
ortrust?, Electronic Sommerce Research and Applicatons. Vol. 11 Mo. 3, pp. 241-252.

Kock, M. (2015), *Common method biss in PLS-SEM: & ful colinesrty sssessment approach’,
Jounal of 8- Wol. 11Mo. 4, pp. 1-10.

Kock, M. and Hadaya, P. (2018}, “Minimum sampbe size estimation in PLS-SEM: the inverse sguare root
and gamma-axponent|sl meihods”, Informaton Syefems Jfownal, ¥ol. 28 No. 1, pp. 227-261.

Kuo, H-C. and Makhata, C. {20HE), “Price promctions and products with low corsumer ratings”®, Jownal
of Coaumer Marketing, Vol 33 Mo. 7, pp. 517-537

VoL 23 N3 e

151

Sirm, AR5, Tan, K-L., Sla, JK-M and He LSH. (2020, “Students” cholce of imtermational branch
campus n Malaysia: a gender comparative study”. Infemations! Jownal of Educational Managemen,
Wol. 35 Mo, 1, pp. BF-107.

Singh, M. and Sinha, N_ (2020}, "How percelved trust medistes marchent s inention to use a moblke wallst
techrelogy’. Joumal of Refaiing and Consumer Services, Vol 52, p. 101834,

Suh, K.-5. end Chang, 5. (2006}, "User inferfaces and consumer perceptons of online stores: the role of
taleprazance”, Bahaviour & Information Technoloagy, Vol 25 Mo, 2, pp. 98-113.

Sullfvan, @ M. and Feinn, R. {2012), "Using affect size-or why the P value |s not enough®, Jownal! of
Graduate Medacal Education, Vol. 4 Mo, 3, pp. 279-282.

Sun, ¥.. Shao, ¥, LI, X.. Guo, ¥_and hie, K. {2018, "How live streaming influences purchase intentlons in
soclal commerze: an IT affordance perspective’, Flectronic Commerce Research and Applcarions,
Val. 37, p. 100886,

Sun, Y., Shao, X. LI X Guo, Y. &and hie, K. (2020), A 2020 perspective on "how live etiresming influences
purchase intentions in soclal commerce: an 1T affordance perspectve’, Electronic Commerce Research
and Applications, Vol 10, . 100058,

Ten, KL, Law, T-¥. and Sim, AKS. (2000a), *Effect of work engagement on mearengful work and
peychological capital: perspectives from soclal workers in Mew Zealand®, Employes Ralsbons: The
IntamshonalJourna), Vol 43 Mo, 3, pp. 807-826.

Tan KA, Sla, JK-M. and Tang, D.KH. {2021), “To verify or not to verify: using partial least squares to
predict effect of onine news on panic buying during pandemic®, Asis Pacific Joumnal of Manrketing and
Logistics, Vol. ahead-of-prnt Mo, ehead-of-orint.

Ten, K-L, 8, JK-M. and Tang, KH.D. (2020b), “Examining stedents’ behavior towards campus
secunty prepared Ise: the role of p risk within the theory of planned behavior®, Current
FPaychoiogy, Vol Ahesd of print, no. Ahesd of print, pp. 1-10

Tern K-L..Sim. A K5, Cha' D and Beck. L. {(20@0c), "Paricipant well-being and local festvals: the case
af the Mirl country muslc festival, Malaysa®, international Joumal of Event ana Fasthal Managemen,
Wol. 11 o, 4, pp. 435451

Ter K-L., Sim, P-L, Gon, F-0, Leang. C.-M. and Ting, H. {2080d), "Overwork and overtime on tumaover
Intention in pon-luery hotals: do insentives matter?, Jounal of Hospitalty snd Touram lnsights, Vol 3
Mo 4, pp. 387-414

Weng, ¥ (2020), “Study on ihe mpact of web celebnty live streaming on  consumers’
purchasing intentlon kased on hierarchical regression anatysis®, Gansy Sclence and Technology,
Wol. 49, p. 305

‘Wang, X. and Wo. Oo (2018), “Understanding wuser engagement mechanisms on a live streaming
plationm’, HGH i Business, G 1t and O ns. i Spstams and Analyhics, 2018/,
Speinger Inernational Fublshing, Cham, pp. 266-275.

