10.0
0.25

4/15
/202

10.0
1.56

4/15
/202

10.0
5.21

4/15
/202

10.0
8.24

4/15
/202

10.1
2.37
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4/15
/202

10.1
6.39

4/15
/202

10.1
9.27

4/15
/1202

10.2
2.31

4/15
/202

10.2
4.03

4/15
/1202
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10.2
6.31

4/15
/202

10.2
8.42

4/15
/1202

10.2
9.53

4/15
/202

10.3
0.35

4/15
/1202

10.3
1.43

4/15
/202
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10.3
4.16

4/15
/202

10.4
1.17

4/15
/202

10.4
542

4/15
/202

10.4
9.25

4/15
/202

10.5
3.51
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4/15
/202

10.5
7.56

4/15
/202

11.0
4.48

4/15
/1202

11.0
7.33

4/15
/202

11.1
9.14

4/15
/1202
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11.2
3.57

4/15
/202

11.2
8.06

4/15
/1202

11.3
4.37

4/16
/202

0.05.

39

4/16
/1202

18.3
9.08

4/22
/202
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6.30.
32

4/23
/202

10.2
7.43

4/28
/202

16.1
1.26

4/28
/202

16.1
1.41

4/28
/202

16.1
5.01
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4/28
/202

16.1
6.57

4/28
/202

16.2
3.44

4/28
/1202

16.3
3.51

4/28
/202

17.0
5.10

4/28
/1202
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17.0
8.25

4/28
/202

17.1
0.40

4/28
/1202

17.1
2.20

4/28
/202

17.1
2.45

4/28
/1202

17.1
5.06

4/28
/202
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17.1
5.48

4/28
/202

17.1
8.20

4/28
/202

17.2
0.09

4/28
/202

17.2
6.13

4/28
/202

17.2
7.14
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4/28
/202

17.3
1.47

4/28
/202

17.3
2.45

4/28
/1202

17.3
541

4/28
/202

17.3
9.09

4/28
/1202
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17.4
5.45

4/28
/202

17.4
7.55

4/28
/1202

17.4
7.58

4/28
/202

18.0
3.45

4/28
/1202

18.1
0.26

4/28
/202
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18.3
8.00

4/28
/202

18.2
4.52

4/28
/202

18.2
9.14

4/28
/202

18.4
8.36

4/28
/202

18.5
0.19
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4/28
/202

18.5
2.32

4/28
/202

18.5
541

4/28
/1202

19.2
8.32

4/28
/202

19.3
0.17

4/28
/1202
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19.4
4.41

4/28
/202

19.5
9.01

4/28
/1202

20.1
0.14

4/28
/202

20.1
1.12

4/28
/1202

20.2
6.02

4/28
/202
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20.2
8.14

4/28
/202

20.2
9.24

4/28
/202

20.3
2.23

4/28
/202

20.3
8.55

4/28
/202

20.4
0.19
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4/28
/202

20.4
3.17

4/28
/202

20.4
3.42

4/28
/1202

20.4
6.24

4/28
/202

20.4
7.05

4/28
/1202
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20.5
4.29

4/28
/202

20.5
5.55
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Frekuensi

Jems. Usia | Pendapatan Stat.us pembelian di Untuk tujuan apa anda pernah menggunakan chatbot Choki?
Kelamin Pekerjaan
Shopee
Pria 21 < Rp | Mahasiswa | Sering (3-5 | Mengecek status pesanan atau pengiriman, Mengatasi masalah
1.000.000 kali  dalam | pesanan atau pembayaran
seminggu)
Pria 22 Rp Mahasiswa | Sangat Mengecek status pesanan atau pengiriman, curhat
1.000.000 - jarang
Rp (kurang dari
2.000.000 1 kali dalam
sebulan)
Pria 21 < Rp | Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 kali  dalam | atau pengiriman, Mengatasi masalah pesanan atau pembayaran
sebulan)
Pria 21 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mengatasi masalah
3.000.000 - (1-2 kali | pesanan atau pembayaran, Mencari bantuan terkait penggunaan
4.000.000 dalam aplikasi Shopee
seminggu)
Wanita | 21 Rp Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran, Mencari bantuan terkait
2.000.000 - kali  dalam | penggunaan aplikasi Shopee
3.000.000 sebulan)
Pria 21 Rp Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman, Mengatasi masalah
3.000.000 - (1-2 kali | pesanan atau pembayaran, Mengajukan pengembalian barang (refund
4.000.000 / return)

237




dalam

seminggu)
Wanita | 23 Rp Pegawai Sangat Menanyakan informasi produk atau promo, Mengecek status pesanan
3.000.000 - | Swasta jarang atau pengiriman, Mengatasi masalah pesanan atau pembayaran,
4.000.000 (kurang dari | Mengajukan pengembalian barang (refund / return), Mencari bantuan
1 kali dalam | terkait penggunaan aplikasi Shopee
sebulan)
Pria 22 < Rp | Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
1.000.000 kali  dalam | barang (refund / return), Mencari bantuan terkait penggunaan aplikasi
sebulan) Shopee
Pria 21 > Rp | Mahasiswa | Sering (3—-5 | Mengecek status pesanan atau pengiriman, Mengatasi masalah
4.000.000 kali  dalam | pesanan atau pembayaran
seminggu)
Wanita | 21 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo
3.000.000 - (1-2 kali
4.000.000 dalam
seminggu)
Pria 19 > Rp | Freelance | Sangatsering | Mengajukan pengembalian barang (refund / return)
4.000.000 (hampir
setiap hari)
Wanita | 23 < Rp | Mahasiswa | Cukup sering | Mengatasi masalah pesanan atau pembayaran, Mengajukan
1.000.000 (1-2 kali | pengembalian barang (refund / return)
dalam
seminggu)
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Wanita | 21 < Rp | Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 kali  dalam | atau pengiriman, Mengatasi masalah pesanan atau pembayaran,
sebulan) Mengajukan pengembalian barang (refund / return)
Wanita | 22 < Rp | Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran, Mengajukan
1.000.000 kali  dalam | pengembalian barang (refund / return)
sebulan)
Pria 23 Rp Freelance | Cukup sering | Mengecek status pesanan atau pengiriman
3.000.000 - (12 kali
4.000.000 dalam
seminggu)
Wanita | 23 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
3.000.000 - kali  dalam | atau pengiriman, Mengatasi masalah pesanan atau pembayaran,
4.000.000 sebulan) Mengajukan pengembalian barang (refund / return)
Pria 21 Rp Mahasiswa | Cukup sering | Mengatasi masalah pesanan atau pembayaran, Mencari bantuan terkait
2.000.000 - (1-2 kali | penggunaan aplikasi Shopee
3.000.000 dalam
seminggu)
Wanita | 21 Rp Pelajar Jarang (1-2 | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
1.000.000 - kali  dalam | barang (refund / return)
Rp sebulan)
2.000.000
Pria 23 Rp Freelance | Cukup sering | Menanyakan informasi produk atau promo, Mengatasi masalah
2.000.000 - (1-2 kali | pesanan atau pembayaran, Mengajukan pengembalian barang (refund
3.000.000 / return)
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dalam

seminggu)
Wanita | 21 Rp Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman, Mengatasi masalah
3.000.000 - (12 kali | pesanan atau pembayaran, Mengajukan pengembalian barang (refund
4.000.000 dalam / return)
seminggu)
Pria 19 Rp Mahasiswa | Sangat Mengecek status pesanan atau pengiriman, Mengatasi masalah
1.000.000 - jarang pesanan atau pembayaran, Mengajukan pengembalian barang (refund
Rp (kurang dari | / return)
2.000.000 1 kali dalam
sebulan)
Pria 24 > Rp | Wirausaha | Cukup sering | Menanyakan informasi produk atau promo, Mengatasi masalah
4.000.000 (1-2 kali | pesanan atau pembayaran, Mencari bantuan terkait penggunaan
dalam aplikasi Shopee
seminggu)
Pria 23 > Rp | Mahasiswa | Sering (3—-5 | Mengatasi masalah pesanan atau pembayaran, Mengajukan
4.000.000 kali  dalam | pengembalian barang (refund / return)
seminggu)
Wanita | 20 Rp Mahasiswa | Sangat Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
1.000.000 - jarang barang (refund / return)
Rp (kurang dari
2.000.000 1 kali dalam