Weng, HoZhu, G, Chen, J.. Ly, L. and Dunne, M. {2020), “Factors that influence Chinese parents’

Intertions 1o use physical violence to discipling thelr preschool children”, nfamanons! Journal of
Environmental Research snd Fubiic Heakh, Vol 17 Ne 5. p. 17E7.

Wang, W.-T., Wang, ¥ -5. and Liu, E-A. (2016}, "The atickiness inention of group-buying webstes: the
Integration of the commitmert-trust theoryy and e-commerce success model’, infamation &
Management Vol. 53Mo. 5, pp. 625642,

‘Wertz, J. {2018), “Brended experiences gwe brick-and-morar stores an edge over e-commerce”’,
avallable at: www.lorbes.comfeltesjawertz/ 20191114/ brer P give-brick-moriar-stores-
edge-over-a-commerce/Tsh=3a3f3387efe

‘Waong, WP, Tan, K-L, Inkgo. LA, and Lim, ©.-Y. {2018), “The effect of technology trust on customes
e-koyalty in onling shopping and the medsating effect of trustworthiness”, Joumsal of Markating Advances
and Pracilces, Vol 1 Mo 2, pp. 3352,

‘Wongkitrungrueng. A, and Assenut, M. (2020), “The roie of live streaming in bullding consumer trust and
engagemant with socal commerce selers”, Journa of Business Research, Vol 117, pp.543-556.

Hu, ¥, end Ye, ¥ (2020}, "Who watches live stresming in China? Examirng viewers' behaviors,
paracnality trats, and mothvatons”, Fronf Peaychal Vol 11, p. 1607,



Lea, C.-H. end Chan, C-W. (2021), “impulse buying behavors in live streaming cormmerce based on the
sfimulus-organism-responae framework”, Informeation, Vol. 12 Mo, 6, p. 241.

Laong, C.-M., Ten, K.-L., Puah, C.-H. and Chorg, S.-M. (2020), “Predicting moblle network operaion
users m-payment nterition”, Eurapesn Business Review Yol 33 No. 1. pp. 104-126.

Liengaard. B.0., Sharma, P.A., Hult, G.T.M.. Jensen. M.B., Sarstedt. M., Hair. J.F. and Ringle, C.M.
(2020), “Pradcton: coveted, yet forsaken? introducing a cross-validated predictive abikty 18t in partial
least squares path modelng®, Decision Sclences, Yol. 52 Mo, 2 pp. 362-282.

Lim, J.5., Choe, M.-J. Znang. J. end Rhoh, G-Y. (20200, “The role of wishful identfication, amational
engagement, and parasocal relgtionships n repeated wiewing of lve-sreaming games: a social
cognitve theary perspective’, Competers in Human Sehavior, Yol 108, p. 108327

Lin, LY. and Lu, C.¥. {2010}, "The influence of conporste image, relationship marketing, and tust
on purchase intenbon: the moderating effects of word-of-mouth”, Toussm Review, Vaol. 65 Mo. 3,
pp. 16-34,

Lin, M4, Weng, JCM. and Hsmeh, ¥-C. {2003), "Relationsl bonds and customer's tnest and
commitment - & study on the moderating effects of web site usage®, The Senace Indusines Jowrmal,
ol 23 Moo 3, pp. 103-124.

Liu, ¥. and Tang, X {2018), “The effects of onbne trust-bulding hani an trust and h
Intentions", fnformatian Technology & Peopde, Val. 31 Ma. 3, pp. 666-BET.

Luo, M., Heu, T\, Park. J.8. and Hancock, J.T. {2020), "Emotional amp*ication during lee-streaming:
ewdence from comments during and after news events®. Proceedings of the ACM on Human-Compuier
intevaction, Val. 4 Mo. CSCW, pp. 1-19, Article D47,

Moinsay. (2021, *Understanding Chinese consumears: growth engine of the world®, avallables at: wis.
mickinaey com) (scceczed 15 Juby 2081 )

Mokinney, L. (2004), “Creating a sabafying intemet shopping experience via aimosphenc varlables’,
Intevnational Joumal of Consumer Stuaies, Val. 28 No. 3, pp. 266-283,

dencaban, & and Aussed, 1A (1974), AnApprosch o Envionmantsl Pepehologydibert Mahrablan and
James A, Russell MLT. Press, Cambridge, Mass.

e, B. and Brown, G.T.L (2017), “Conducting online surveys in China®, Soclal’ Salance Compoter
Review, ¥ol. 36 Mo 6, pp. 721-734.