sebulan)
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Pria 17 < Rp | Pelajar Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 kali  dalam | atau pengiriman, Mengajukan pengembalian barang (refund / return),
sebulan) Mencari bantuan terkait penggunaan aplikasi Shopee
Wanita | 19 < Rp | Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman, Mengatasi masalah
1.000.000 kali  dalam | pesanan atau pembayaran, Mencari bantuan terkait penggunaan
sebulan) aplikasi Shopee
Pria 22 Rp Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
2.000.000 - (12 kali | barang (refund / return), Mencari bantuan terkait penggunaan aplikasi
3.000.000 dalam Shopee
seminggu)
Pria 21 Rp Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman, Mengatasi masalah
1.000.000 - (12 kali | pesanan atau pembayaran, Mengajukan pengembalian barang (refund
Rp dalam / return)
2.000.000 seminggu)
Pria 23 Rp Freelance | Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
2.000.000 - (1-2 kali | atau pengiriman, Mencari bantuan terkait penggunaan aplikasi Shopee
3.000.000 dalam
seminggu)
Wanita | 20 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 - kali  dalam | atau pengiriman, Mencari bantuan terkait penggunaan aplikasi Shopee
Rp sebulan)
2.000.000
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Pria 17 > Rp | Pelajar Sangat Mengecek status pesanan atau pengiriman, Mengatasi masalah
4.000.000 jarang pesanan atau pembayaran, Mencari bantuan terkait penggunaan
(kurang dari | aplikasi Shopee
1 kali dalam
sebulan)
Wanita | 22 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo
2.000.000 - kali  dalam
3.000.000 sebulan)
Pria 21 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 - (1-2 kali | atau pengiriman, Mencari bantuan terkait penggunaan aplikasi Shopee
Rp dalam
2.000.000 seminggu)
Pria 21 > Rp | Mahasiswa | Sangat sering | Mengatasi masalah pesanan atau pembayaran
4.000.000 (hampir
setiap hari)
Pria 22 Rp Mahasiswa | Sering (3—5 | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
1.000.000 - kali  dalam | barang (refund / return), Mencari bantuan terkait penggunaan aplikasi
Rp seminggu) Shopee
2.000.000
Pria 22 Rp Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
1.000.000 - kali  dalam
Rp sebulan)
2.000.000
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Wanita | 21 Rp Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman, Mengatasi masalah
2.000.000 - kali  dalam | pesanan atau pembayaran
3.000.000 sebulan)
Wanita | 23 > Rp | Mahasiswa | Sering (3—5 | Mencari bantuan terkait penggunaan aplikasi Shopee
4.000.000 kali  dalam
seminggu)
Pria 21 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo
1.000.000 - (12 kali
Rp dalam
2.000.000 seminggu)
Pria 21 Rp Mahasiswa | Cukup sering | Mengatasi masalah pesanan atau pembayaran, Mengajukan
2.000.000 - (1-2 kali | pengembalian barang (refund / return), Mencari bantuan terkait
3.000.000 dalam penggunaan aplikasi Shopee
seminggu)
Pria 23 > Rp | Freelance | Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
4.000.000 (1-2 kali | atau pengiriman, Mengatasi masalah pesanan atau pembayaran,
dalam Mengajukan pengembalian barang (refund / return)
seminggu)
Pria 21 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
3.000.000 - (1-2 kali | atau pengiriman
4.000.000 dalam
seminggu)
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Pria 22 Rp Mahasiswa | Sangat Menanyakan informasi produk atau promo, Mengecek status pesanan
2.000.000 - jarang atau pengiriman, Mengatasi masalah pesanan atau pembayaran,
3.000.000 (kurang dari | Mengajukan pengembalian barang (refund / return)
1 kali dalam
sebulan)
Pria 26 > Rp | Pegawai Sangat sering | Mengatasi masalah pesanan atau pembayaran, Mengajukan
4.000.000 | Swasta (hampir pengembalian barang (refund / return), Mencari bantuan terkait
setiap hari) penggunaan aplikasi Shopee
Wanita | 22 < Rp | Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman, Mengatasi masalah
1.000.000 kali  dalam | pesanan atau pembayaran, Mengajukan pengembalian barang (refund
sebulan) / return), Mencari bantuan terkait penggunaan aplikasi Shopee
Wanita | 22 < Rp | Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
1.000.000 kali  dalam
sebulan)
Wanita | 30 Rp Pegawai Cukup sering | Menanyakan informasi produk atau promo, Mengajukan
1.000.000 - | Negeri (1-2 kali | pengembalian barang (refund / return)
Rp Sipil dalam
2.000.000 seminggu)
Wanita | 25 Rp Pegawai Cukup sering | Mengecek status pesanan atau pengiriman
2.000.000 - | Swasta (1-2 kali
3.000.000 dalam
seminggu)
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Pria 23 Rp Pegawai Cukup sering | Mengecek status pesanan atau pengiriman
2.000.000 - | Swasta (12 kali
3.000.000 dalam
seminggu)
Pria 23 Rp Wirausaha | Jarang (1-2 | Mengecek status pesanan atau pengiriman
2.000.000 - kali  dalam
3.000.000 sebulan)
Pria 25 Rp Wirausaha | Cukup sering | Mengecek status pesanan atau pengiriman
2.000.000 - (12 kali
3.000.000 dalam
seminggu)
Pria 24 Rp Wirausaha | Cukup sering | Mengecek status pesanan atau pengiriman
3.000.000 - (12 kali
4.000.000 dalam
seminggu)
Wanita | 22 Rp Pegawai Cukup sering | Mencari bantuan terkait penggunaan aplikasi Shopee
2.000.000 - | Swasta (12 kali
3.000.000 dalam
seminggu)
Pria 24 Rp Wirausaha | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran
2.000.000 - kali  dalam
3.000.000 sebulan)
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Pria 26 Rp Pegawai Jarang (1-2 | Menanyakan informasi produk atau promo
3.000.000 - | Swasta kali  dalam
4.000.000 sebulan)

Wanita | 24 Rp Wirausaha | Cukup sering | Mengecek status pesanan atau pengiriman
2.000.000 - (12 kali
3.000.000 dalam

seminggu)

Wanita | 24 Rp Wirausaha | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran
2.000.000 - kali  dalam
3.000.000 sebulan)

Pria 25 Rp Pegawai Cukup sering | Mengatasi masalah pesanan atau pembayaran
2.000.000 - | Swasta (1-2 kali
3.000.000 dalam

seminggu)

Wanita | 23 Rp Freelance | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran
1.000.000 - kali  dalam
Rp sebulan)
2.000.000

Wanita | 23 Rp Pegawai Jarang (12 | Mengatasi masalah pesanan atau pembayaran
2.000.000 - | Swasta kali  dalam
3.000.000 sebulan)

Wanita | 26 Rp Wirausaha | Cukup sering | Mengatasi masalah pesanan atau pembayaran
2.000.000 - (12 kali
3.000.000
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dalam

seminggu)
Pria 26 Rp Pegawai Cukup sering | Mengatasi masalah pesanan atau pembayaran
2.000.000 - | Swasta (1-2 kali
3.000.000 dalam
seminggu)
Pria 23 Rp Pegawai Cukup sering | Mencari bantuan terkait penggunaan aplikasi Shopee
2.000.000 - | Swasta (12 kali
3.000.000 dalam
seminggu)
Wanita | 26 Rp Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman
1.000.000 - (12 kali
Rp dalam
2.000.000 seminggu)
Wanita | 25 Rp Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman
1.000.000 - (1-2 kali
Rp dalam
2.000.000 seminggu)
Pria 25 Rp Pegawai Jarang (12 | Mengatasi masalah pesanan atau pembayaran
2.000.000 - | Swasta kali  dalam
3.000.000 sebulan)
Pria 28 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo
1.000.000 - kali  dalam
sebulan)
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Rp

2.000.000
Pria 27 Rp Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
1.000.000 - kali  dalam
Rp sebulan)
2.000.000
Pria 26 Rp Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
2.000.000 - kali  dalam
3.000.000 sebulan)
Wanita | 26 Rp Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
1.000.000 - kali  dalam
Rp sebulan)
2.000.000
Pria 25 Rp Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
1.000.000 - kali  dalam
Rp sebulan)
2.000.000
Pria 20 < Rp | Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran
1.000.000 kali  dalam
sebulan)
Wanita | 21 < Rp | Mahasiswa | Cukup sering | Mengatasi masalah pesanan atau pembayaran
1.000.000 (12 kali
dalam
seminggu)
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Pria 25 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo
1.000.000 - kali  dalam
Rp sebulan)
2.000.000

Pria 27 Rp Mahasiswa | Sangat Mengecek status pesanan atau pengiriman
1.000.000 - jarang
Rp (kurang dari
2.000.000 1 kali dalam

sebulan)

Wanita | 22 Rp Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
1.000.000 - (1-2 kali | barang (refund / return)
Rp dalam
2.000.000 seminggu)

Pria 29 Rp Pegawai Sering (3—5 | Mengecek status pesanan atau pengiriman
2.000.000 - | Negeri kali  dalam
3.000.000 | Sipil seminggu)

Wanita | 23 Rp Mahasiswa | Sering (3—-5 | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
2.000.000 - kali  dalam | barang (refund / return)
3.000.000 seminggu)

Wanita | 24 Rp Pegawai Sering (3-5 | Mengatasi masalah pesanan atau pembayaran
3.000.000 - | Swasta kali  dalam
4.000.000 seminggu)
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Pria 23 Rp Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran
2.000.000 - kali  dalam
3.000.000 sebulan)
Pria 21 Rp Mahasiswa | Sering (3—5 | Mengatasi masalah pesanan atau pembayaran
1.000.000 - kali  dalam
Rp seminggu)
2.000.000
Pria 28 Rp Wirausaha | Sering (3-5 | Mengajukan pengembalian barang (refund / return)
3.000.000 - kali  dalam
4.000.000 seminggu)
Pria 22 > Rp | Pegawai Sangat sering | Menanyakan informasi produk atau promo, Mencari bantuan terkait
4.000.000 | Negeri (hampir penggunaan aplikasi Shopee
Sipil setiap hari)
Pria 23 Rp Pegawai Sering (3-5 | Mengecek status pesanan atau pengiriman, Mengatasi masalah
3.000.000 - | Swasta kali  dalam | pesanan atau pembayaran
4.000.000 seminggu)
Wanita | 27 Rp Wirausaha | Sangat sering | Mengatasi masalah pesanan atau pembayaran, Mencari bantuan terkait
3.000.000 - (hampir penggunaan aplikasi Shopee
4.000.000 setiap hari)
Pria 26 Rp Pegawai Sering (3-5 | Menanyakan informasi produk atau promo, Mengajukan
2.000.000 - | Swasta kali  dalam | pengembalian barang (refund / return)
3.000.000 seminggu)
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Wanita | 24 Rp Mahasiswa | Sering (3—5 | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
1.000.000 - kali  dalam | barang (refund / return)
Rp seminggu)
2.000.000
Pria 23 Rp Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman
2.000.000 - (1-2 kali
3.000.000 dalam
seminggu)
Pria 24 Rp Pegawai Sering (3—5 | Mencari bantuan terkait penggunaan aplikasi Shopee
3.000.000 - | Negeri kali  dalam
4.000.000 | Sipil seminggu)
Pria 22 Rp Mahasiswa | Cukup sering | Mencari bantuan terkait penggunaan aplikasi Shopee
2.000.000 - (12 kali
3.000.000 dalam
seminggu)
Pria 22 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo
1.000.000 - (12 kali
Rp dalam
2.000.000 seminggu)
Wanita | 25 Rp Freelance | Sangatsering | Menanyakan informasi produk atau promo, Mengatasi masalah
3.000.000 - (hampir pesanan atau pembayaran
4.000.000 setiap hari)
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Pria 21 < Rp | Mahasiswa | Sering (3-5 | Mengajukan pengembalian barang (refund / return)
1.000.000 kali  dalam
seminggu)
Wanita | 30 Rp Pegawai Sangat sering | Mengecek status pesanan atau pengiriman, Mencari bantuan terkait
3.000.000 - | Negeri (hampir penggunaan aplikasi Shopee
4.000.000 | Sipil setiap hari)
Wanita | 20 Rp Mahasiswa | Sangat sering | Mengecek status pesanan atau pengiriman
2.000.000 - (hampir
3.000.000 setiap hari)
Wanita | 27 Rp Freelance | Sering (3—5 | Mengatasi masalah pesanan atau pembayaran, Mencari bantuan terkait
2.000.000 - kali  dalam | penggunaan aplikasi Shopee
3.000.000 seminggu)
Pria 28 Rp Wirausaha | Sering (3—-5 | Menanyakan informasi produk atau promo, Mengecek status pesanan
3.000.000 - kali  dalam | atau pengiriman
4.000.000 seminggu)
Wanita | 24 Rp Pegawai Sangat sering | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
2.000.000 - | Negeri (hampir barang (refund / return)
3.000.000 | Sipil setiap hari)
Pria 20 Rp Mahasiswa | Sering (3—5 | Mengecek status pesanan atau pengiriman, Mengatasi masalah
1.000.000 - kali  dalam | pesanan atau pembayaran
Rp seminggu)
2.000.000
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Wanita | 22 Rp Pegawai Cukup sering | Mengecek status pesanan atau pengiriman
2.000.000 - | Swasta (12 kali
3.000.000 dalam
seminggu)
Wanita | 28 Rp Pegawai Sangat sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
3.000.000 - | Swasta (hampir atau pengiriman
4.000.000 setiap hari)
Pria 29 > Rp | Wirausaha | Sering (3-5 | Mengatasi masalah pesanan atau pembayaran, Mencari bantuan terkait
4.000.000 kali  dalam | penggunaan aplikasi Shopee
seminggu)
Pria 24 Rp Freelance | Sangat sering | Menanyakan informasi produk atau promo, Mencari bantuan terkait
2.000.000 - (hampir penggunaan aplikasi Shopee
3.000.000 setiap hari)
Wanita | 29 Rp Pegawai Sangat sering | Mengecek status pesanan atau pengiriman, Mengatasi masalah
3.000.000 - | Swasta (hampir pesanan atau pembayaran
4.000.000 setiap hari)
Pria 22 Rp Mahasiswa | Sering (3-5 | Menanyakan informasi produk atau promo, Mengajukan
3.000.000 - kali  dalam | pengembalian barang (refund / return)
4.000.000 seminggu)
Wanita | 20 < Rp | Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran
1.000.000 kali  dalam
sebulan)
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Wanita | 22 < Rp | Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran, Mengajukan
1.000.000 kali  dalam | pengembalian barang (refund / return), Mencari bantuan terkait
sebulan) penggunaan aplikasi Shopee
Pria 22 Rp Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
1.000.000 - kali  dalam
Rp sebulan)
2.000.000
Pria 20 < Rp | Freelance | Sering (3-5 | Mengecek status pesanan atau pengiriman
1.000.000 kali  dalam
seminggu)
Pria 22 < Rp | Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
1.000.000 kali  dalam
sebulan)
Pria 21 Rp Mahasiswa | Sangat sering | Mengatasi masalah pesanan atau pembayaran
2.000.000 - (hampir
3.000.000 setiap hari)
Pria 22 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mengatasi masalah
1.000.000 - (1-2 kali | pesanan atau pembayaran
Rp dalam
2.000.000 seminggu)
Pria 18 > Rp | Pelajar Sangat sering | Menanyakan informasi produk atau promo
4.000.000 (hampir

setiap hari)
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Pria 22 < Rp | Freelance | Jarang (1-2 | Mencari bantuan terkait penggunaan aplikasi Shopee
1.000.000 kali  dalam
sebulan)
Pria 22 < Rp | Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran
1.000.000 kali  dalam
sebulan)
Wanita | 22 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mengatasi masalah
3.000.000 - (12 kali | pesanan atau pembayaran, Mencari bantuan terkait penggunaan
4.000.000 dalam aplikasi Shopee
seminggu)
Pria 21 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo
2.000.000 - kali  dalam
3.000.000 sebulan)
Pria 24 > Rp | Freelance | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran, Mengajukan
4.000.000 kali  dalam | pengembalian barang (refund / return)
sebulan)
Wanita | 21 Rp Mahasiswa | Cukup sering | Mengatasi masalah pesanan atau pembayaran
3.000.000 - (1-2 kali
4.000.000 dalam
seminggu)
Wanita | 19 < Rp | Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo
1.000.000 kali  dalam
sebulan)
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Pria 20 < Rp | Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 kali  dalam | atau pengiriman
sebulan)
Pria 22 < Rp | Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 kali  dalam | atau pengiriman
sebulan)
Wanita | 24 Rp Freelance | Sangat Mengecek status pesanan atau pengiriman, Mengatasi masalah
2.000.000 - jarang pesanan atau pembayaran, Mencari bantuan terkait penggunaan
3.000.000 (kurang dari | aplikasi Shopee
1 kali dalam
sebulan)
Pria 18 Rp Mahasiswa | Sering (3-5 | Saya driver shopee chatbot shopee menurut saya kurang efisien dalam
1.000.000 - kali  dalam | penyelesaian masalah sehingga banyak driver shopee yg tidak nyaman
Rp seminggu) atau merasa tidak berguna menggunakan chat boot dari Shopee ini.
2.000.000
Pria 22 < Rp | Mahasiswa | Sangat Mengecek status pesanan atau pengiriman
1.000.000 jarang
(kurang dari
1 kali dalam
sebulan)
Pria 22 < Rp | Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran, Mencari bantuan terkait
1.000.000 kali  dalam | penggunaan aplikasi Shopee
sebulan)
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Wanita | 20 > Rp | Mahasiswa | Sering (3—5 | Menanyakan informasi produk atau promo, Mengatasi masalah
4.000.000 kali  dalam | pesanan atau pembayaran, Mengajukan pengembalian barang (refund
seminggu) / return)
Pria 21 < Rp | Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 kali  dalam | atau pengiriman
sebulan)
Pria 22 Rp Freelance | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
2.000.000 - kali  dalam | atau pengiriman, Mengatasi masalah pesanan atau pembayaran,
3.000.000 sebulan) Mengajukan pengembalian barang (refund / return), Mencari bantuan
terkait penggunaan aplikasi Shopee
Wanita | 30 Rp Pegawai Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
2.000.000 - | Swasta (12 kali | atau pengiriman, Mengatasi masalah pesanan atau pembayaran,
3.000.000 dalam Mengajukan pengembalian barang (refund / return), Mencari bantuan
seminggu) terkait penggunaan aplikasi Shopee
Wanita | 17 < Rp | Pelajar Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 (1-2 kali | atau pengiriman, Mengatasi masalah pesanan atau pembayaran
dalam
seminggu)
Pria 28 > Rp | Pegawai Cukup sering | Mengecek status pesanan atau pengiriman
4.000.000 | Swasta (1-2 kali
dalam
seminggu)
Pria 20 < Rp | Mahasiswa | Sangat Mengecek status pesanan atau pengiriman
1.000.000 jarang
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(kurang dari
1 kali dalam

sebulan)
Wanita | 22 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
3.000.000 - (12 kali | atau pengiriman, Mengatasi masalah pesanan atau pembayaran,
4.000.000 dalam Mengajukan pengembalian barang (refund / return), Mencari bantuan
seminggu) terkait penggunaan aplikasi Shopee
Pria 21 < Rp | Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran, Mengajukan
1.000.000 kali  dalam | pengembalian barang (refund / return)
sebulan)
Wanita | 24 > Rp | Pegawai Sangat Mengatasi masalah pesanan atau pembayaran, Mengajukan
4.000.000 | Swasta jarang pengembalian barang (refund / return)
(kurang dari
1 kali dalam
sebulan)
Pria 20 < Rp | Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mencari bantuan terkait
1.000.000 (1-2 kali | penggunaan aplikasi Shopee
dalam
seminggu)
Wanita | 24 Rp Pegawai Sering (3-5 | Mengecek status pesanan atau pengiriman, Mencari bantuan terkait
3.000.000 - | Swasta kali  dalam | penggunaan aplikasi Shopee
4.000.000 seminggu)
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Pria 22 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
3.000.000 - (12 kali | atau pengiriman, Mengatasi masalah pesanan atau pembayaran
4.000.000 dalam
seminggu)
Pria 20 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengatasi masalah
1.000.000 - kali  dalam | pesanan atau pembayaran
Rp sebulan)
2.000.000
Wanita | 22 Rp Mahasiswa | Cukup sering | Mengajukan pengembalian barang (refund / return)
1.000.000 - (12 kali
Rp dalam
2.000.000 seminggu)
Wanita | 23 Rp Mahasiswa | Cukup sering | Mengajukan pengembalian barang (refund / return)
1.000.000 - (12 kali
Rp dalam
2.000.000 seminggu)
Pria 22 Rp Mahasiswa | Sering (3—-5 | Menanyakan informasi produk atau promo, Mengatasi masalah
2.000.000 - kali  dalam | pesanan atau pembayaran
3.000.000 seminggu)
Wanita | 19 < Rp | Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman, Mengatasi masalah
1.000.000 (12 kali | pesanan atau pembayaran
dalam
seminggu)
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Wanita | 21 Rp Mahasiswa | Sering (3-5 | Mengatasi masalah pesanan atau pembayaran, Mengajukan
1.000.000 - kali  dalam | pengembalian barang (refund / return), Mencari bantuan terkait
Rp seminggu) penggunaan aplikasi Shopee
2.000.000

Pria 28 > Rp | Pegawai Cukup sering | Mengatasi masalah pesanan atau pembayaran
4.000.000 | Swasta (1-2 kali

dalam
seminggu)

Wanita | 24 Rp Pegawai Jarang (1-2 | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
3.000.000 - | Swasta kali  dalam | barang (refund / return), Mencari bantuan terkait penggunaan aplikasi
4.000.000 sebulan) Shopee

Wanita | 22 Rp Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran
1.000.000 - kali  dalam
Rp sebulan)
2.000.000

Wanita | 22 Rp Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman, Mengajukan pengembalian
1.000.000 - kali  dalam | barang (refund / return)
Rp sebulan)
2.000.000