Memaon, M.A., Ting, H., Ramayah, T, Chuah, F.and Chesh, J.4H. (2017), " A review of the mathooedogical
mizconceptions and guidelines relsted to the application of etrctursl equation modedng. & Malayslan
scenarin”, Jounal of Appled Structual Equation Modelng, Vel 1 Mo 1. pp. 1-13.

Peng, C. and Kim, ¥.G. (2014), "Applicetion of the stimull-organiam-resporee (5-0-R) framewok 1o
online shopping behavior”, doumal of infemet Commerce, Vol 13 Mo 34, po. 158-176

Peteraon, RLA. (1995), "Relstionship mesketing and the conaumear®, Joumalaf the Academy of Marketing
Seience, Vol 23 Mo, 4, pp. 278-281.

Podzakoff, P.M., Mackenzie, S.8., Lea, J-¥.Y. and Podzakedf, NP, {2003), “Cammeonmathod blases in
benavioral resesnch: a crtical review of the Merature and recommended remadies®, Joweal of Appked
FPeychalogy, Vol. BE Mo, 5, po. B73-903.

Seratadt, M. and Danks, NP, (2021, "Prediction in HRM rezesrch-a gap between rhetoric and resity”,
Hurman Resource Management Jowrnal Vol. Ahead of print, No. Ahead of pent, pp. 1-29.

Shanka, M.S. and Buvik, A, (2010), “When does relationsl exchange matters? Soclal bond, trust snd
eatisfaction”, Sournal of Busineos-io-Business Markening, Viol. 26 Mo, 1 pp. 5§7-74.

Shim, 5., Barber, B.L., Card, kLA, Xiao, J.J. and Sarido, J. (2010}, "Financial seclalization of first-year
college students: the roles of parents, work, &nd education”, Jouna! of Youth and Adolescence. Vol 39
Mo, 12 pp. 1457-1470.

Shmuel, G. (2011), “To explain o to predict?, Statetical Science, Vol. 25 Mo, 3, pp. 260-310.

Shmuel. G., Sarstedt, M., Halr, JF., Cheah, J-H.. Ting, H., Vathilngam, 5. and Ringle, C.M. (2018),
“Fredictve model sseassment in FLE-SEM: guidelines for using FLSpredict”, European Jowmal of
Iarketing. Vol. 53 ho. 11, pp. 23222347

152

Yu, E., Jung, C., Kim, H. and Jung. J. (2218}, “Impact of vewer engagemant on gift-gring in lve video
streaming”, Telamatles and lnfarmatics, Viol. 35 No. 5, pp. 1450-1460.

Zhang, M., Qin, F., Wang, G.A and Luo, C_ (2018), “The impect of lve vdeo streaming on ondne
purchage intention”, The Sendce indusires Joumal Vol 40 Moz 910, pp. 656661,

Zhang, M., Sun, L., Qin, F. and Weng, G.A (2020, “E-serace guality on kve streaming platorms: swift
W

Quar e, dowrnal Vol 35No. 3, pp. 312-324

Zhao, X, Lynch, JG. and Chen, . (2010), “Reconsidering baron and Kenny: myths snd truths about
mediation analyets”. douma! of Comsumer Rescarch, vol. 37 Mo, 2, pp. 197-206.

Zhao, 0., Chen, C-D., Cheng, H-W. and Wang, J-L. (201ME), “Deterrénants of Ike stresmers’
continuance brosdoastng ntentions on twitch: 8 self-determination theory perspective”, Telematics and
Infarmancs, Vol. 35 No. 2, pp. 206-420.

Corresponding author
Kim-Lim Tan can be contactad at: kimlim an@us.adu.cn

For imstructions on how to order raprints of this articla, pleaga visit our websia:
www._armaraldgrouppublishing .comilicansing/raprints. him
Or condact us for further datails: permissions@emearaldinsight. com




|_Submitted to Binus University International

Submitted to Universita am Indonesia
Student Paper

digilib.uinkhas.ac.id

Intarret Saurce

Kepercayaan pada Toko
Journal of Artificial Intel
Business, 2026

Publication

Submitted to Universitas Be
Student Paper

153