Wanita | 22 Rp Mahasiswa | Cukup sering | Mengecek status pesanan atau pengiriman, Mengatasi masalah
1.000.000 - (12 kali | pesanan atau pembayaran, Mengajukan pengembalian barang (refund
Rp dalam / return)
2.000.000 seminggu)
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Pria 20 < Rp | Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo
1.000.000 kali  dalam
sebulan)
Wanita | 22 Rp Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 - (12 kali | atau pengiriman, Mengatasi masalah pesanan atau pembayaran
Rp dalam
2.000.000 seminggu)
Pria 21 > Rp | Pegawai Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran
4.000.000 | Swasta kali  dalam
sebulan)
Pria 25 > Rp | Freelance | Sangatsering | Mengecek status pesanan atau pengiriman, Mengatasi masalah
4.000.000 (hampir pesanan atau pembayaran, Mencari bantuan terkait penggunaan
setiap hari) aplikasi Shopee
Pria 22 > Rp | Mahasiswa | Jarang (1-2 | Mengatasi masalah pesanan atau pembayaran, Mengajukan
4.000.000 kali  dalam | pengembalian barang (refund / return)
sebulan)
Pria 20 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
2.000.000 - kali  dalam | atau pengiriman, Mengatasi masalah pesanan atau pembayaran
3.000.000 sebulan)
Wanita | 22 < Rp | Mahasiswa | Cukup sering | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 (12 kali | atau pengiriman, Mengajukan pengembalian barang (refund / return),
dalam Mencari bantuan terkait penggunaan aplikasi Shopee
seminggu)
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Wanita | 20 > Rp | Pegawai Cukup sering | Mengatasi masalah pesanan atau pembayaran
4.000.000 | Swasta (1-2 kali
dalam
seminggu)
Wanita | 21 < Rp | Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
1.000.000 kali  dalam
sebulan)
Pria 23 Rp Mahasiswa | Cukup sering | Mencari bantuan terkait penggunaan aplikasi Shopee
2.000.000 - (12 kali
3.000.000 dalam
seminggu)
Wanita | 19 Rp Mahasiswa | Jarang (1-2 | Mengecek status pesanan atau pengiriman
1.000.000 - kali  dalam
Rp sebulan)
2.000.000
Wanita | 21 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
1.000.000 - kali  dalam | atau pengiriman, Mengatasi masalah pesanan atau pembayaran,
Rp sebulan) Mengajukan pengembalian barang (refund / return), Mencari bantuan
2.000.000 terkait penggunaan aplikasi Shopee
Pria 22 < Rp | Mahasiswa | Sangat Mengajukan pengembalian barang (refund / return), Mencari bantuan
1.000.000 jarang terkait penggunaan aplikasi Shopee

(kurang dari
1 kali dalam
sebulan)
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Wanita | 19 < Rp | Mahasiswa | Sangat Mengecek status pesanan atau pengiriman, Mengatasi masalah
1.000.000 jarang pesanan atau pembayaran, Mengajukan pengembalian barang (refund
(kurang dari | / return)
1 kali dalam
sebulan)
Pria 22 Rp Mahasiswa | Jarang (1-2 | Menanyakan informasi produk atau promo, Mengecek status pesanan
2.000.000 - kali  dalam | atau pengiriman
3.000.000 sebulan)
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Construct reliability and validity - Overview Copy to Excel/Wort

Cronbach's alpha Composite reliability (rho_a) Composite reliability (ho_c)  Average variance extracted (AVE)
ANTH 0.867 0.880 0.910 0.716
CEX 0.862 0.862 0.936 0.879
CIT 0.787 0.834 0.859 0.606
cul 0.874 0.874 0.922 0.799
PE 0.797 0.798 0.908 0831
PEOU 0.650 0.716 0.80% 0.581
Sl 0.846 0:848 0.907 0.765

Collinearity statistics (VIF) - Inner model -

VIF
d A d 0 IR - ANTH -> CEX 3.760

Discriminant validity - Heterotrait-monotr... :
ANTH -> CIT 1.000
ANTH -= CUI 2.463

ANTH CEX CIT cul PE PEOU Sl

ANTH -> PE 0
ANTH ANTH -= PEOU 1.000
EEX i ANTH ->SI 1.000
cm 0852 0841 CEX->CUI 2:463
cul 0.807 0.865 0.854 CIT -> CEX 2745
PE 0.833 0.844 0.785 0.883 PE -5 CEX 2124
PEOU 0.768 0.687 0.896 0.670 0.654 PEOU -> CEX 1813
Sl 0.849 0.856 0.722 0.687 0.642 0.47; Sl -> CEX 2359
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Path coefficients - Mean, STDEV, T value...

ANTH -> CEX
ANTH -= CIT
ANTH -> CUI
ANTH -= PE
ANTH -> PEOU
ANTH -> SI
CEX->CUI
CIT->CEX
PE -> CEX
PEOU -> CEX
Sl -= CEX

Original sample (0)
0173
0.730
0.320
0697
0.594
0737
0505
0.202
0.239
0.080
0.320

Sample mean (M)
0.167
0731
0.320
0698
0.595
0.739
0507
0209
0.240
0.084
0314

Standard deviation (STDEV)
0.083
0.042

0.113
0.043
0.0585
0.042

0132
0.074
0.096
0.058
0.089

Copy to Excel/Word

T statistics (|O/STDEV|) Pvalues
2.0M 0.037

17563 0.000

2.825 0.005

16.031 0.000

10.895 0.000

17.608 0.000

3.826 0.000

2728 0.006

2.485 0.013

1.394 0.163

3.607 0.000
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Specific indirect effects - Mean, STDEV, ... Copy to Excel/Word = Copy to

Original sample (0) Sample mean (M) Standard deviation (STDEV) T statistics (| O/STDEV]) Pvalues
ANTH -> CEX->CUI 0.087 0.083 0.044 1.992 0.046
CIT -> CEX -> CUI 0.102 0.109 0.053 1.918 0.055
PE -> CEX -> CUI 0121 0129 0.070 1.737 0.082
ANTH -> PEOU - > CEX -> CUI 0.024 0.025 0.019 1.296 0.195
PEOU -> CEX -> CUI 0.040 0.042 0.030 1.337 0.181
ANTH -> S1-> CEX -> CUI 0119 01m4 0.037 3.198 0.001
Sl-> CEX->CUI 0.162 0154 0.048 3.336 0.001
ANTH -> PE -> CEX -> CUI 0.084 0.090 0.050 1.695 0.090
ANTH -> CIT -> CEX ->CUI 0.074 0.079 0.038 1954 0.051
ANTH -> 51-= CEX 0.236 0232 0.068 3472 0.001
ANTH -> PEQU - > CEX 0.048 0.051 0.036 1.330 0.184
ANTH -> PE -> CEX 0167 0168 0.070 2372 0.018
ANTH -> CIT -> CEX 0.147 0.153 0.054 2717 0.007
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Total effects - Mean, STDEV, T values, p... Copy to Excel/Word

Original sample (O) Sample mean (M) Standard deviation (STDEV) T statistics (|OfSTDEV]) Pvalues
ANTH -= CEX 0771 0771 0.032 241 0.000
ANTH -= CIT 0.730 0.731 0.042 17563 0.000
ANTH-=>CUI 0.709 0712 0.041 17.210 0.000
ANTH -=> PE 0697 0698 0.043 16.031 0.000
ANTH -> PEOU 0594 0595 0.055 10.895 0.000
ANTH -> SI 0737 0.739 0.042 17.608 0.000
CEX-=CUI 0505 0.507 0132 3.826 0.000
CIT -= CEX 0202 0.209 0.074 2728 0.006
CIT-=Ccul 0.102 0109 0.053 1.918 0.055
PE -> CEX 0.239 0.240 0.096 2.485 0.013
PE-=CUI 0121 0129 0.070 1.737 0.082
PEOU -= CEX 0.080 0.084 0.058 1.394 0.163
PEOU -= CUI 0.040 0.042 0.030 1.337 0.181
Sl -= CEX 0.320 0.314 0.089 3607

Sl ->CuUl 0.162 0.154 0.048 3.336 0.001
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Abstract
Purpose — This study aims to investigate the effect of chatbot anthropomorphism on chatbot acceptance,
initial trust, customer experience and chatbot usage intention.

ign hodology/approach — Data were collected through an online survey. A sample of 369 higher
education students from Tunisia was selected. To test the hypotheses, the data analysis was conducted using
structural equation modeling (SEM) with AMOS 23,
Findings — Results reveal that, anthropomorphism has a significant effect on perceived ease of use, performance
expectancy, social influence and initial trust. These factors, in turn, influence customer experience. Furthermore,
anthropomorphism positively stimulates customer experience with chatbots, and chatbot usage intention.
Originality/value — This paper attempts to enrich the existing body of chatbot anthropomarphism literature
by proposing and testing, under the umbrella of technology acceptance model and unified theory of acceptance
and use of technology theories, a novel conceptual model that highlights the role of chatbot anthropomorphism
in technology acceptance, customer experience and chatbot usage intention.

Keywords Chatbot anthropomorphism, Customer experience, Initial trust, TAM, UTAUT,
Social influence

Paper type Research paper

1. Introduction
In the last decade, the rapid advancement of artificial intelligence (AI) has radically
transformed consumer behavior and revolutionized the marketing landscape. This
transformation has led to an exponential growth of research on this topic (Jain et al., 2024).
This development in Al marketing, consumer research and customer psychology has made it
possible for companies to integrate chatbots into the customer service frontline (Mariani
et al., 2023). They have emerged as a pivotal tool for customer interaction. Also called digital
assistants, conversation entity and smart bot, the chatbot system can be defined as “a
software program that interacts with users using natural language” (Ciechanowski et al.,
2019, p. 540). Hence, it's a dehumanization of what is human and a humanization of
technology (Kaczorowska-Spychalska, 2019, p. 253). These trending new technologies,

IemaenedoumalofQualty designed to simulate human-like conversations through text or speech, are functioning as

e interactive virtual assistants for users (Bakkouri et al., 2022).

© Emerald Publishing Limited Chatbot integration in marketing operations enables companies to provide an immersive

1756-669X . . . .
pol weugssceasears  EXperience to customers (Mogaiji et al., 2021), as anthropomorphic features in nonhuman
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entities help farm with them (Waytz et al., 2014).

International

and
According 1o Epley et al. (2007, p. 864) anthropomorphism is “the tendency to un'tmg the Journal of Quality

real or imagined behavior of non-human agents with human-like characteristics,
motivations, intentions or emotions.” In other words, anthropomorphism refers to the extent
to which customers or users perceive robotic technologies as human-like (Bartneck et al.,
2009). have that chathat enhances the
effectiveness of human—computer interactions, creating a more comfortable and engaging
communication experience for users (Lajante and Dohm, 2024; Park et al., 2024).

However, despite the growing use of chathots, dlallellgu often lead o user frustration
and mistrust in these novel technologies, pushing many consumers to prefer human agents
over automated solutions (Lajante and Dohm, 2024). While trust plays a critical rale in
shaping customer acceptance of Al-driven technologies, its role in chatbot interactions has
been insufficiently explored (Nguyen et al., 2023), Thus, understanding the relationship
between anthroy and trust is essential for enhancing customer acceptance of these
technologies (Chi and Hoang Vu, 2023). Moreover, previous research has also demonstrated
the direct relationship between chathot humanlike behaviors and consumers’ intention to use
it more frequently (Wei et al., 2024).

‘What distinguishes the current study from existing ones is its simultaneous integration of
key elements from the technology acceptance model (TAM) and unified theory of acoeptance
and use of technology (UTAUT) theories while extending them with chatbot
anthropomorphism and additional factors to explore their collective impact on chatbot usage
intention in the specific context of emergent marikets.

Despite their extensive use in the field of u:rJlnnlngy adoption research, TAM and
UTAUT models have limii when applied i lly. TAM focuses on user

hrou, dividual-1 d ease of use and perceived
nselulneu), whereas UTAUT addnsses the social psychological challenges (Robles-
Gomez et al., 2021) providing a holistic understanding of user behavior by incorporating

social and faci factors and social i (llieva er al.,
2024). Hence, the cnmhlniuun of l]leTAM and UTAUT models is particularly wlevln( to
provide a more of user ions to adopt new

(Robles-Gémez et al., 2021), To note, social value is more important in determining

various behaviors of customers in the context of developing countries (Emest Mrumhnwa
et al., 2024). Aligning with recent studies aiming to understand the factors that drive
usms' intentions to adopt chatbots (Wei et al., 2024; Pizzi et al, 2023), the present
msnlth addresses customers technology acceptance identified by TAM and UTAUT

Whlluuswldelymmgdaedm: UTAUT is an extension of TAM, it has been argued that
e actual structure of UTAUT framework is somewhat obsolete and outdates, asserting an
integrated analysis or reexamination of both theories (Bayaga and Du Plessis, 2023). The
proposed model builds on bath TAM and UTAUT, combining their strengths to address the
technological and psychosocial aspects of adoption, leveraging the advantages of both
frameworks (Robles-Gomez et al., 2021) while contributing to their sustained popularity in
both research and practke(lheuel al., 2024).
Furthermore, existing chathot research has predominantly been concentrated on
European, North American and Asian regions, with Europe leading the field of studies on
Al chatbots in customer scrvice l'Nlmlum and Tudorache, 2022). However, there
remains a critical gap in unde usage intentions in emerging markets,
‘where adopiion is still in its early stages and the influence of technology acceptance
drivers may differ significantly from those observed in more established markets
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(De Keyser and Kunz, 2022; Malik et al., 2021). Although AT has been acknowledged as a
significant disruptor in these regions, the dynamiu of andwopomor_ulnsm in consumer
behavior within developing economies Nguyen et al., 2023). More
specifically, there is a lack of empirical studies exploring whether reactions to
anthropomorphism are more favorable in Eastern countries (Baskentli et al., 2023). For
instance, the developed countries with their individualistic values, often prioritize
efficiency and achievement (Liu et al., 2024). In contrast, collectivistic emphasizes

and family bonds (Hofstede, 2011), These essential cultural values
may impact how conversational agents” services are perceived, particularly in terms of
competence and warmth (Mostafa and Albloushy, 2021). Notably, the collectivistic
consumers exhibit a significantly stronger preference for anthropomorphic conversational
agents (Yanxia et al., 2024).

“This fulfills a gap we address in the following research question:

RQ1. How does chatbot anthropomorphism affect initial trust, customer experience and
usage intention, considering key factors from TAM and UTAUT?

By clarifying how chatbot influences consumer perceptions and
behaviers, the present study coniributes to the growing field of Al in marketing and offers
fresh perspectives on enhancing the effectiveness of Al chatbots in customer service. The
findings aim to provide valuable insights for marketers and developers seeking to optimize
chatbot design to improve customer experience and technology adoption. In addition, this
study follows the interesting need for examination of UTAUT and TAM models when
applied in the context of a developing country service, to see if usage intention in this specific
context either supports or contradicts existing findings (Bayaga and Du Plessis, 2023).

2. Theoretical basis

2.1 Chatbot anthropomorphism

Anthropomorphism is an important attribute that provides increased novelty and appeals to

wirtual assistants’ technologies (Pizzi et al., 2023). Among other aspects, anthropomorphism
) represents a central topic in research that studies human-chatbot interaction

(or humanness)
(Rapp etal., 2021).
in chatbois has been explored in two primary areas: studies that
examine the chatbot’s linguistic features leading consumers to ascribe humanness such as
grammar and language, as well as its conversational style, and studies that focus on the
chatbot's human-like appearance and external design (Araujo, 2018). The general theory of
anthropomorphism (Epley et al., 2007) supports this view, positing that both appearance (the
personification of l]! chatbot) and behavior (the social orientation of its communication
) in eliciting hn i pempunns

The presem study focuses on chatbot language and i style
rather than the physical personification of chatbot design, as a way 10 enhance user
experience and build trust. This choice is supported by prior research findings suggesting that
chathot text is more preferred than a chatbot with a human vaice (Ciechanowski
etal, 2019). In addition, a key ic of chatbots is the ability of
these 1o affer polite responses and provide conversational expressions, which
users typically expect when interacting with service personnel (Lajante and Dohm, 2024).
This characteristic is crucial because it aligns with users’ expectations of human-like
interactions in customer service scenarios.
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2.2 TAM and UTAUT theories

For more than three decades, the foundational studies on the TAM by Davis (1989) and the
UTAUT by Venkatesh et al. (2003) hawve established a new paradigm for investigating
information systems (IS) (Bayaga and Du Plessis, 2023). These models figure as two of the
most critical theories in explaining technology usage intentions from a technology adoption
perspective (Gopinath and Kasilingam, 2023). In fact, UTAUT demonstrated a strong
predictive power in its original validation study, explaining 77% of the wariance in
behavioral intention to reuse technology (Venkatesh et al., 2003; Ammenwerth, 2019).

TAM, rooted in the theory of reasoned action, identifies perceived ease of use and
perceived usefulness as key drivers of customer behavior (Venkatesh et al., 2003). Widely
recognized as a reference point for technology acceptance studies (Zhang et al., 2018; Fagih,
2016), TAM primarily focuses on technology-related features but overlooks crucial
nontechnological factors, such as individual traits, that significantly influence technology
usage (Zobeidi et al., 2023).

Consequently, most studies include additional variables, alongside with the two original
ones. This highlights the relevance of considering the UTAUT theory, which includes four
variables: social influence, performance expectancy, effort expectancy and facilitation
conditions (Chimborazo et al., 2021). According to its authors, UTAUT outperformed the
TAM and other technology acceptance models (Venkatesh et al., 2003). Furthermore,
applying the UTAUT and TAM model in the context of a developing country, is particularly
important to examine whether the findings align with or contradict existing studies (Bayaga
and Du Plessis, 2023).

Several previous studies have shown that performance expectancy is the most significant
factor in the UTAUT theory for explaining individuals’ behavior, and have identified social
influence as the second most influential driver of behavioral intention (Venkatesh et al.,
2003; Dwivedi et al., 2011). Therefore, in our study, performance expectancy and social
influence were selected from UTAUT. On the other hand, perceived usefulness in TAM is
analogous with performance expectancy from the UTAUT (Venkatesh et al., 2003; Oliveira
et al., 2014). Consequently, perceived ease of use is the sole factor selected from the TAM to
integrate in the present study.

The review of previous studies (Table 1) reveals two key aspects underexplored in the
existing literature. The first concerns the tendency of studies on chatbot anthropomorphism
to apply a single theoretical perspective, either TAM or UTAUT, rather than integrating them
into a unified framework. The second highlights the lack of such research in emerging
countries. Hence, this study adopts a dual-theory approach to address gaps in prior research
and provide a more comprehensive understanding of the factors influencing chatbot adoption
in the emerging market context Furthermore, several researchers hardly recommend the
integration of chatbot anthropomorphism when investigating antecedents of chatbot
adoption. They consider this factor as a critical driver of user’s behavior that has been
overlooked in the literature, and should be incorporated in future studies’ research models
(Gopinath and Kasilingam, 2023; Paraskevi et al., 2023). In addition, chatbot
anthropomorphism has a significant impact on the customer journey in developing countries:
in these collectivist areas, individuals tend to feel a stronger sense of social belonging to
chatbots with higher degree of anthropomorphism compared to those in individualistic
countries (Yanxia et al., 2024). Moreover, previous studies highlight that one of the major
barriers to the widespread adoption of chatbots is the lack of trust, with users often
perceiving chatbots as unreliable sources of information (Ashfaq et al., 2020). Consequently,
users’ behavioral intentions toward chatbots in these regions can be enhanced through
factors such as trust, satisfaction and anthropomorphic cues (Youn and Cho, 2023).
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Table 1. Review of the literature on the integration of chatbot anthropomorphism within technology acceptance model framewaorks

E
Research  Independent Dependent Theoretical
Study Industry  Country methods  variables variables foundations. Major findings
Kuberkar and Public India Survey  Performance Adoption intention  Extended UTAUT  Performance expectancy, effort
Singhal transport expectancy expectancy, social influence,
(2020) information effort expectancy facilitating conditions,
sorvicos. social influence anthropomorphism and trust affect
3 facilitating the adoption intention of the chatbot
-3 conditions
-3 anthropomorphism
3 st
Melidn- “Travel and Spain survey Performance Attitude toward UTAUTZ model Intentions behind using chatbots are
Gonzler  tourism expectancy self-service influenced by performance
etal. (2021) Effort expectancy it expectancy, habit of using chatbots,
Social influence Chatbots usage ‘hedonism, attitude toward using self-
Hedonism intention service technologies, social
Habit influences and anthropomorphism.
Inconvenience Inconvenience has a negative
Anthropemorphism influence
Automation
Perceived
innovativeness
Moriuchi Notspecified America Survey Performance Anthropomorphism  The realism Effort expectation (EE) has a strong
(2021) i imizati jpositive impact on consumers® usage
Effortexpectation  Usage experience  theory experience anthrapomorphism and
i Social influence Usage re-use UTAUT engagement are mediators between
Perceived risk intentions usage experience and usage re-use
g intentions
[ (continued )
E)
d
:
|
&
£
L
§ Table 1. Continued
Research  Independent Dependent Theoretical
Study Indusry  Country methods  variables variables foundations Major findings
Balakrishnan Any pre-  India survey Performance Attitude toward  meta-UTAUT Performance expectancy, offort
etal (2022) purchase, expectancy chatbot service expectancy, facilitating conditions,
. or Efforexpectancy  interactions social influence, perceived
post- Facilitating Continuation anthropomorphism and perceived
purchase conditions intention to use intelligence have a positive effect on
service Social influence chatbot service attitude toward chatbot services.
Interactions Perceived interactions Performance expectancy, effort
intelligence expectancy, facilitating conditions,
Anthropomorphic perceived intelligence and perceived
S features anthropomarphism affect
3 continuation intention
: The effect of soctal influence on
continuation intention is insignificant
Kleinand  Foodsector  Most of the participants were higher-  Experiment Anthropomorphic  Customer Anthropomorphism  Anthropamorphic cues are positively
Magtinez. education students of C.orman design cues satisfaction theory associated with customer satisfaction
(2022) nationality, but nationalities from Perceived and mediated by the variables
‘other European countries, the USA, enjoyment Enjoyment, attitude and trust
3 Africa, India and Australia were also Attitude
3
Nyagadza  e-banking  Zimbabwe Survey  Customers’ trust Performance UTAUT2model  The factors: performance
etal (2022) customer chatbots usage expectancy expectancy, effort expectancy, social
service intention Effort expectancy influence, hedonic motivation,
Social influence habitual usage, perceived
Hedonic motivation innovativeness, attitude toward self-
Habitual usage service technologies, and
Perceived anthropomorphism have a significant
innovativeness effect on customers’ trust customers”
Attitude toward self- trust influences chatbots usage
service technologies intention
Inconvenience
Anthropomorphism
Automation
Purceived privacy
risk
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Table 1. Continued
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Research  Independent Dependent Theoretical
A Study Industry  Country methods  variables variables foundations Major findings
Chengetal. Notspecified Not specified Ameta-  Chatbot social Chatbot Not specified Chatbot anthropomorphism
(2023) analysis  presence cues anthropomorphism pasitively impacts the customer
Chatbot emotional  Autitudes toward Journey
message cues Purchase and use. The chatbot anthropomorphism is
Chatbot mixed cues  Perception of fun significantly influenced by social
Perception of social Presence cues, emotional message
presence. cues and mixed cues
Perceived trust
Usage intention
behavior
satisfaction
1 Zhangetal. Toursm  China survey  Performance Customers UTAUT2 Performance  social
(2023) industry expectancy continuance Theory of percelved influence, habit, time risk, privacy
Effort intention to use risk, phism
Social influence  chasbots personalization influence
Hedonic motivation continuance intention to
Habis Use chatbots,
Time risk Effort expectancy and hedonic
Privacy risk ‘motivation have insignificant impact
Anthropomorphism on continuance
Personalizatioa intention
(continued)
b
[
H
Table 1. Continued
Research  Independent Dependent Theusctical
Study Industry Country methods wvariables variables foundations Major findings
Singhetal.  Notspecified Not specified Survey  Usefulnesseaseof  Asmimdestoward  Extended TAM  Anthropomorphism, attitude, ease of
2 (2024) use anline shopping use, enjoyment, privacy, trustand
= Performance assistants usefulness are crucial determinants
i expectancy trust of acceptance variables
Sacial influence Acceptance of
Sacial presence online shopping
Sociability assistants
anthropomorphism
suclability
2 ‘enjoyment
Rapport
9 Privacy risk
An
Parketal  Banking  Notspecified Survey  Anthropomorphism  Product knowledge. Technology ‘The anthropomorphism and
(2024) industry Personalization of Al Perceived acceptance model  personalization characteristics of the
chatbots usefulness (TAM) chatbot have an influence on the
Perceived ease of consumer's intention to use and
use customer satisfaction
Customer
satisfaction

Source(s): Authors’ own work
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JQss 3. Research hypothesis
17.2 3.1 Chatbot anthropomorphism
! 3.1.1 Chatbot anthropomorphism and functional attributes. In the current study, functional
attributes include “perceived ease of use” and “performance expectancy”. Perceived ease of
use is defined as “the degree to which a user expects to use a technology free of effort”
(Davis, 1989, p. 320). Interacting with an AI device in a purely mechanical manner requires a
176 big effort. The integration of human-like interfaces into technology adoption help address
this challenge. Anthropomorphized AT chatbots help reducing the effort users expend while
simultaneously improving their experience by facilitating interactions with accurate and
reliable responses (Burgoon et al., 2000). By appearing more humanlike, robots and chatbots
are perceived as friendlier and more familiar (Park et al., 2024). This perceived friendliness
fosters a high degree of interactivity, leading to an enhanced perception of ease of use
(Prakash et al., 2023). Therefore, the interaction becomes easier and more natural (Blut et al.,
2024, 2021). Thus, our first hypothesis is the following:

H1. Chatbot anthropomorphism has a positive effect on perceived ease of use.

Performance expectancy, selected from UTAUT, is conceptualized as the extent to which
using a technology application is presumed to offer advantages and improvements in job
performance (Venkatesh et al., 2003). In marketing context, a technology’s performance
expectancy facilitates the purchasing process for customers, such as easy payment and
searching for information (Loureiro et al., 2018).

Most of research based on the extended UTAUT framework illustrates that, consumers
when interacting with anthropomorphic goods or services, find human-like qualities
attractive, so they become more reliant on using them. Anthropomorphism enhances
performance expectancy of robots by fostering a sense of efficacy, thereby improving the
quality of interaction with them (Epley et al., 2007). Therefore, anthropomorphism tends to
be positively correlated with performance expectancy (Aw et al., 2022). Thus, we hypothesis
that:

H2. Chatbot anthropomorphism has a positive effect on performance expectancy.

3.1.2 Chatbot anthropomorphism and social influence. By consistently enhancing the level
of intelligence and displaying a broader set of social cues, Al technologies are making
chatbot interactions more anthropomorphized and humanized, enhancing “warmer” and
more reliable social interactions (Tojib et al., 2023).

The “social influence” variable, derived from the UTAUT theory, is recognized as a key
predictor of behavioral intention across various technological contexts (Kaba and Touré,
2014; Venkatesh et al., 2012). Venkatesh et al. (2003) define social influence as “the degree
to which an individual perceives that important others believe that he or she should use the
new system” (p. 470).

In this regard, anthropomorphism has emerged as a crucial factor influencing the quality
of interactions and user engagement with chatbots, thereby playing an increasingly
significant role in shaping social influence (Fatima et al., 2024). Therefore, this study
hypothesizes that:

H3. Chatbot anthropomorphism has a positive effect on social influence.

3.1.3 Chatbot anthropomorphism and initial trust. Trust has gained a growing attention
with the rise of e-commerce, leading to numerous studies focusing on the conceptual
structure and formation mechanisms of this concept. In the services context, trust is the
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psychological expectation that others will keep their promises and will not behave International uQss Some studies suggest that people prefer less humanlike robots (Broadbent et al., 2011) and
opporunistically when delivering the promised service [00: ml Tan, 2016). In fact, Journal of Quality 17,2 uplki\ly machinelike robots (Vlachos et al, 2016), reflecting a negative effect of
organization shoald be trustwortry with their customers to enhance their experience. When and Service ’ thropamorphism. This supports Mori's (1970) uncanny vlllry Ivywmem. which posits
m logy is launched, there is no & experience to ‘Sclances ﬂmarmusmgemmmumwm eness; a too
trust that is typically bailt through repeated interactions, bsed on experience or knowledge, e humanlike robot may be perceived as uncanny, J.m‘hng to discomfort and
may be absent (McKnight et al, 2002; Koufaris and Hampton-Sosa, 2004), eventual rejection. Goets e al. (2007 add that whll.! peaple prefer humanlike robots for
Initial trust, ‘from experiential tust, is defined by its early stage of development 177 178 soclal roles, they prefer rales, such
(Koufaris and Hampton-Sosa, 2004). It emenges without prior experience, assuming that s lab assistants. For our study, wehypothuluﬂ!lnﬂuulnp
pllﬂ.dpan\slu;kmmkmdmnﬂw Information o emerional connections about & new
innovation. As customers engage with this innovation, their trust can either strengthen or H6. Charbor anthropomorphism has a pasitive effect on chatbot usage intention,
dlmlnlsh evenully amwpmmoewmu trust (McKanight et al,, 2002).
Prior research shw:d that the anthropomarphic traits of Al assistants and humanoid 32 Perceived ease of use
isa in developing custnmer st (Waytz. et al, 2014; Van Pincteren Tmmcqluf‘pmmuaimufus(’nsedhmgaﬁtywhheﬁmmqﬁmﬂ!
etal, 2018): assign bili agent, they typically e UTAUT! Kasamani, 2022), i
ts competent ncing trust o doption (Arad Casais, 2020; G th and Kasilingam, 2023; Li et al., 2013 S'bom
delivera service (Zhan et al., 2024; Blut eral., 2021). ““ﬂ“"ﬂ"‘ﬁm mn ma) Speuﬁnllmpdastmlshveupmdmmhﬁanmbmﬂmﬂmwmam
M4, Chatbot " ot aduby et al., 2024) and usage intension (Pillai and
g P Sum'llam znzm ‘However, the effect of perceived ease of use on customer experience has
3.1.4 Chatbot anthropomorphism and affective and behavioral outcomes. The present received liule attention, likely because chatbors are designed to require minimal learning
stusdy focuses on two main outcomes of chatbot acceptance: “customer experlence” as an effon for operation (Rizomyliots et al, 2022). However, users should perceive using
affecive owcome and “chatbot usage intention” a5 a behmml outcome, Customer chathots as easy to benefit from a great experience ("ﬂwdk 2019). In fact, according to
experience can be defined as a customer Bilgihan et al. (2016), ﬂﬂ”ﬂmﬂi
contact with a company (Meyer 2007). Itis a mwult of perceived ease of l“» '° stimulate an engaging customer experience, The simpler
that focuses on customers” cognitive, emational, behavioral, sensory and social responses to easier-to-use more customers are 1“*‘9 0 perceive lh e:qum -
mm({_mmdwmg' 2016). enjoyable (Shoui etal, 2m1).‘rlwore,wpmm following hypothesis:
Several researches indicate that consumer experience can be enhanced by chatbots
capable of imitating human dialogues (Rose et al., 2012). Rhim et al, (2022) demonstrate 7. Perceived ease of use has a positive effect on customer experience.
that users' perceptions of chatbots can be easily by incorparating.
traits, are more likely to interact with technology thar offers
experience reflecting human-like - features 1 desthetic cues Influenced mmmammumm.smas more competent, intelligent and
r (Han, 2021). In fact, n elements in improving the consumer experience (Aw et al,, 2022; Blut ef al, 2021). Individuals have a
customer’s journey fosters. the of a perceived parmer, leading to the positive user experience when the product performance is satisfactory or exceeds their
establishment of an emotional connection between chatbots and consumers, which increases According to Shoui ,,.,; {2024), perceived ease q.mwmm
positive feelings and improve customer experience (Giimils and Cark, 2021; Rizomyliotis mnmmmmmm experiences. Therefore, we
etal., 2022; Wan and Chen, 2021). Consequently, we suggest the following hypothesis: per jith Al
15, Chatbor . . chatbor. Hence, we pash the following hypathesis:
Usage intention refers to the perceived likelihood that an indivichual will engage in a specific Ha. experience.
behavior (Bae, 2018). Intention 10 use a technology is 2 cemtral concept in both TAM and
UTAUT. Perceived humanlikeness can familiartze and facilitaie human-robot interactions
3.4 Secial influence and customer
(Duty, 2003), making the robot appear more predictable and controllable, which increases it s widely sckowledged Mm'“m are shaped by the opinlons and
pﬂ:piupdmmlm.dlhﬁ-milsmmnnﬂwln.mlnkmﬂqh & B Tl from peers can enhance
Folstad and Skjuve w-“l. enhances chatbots’ percedved ability to M&mmnﬂmnmm“m: Mm.:m[zneumm
e questions which can | huun " intention.
to use chatbots in ﬁlﬁm(ﬂm €t al, 202%; Wei et al., 2024). These results support a x:lmu-hnmlmmqmtnnwmmmm wielllrynlum
expressing positive opinions about its Therefare, we could pasit the
owever, mmmﬂmmﬂﬂqnﬂmhmﬂhwg ﬁ,.,,,::’hm & posk
lmmnmmmm.mmummu
Ereymoman
Ho. exper Internatio: UQss
=y 2 |
35 Inivial trust and customer experience and Service
sudies highlight the importance of high-leveled initial trust in fostering positive Sciences
experience. In fact, Rose et al. (2012) show the crucial role of emtional in the i
d“zmndsuad«mmmhmdwmnm 180
experience amcag, smartphone of conversational agent, previous 179 /
research h‘wxymd the important mb -i * hit-! trust in customer experience t
‘with chatbots (Ameen ef al.. 2021; Roy et gl 2024; Sun et al, 2017). Consequently, we T | VIl
hypothesize the following: /. n:/ /’"q Initial trust 10 i Customer experience
i | VIaTe \
Ha w11
36 Customer experience and usage intention s \
Achieving an Alenabled customer experience i crucial for determining consamers” e-commence \
menm 2022). The post e r - 1
m confirmation of & technology post-adoption is achieved when they Anthropomorphism L~ M6 A L, Usageintention
st i their sage experience with t, leading 10 3 continuance wsage intention
(Bhastacherjos, 2001; Loe @t.al, 2021). A unique and enviching experience bailds the basis for
desirable behaviorsl :ﬁnﬂrmmmummmxﬂwd.mui Source(s): Authors’ own work
technology. Accordingly, ‘and Taylor (2021) asgue mm-hhue-punve Figure 1. Concepuuat model
w-‘umnuﬂyn-nhlﬂ—h ‘adaoption for cstomer
Consequently, mwﬁninypamugnu-edbm
While 80 formal ethics review was conducted due 10 the absence of an institutions] ethics
Hil. customer committee, the study adhered to widely accopted ethical guidelines, After participants
The 1 accepted to take part in the swdy, they were required to interact with a customer service
chatbot of a telecomumunication company.
4 Methodology Tumnmwlm“ofthmmwnmmnhlmwynm
“ and data coll p-mmmnm-:mmm.mum hatbot,
s oriented customer interactions. Tasks included iqukin about services,
idered as dig (Dinh and promotions, billing, or issve resolution. Participants were asked to engage with the chatbot
Park, 2023). snmmumbxmm.wmhmm-slyMnm by askiog three to five questions in thelr preferved language (French, English or Tunisian
dally routines and thelr proficiency with ‘devics axcesds that of pravioss dukﬂ) Such task-oriented interactions emphasize formal communication, where the
generations (Mandal et ol 2025). Furthermore, the limited research on chatbot chatbot provides guidance and information to hdpmnmpln- tasks (Cai et al,, 2024)
‘experiences in emerging African markets Lubbe and Ngoma (2021), the Tunisian market Afterwards, ompl
‘context was chosen for this study, argeted
A readability test was conducted before distributing the questionnaire. Three academic several researchers (Gawzioufa and Saprikis, 2022; Trivedi, 2019) to lmumm customers’
professors evaluated its content validity, while  pilot sample of five stadents familiar with experience with chatbots, In addition. this sector exemplifies frequent chatbot adoption In
chatbots assessed the clarity of the items. The questionnaire, written in English with an customer service (Shin ef al, 2023). Moreover, previous research highlights that
Arabic translation, was distributed via emails and social networks to align with typical telecommunication services are extensively used by consumers, who generally exhibit high
chatbot use on websites and social media. mxmmmmmm;m. levels of involvement with these services (Mattila and Wirtz, 2004).
srvey link and A total of 369 panticipants have completed the survey, The age range of subjects was
Pror (0 starting the survy, mwsmwmma-gmyxmmm 20-22 years. respor 3% (0~
voluntary and their righ at any time
WMMMMmmmmmmmmm 4.2 Measures
proceeded with the survey. This study was conducted in accordance with established ethical The current study used measurement scales from the existing literature. Participants
principles for research involving human participants, ensuring anonymity and confidentiality. Mkmmlndolmwnmmrummlmmuknﬂgm
Sy TOm . Sy TOmI,
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from 1 “strongly disagree” to 7 “strongly agree” (see Table 2). To measure International
anthropomorphism, four items were adapted from Melidn-Gonzélez et al. (2021). Perceived Journal of Quality
ease of use was measured with three items based on Davis (1989) and customer experience
was adapted from Trivedi (2019) and measured with three items too. Performance
expectancy and chatbot usage intention scales were adapted from the study of Venkatesh
et al. (2003). Following Oliveira et al. (2014), three items were used to inspect social
influence and four items to assess initial trust. 181

and Service
Sciences

5. Results

5.1 Confirmatory factor analysis and assessment of validity and reliability

Exploratory factor analysis was conducted to assess the reliability and validity of the scales
used in this study. A principal component analysis extraction model was applied. The item
CIT3 was removed because its communality (0.428) is below 0.5. Using Amos version 23, a
confirmatory factor analysis was performed. The check of variance values disclosed a
negative error variance of the item CIT4 (ecit4 = ~0.15). Following the recommendations of
(Bagozzi and Yi, 1988), this item was dropped. The measurement model manifested a
satisfactory fit to the data (CMIN/df = 2.171; GFI = 0.916; RMSEA = 0.056; NFI = 0.942;
CFI = 0.968) (Kline, 2005).

As presented in the Table 3, the values of Cronbach’s alpha and composite reliability
(CR) for all constructs exceed the acceptable threshold of 0.7, indicating a satisfactory level
of internal consistency. Convergent validity is established because all values of average
variance extracted (AVE) are above 0.5 (MacKenzie et al., 2011). We adopted the Fomell
and Larcker (1981) procedure to verify the discriminant validity. As illustrated in the Table 3,
the values of square root of AVE surpass the interconstruct correlations, supporting
discriminant validity.

5.2 Structural model and hypotheses testing

Structural equation modeling (SEM) was conducted using AMOS 23 to test the hypotheses.
The model fit indices of the structural model revealed an acceptable model fit (CMIN/df =
3.059; GFI = 0.876; RMSEA = 0.075; NFI = 0.914; CFI = 0.940) (Hair et al., 2015). The
results of the structural analysis are illustrated in Table 4.

The first six hypotheses (HI-H6), proposing that anthropomorphism positively
influences perceived ease of use, performance expectancy, social influence, initial trust,
customer experience and usage intention, are all supported. Anthropomerphism also has a
high effect on initial trust (8 = 0.576, p < 0.001) and on social influence (8 = 0.556, p <
0.001). In addition, the findings demonstrate that H7—H10 are supported. More precisely, the
results show that anthropomorphism is the most important predictor of customer experience
(B =0.308, p < 0.001), followed by perceived ease of use, initial trust, social influence and
performance expectancy. Moreover, results supporting H11, indicate that experience
registers a significant and positive influence on usage intention (Figure 2).

5.3 Additional findings

Other results related to the mediation effects can be highlighted in the current study. Using
the boostrapping method (Zhao et al., 2010), we carried out a mediation analysis. More
precisely, we tested the mediating effect of customer experience on the relationships between
the variables (i.e. anthropomorphism, perceived ease of use, performance expectancy, social
influence and initial trust) and chatbot usage intention. The outcomes displayed in the
Table 5, indicate that customer experience fully mediates the impacts of anthropomorphism
and social influence on chatbot usage intention. In addition, customer experience partially
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Table 2. Constructs measures
Constructs, sources and items. Mean sD Factor loading
Anthropomorphism (Melidn-Gonzilez et al., 2021)
ANTH1 “The conversations | have with chathots provided, are as if | have a dialogue with real human being 434 1827 0.798
3 ANTH2 My interaction with the chatbot | use feels natural 450 1644 0877
ANTHI The chatbot | use is like understanding who the chatbot is interacting with 459 1613 0.796
ANTH4 Coaversations with chatbot that | use don't seem artficial (natural) 408 1713 0729
Perceived ease of use (Davis, 1989)
PEUL My interaction with chatbots would be clear and understandable 478 1535 0.680
PEUZ Iwould find chatbots easy to use 541 1433 0,890
PEU3 Learning to operate chatbots would be easy for me 539 1443 0827
qpmmq(mGamhnaJ 2003)
3 PE1 find chatbot services useful in the p.mj._.pmm an 1648 0823
i PE2 L'sing chatbot services enables me i quickly 489 1692 0901
PE3 Using chatbot services i fficiency 467 1648 0812
Social influence (Qliveira et al., 2014)
sl My friends and family value the use of chatbots a7 L746 659
si2 The people that influence me use chatbots 452 1.668 0.692
s13 “The use of chathots gives me professional staws 437 1726 0775
Chatbot initial trust (Oliveira et al,, 2014)
cIr Chatbots seem dependable 149 1668 0.960
Chatbots seem secure 349 1.693 0.905
(Chatbots were created 1o help the client 491 1623 Deleted
Chatbots seems trustworthy ass 1551 Deleted
Customer experience (Trived], 2015)
EWC1 Tenjoyed using (brand) chatbot 470 1605 0941
EwWC2 The experience of using (brand) chatbot was interesting 481 1579 0.965
EWC3 Lam happy with the experience of using (brand) chatbots. 488 1581 0.889
i ch i katesh et al., 2003)
; cun rmw-mmhmmlbnmma 439 1733 0.952
; cu I will probably use chatbot services the next time | do an online purchase 446 1719 0.968
E‘ cun 1 am decided ‘the next time | d line purch: 436 L736 0,929
S Source(s): Authors’ own work
|
E
Table 3. Reliabiliy, International Qss m._:],._
E e AR E e, ol of Quiliy 17.2 A;l
and Service
1 Aheopn 0875 0877 0643 0802 Sciences
2. Perceived ease of use 083 0843 0646 0.443 0B0Y
3 Rerfornance expeciancy. 0482 0882 0716 0451 0418 0839
4 Social infuence 0749 075 0505 0549 0424 0616 0.710 184
5. Chtbot il trust 099 0330 0870 0475 0279 0T 05 0832 183
6 Experience with the chabot 0951 0965 0869 0601 0467 0473 0556 0512 0902
7. Chatber usage inseanion 0965 0965 0902 QA0 0213 0564 0511 0489 052 0949
Nt T Ao lmens ke e suare ok o AVE ﬁ' m_\. Customer experience
Sourcefs): Authors’ awn work 2= a;c’u 2 g (k2= 0.481)
Table &, Summaty of hypotheses e wan
ypotheses Paths / . . 2
2 : L o Anthropomorphism | _ O o Usage intention
H 0394 o= Supparted f
H 'ANTHROPO — PEXPECT 0479 - Supported —_— _R2-0445)
o + SOCIALING 0556 oot oo
Ha ANTHROPO ~+ INITRUS T 0576 e Supported Source(s): Authoes’ own work
o ANTROPD  USAGENT o Pl ;r—: Figere 2. Rewi ol the Fesearch model
H7 SF ! 0218 - Supported
I SCIALINE — EXPLRLS 0157 - Supported
SOCl - 3 -
Hio INITRUST -« [oed Supported Table 5. Mediation analysis
Hit EXPERIEN — USAGEINT - Supported
Patk relatioaships [ Resuls
Notes): *+*p < 0.001; **p < 005; PEASEUSE:
SOCALINF: skl m PEXPECT. performance expecancy; INTTRUST: inital trust: EXPERIEN: D < NATIY
Source(s): Awhors’ awn work PEASEUSE — USAGEINT
PEXPECT — USAGEINT
50C + USAGEINT
INITRUST — USAGEINT
mediates the effects of perceived ease of use, performance expecancy and initial trust on Indiect
chathot usage intention. ANTHROPO — EXPERIEN — USAGEINT 051" Full medlation
PEASEUSE — EXPERIEN — USAGEINT 0084ee Partial mediation
PEXPECT —+ EXPERIEN — USAGEINT 0027 Partiol mediation
SOCIALINE — EXPERIEN — USAGEINT 0035 Full mediation
6. Discussion and conclusion INITRUST — EXPERIEN — USAGEINT 0055% meduation
a-.umnumuuurmnn.nhmmmmmnmo(m
Note(s): **7p < 0.001; **p < 0.005 *p < 001 'p < O05; as = nat significaa ANTHROPO:
w"’;'“-:"’m Navespaplic s nﬁm Ou 444 m‘“" ulhu‘pan;:n-\ PRASEUSE: peactived e of v socuﬁ_m- n:(u bvascr PEXPECT:
"""""‘n 2 signis ooy faiage bl ,.«.....;.. expecuecy; INTRUST, el s EXPERIEN: eperiece; USAGEIT: sage iseion
(performance expectancy and ease of use). This result aligns with previous research’s
fxrﬂm‘s(Awnnl 2022; Prakash et al., 2023; Blut et al., 2021, 2024) and shows that these
factors are essential in understanding the mechanisms of chatbot anthropomorphism in the In addition, chatbot anthropomorphism significantly impacts social influence. These
specific context of emergent markets (Garvey et o, 2023 Davis, 1989). Hence, (Chuah and
izing chatbaots® conversational style stimalate its perceived usefulness and Yu, 2021; Moore et al., 2022; Fatima ef al,, 2024), reaffirming that collectivistic consumers
easy of manipulation. ndeed exhibi onger pr
rcyronan_ ey TOma,
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(Yanxia et ol., 2024) driven by communal consumpxion patierns, and an atraction to International uUQss 61 M«!mlwllwm
1., 2023). Journal of Quality 17,2 wmawmmnu body of cnaou
Moreover, the posi sad Sérvics anthropomorphism literature by proposing and testing, under mmu- TAM and
significant as well. This finding. consistent with prior studies, highlights that prioritizing Sclences UTAUT theories, @ novel conceprual model that anﬂu the role of chatbot
Interactive characteristics over purely technical attributes can significantly ism in technology acceptance, customes experience and_ chatbot
Mmm(runu 2019). Heace, linguistic mhmw&munmmuhmmuuurmrm
features such as conversational style help establishing conversational Al chatbots as 185 186 themmlymm«mmmummmn(m
Inseeaction partes ik o Castomien ca shars ized experiences (Lajante 2024). By
and Do, 2024). we offer
mnu-umuuumwomawmuamm and practcal application.
effect on customer behavioral intention, our findings confirm that Inuinsic chaxbot Ou ficings, wih al bypasbeses suppore, confiem the relevance o echnology
ol g '::::.',,_,d'" S Jnlon. The e Il s s T T e &
mwmpup-mum-mmnmuM|nmuw examine behavioral intentions has yielded compelling results stressing the originality of the
This consistency supports the Idea that anthropomorphism is a foundational element of wody. = i
i the service sector, companies increasingly deploy chatbots t overcome operational
customer experience in the realm of digital technology context (Ameen et al,, 2021; Sun. constrainss and efficiently address consumer needs, While most empirical studies have
etal, 2017) In thepresen sty the sigaificas posiive impact of il rust on customer s Sapdas i ¢ e oo
luuundwldmlmhvmm'ﬂumm.mm smrmmwmywmmmmmcrmmm:
zsorea g m,zcu.dlss;rm.umnunouum:)(muu 2020). However,
S l-wm«umnumuﬂu‘rmmuuuw wmﬁmm-mmmm
device due 10 its reliance on virmual systems (Nguyen et al,, 2023). Consequenty, In this ouegration of both thecries (TAM and UTAUT) estenxied by chisbot smtbropomarphise,
experience. In addition, the sigaificant positive impact of anthropomorphism on initial tust u*:mm:mm
suppor foster customer trust Bl the present saly be
mwwwm«mﬂmumu—- mmm-mwmwmnl
On the other side, aligning with the findings of prior studies (GOma and Gark, 2021; BRr 1) the fndings
Lubbe and Nmml;m-unuouhmm.mhmui-hmd;ﬂ
il sieal I
‘words, participants who consider chatbots as useful and easy to manipulate 1ols were more
Hkely 10 have a avorable customer cxperence (Moelch, 2021). Theefor, e e i camm
highl chatbots that not only exceed customer expectations but are also easv 1o .-n_u t-u-h-nchan
use, will enhance the of cusimer interactions and make task completion more adoption. This entalls comprehending user muw—aww
which consists a key advantage of utilizing chatbots in emergent countries (Ben % trait in chatbot desigos.
Mimoun et al., 2017). the and significant t
% o 6 of the present study support M: ’np-l npn of
al, 2021), This R s ; e,
result reinforces the importance of considering socal factors when sddressing technology
adoption in developing countries., It suggests tha: service marketers should recognize the -i-mnhm—-_ﬂ;wmmmmam
amhropemerphism s i Sraegies 5 peede 0 mancain 3 favorable wcial
©
n-uy the positive impact of customer enhance y wers’
mmm m-d,znl.u-a.mm Pprrception o: -ompeience
that customer Al-enshied experience is. in determining if
‘behavioral purterns. * ive approach
oaQss Bagosal, RP.and Y. Y (1988), Journul of the
through or discounss. In addition, Journal of Quality 17,2 Vol. 16 Na. 1, pp. 74-94,
line sellers akSeice : Mwm;u%tmu:&d&n—hm
Mumdnmmmlﬂhm 10 engage with Selences experience: Iierature:  Procedia Computer Science, Vol. 2004, pp. 412437, doc 10 1016/
opinion leaders through various advertising activities and peomotional events. InfTuencer
ke u—b.c.x-,'l.lub. and Al (2009), “Does the desé of & robos lnfloence i
courages consumers 1o conform 10 their ideas and even mimic their bebavior 187 188 /and percetved Journal of Soctal Robories, Wl. 1 No. 2.
((wmn eral, 2021). R :
‘Evenual by Raskerdi, 5. Hodi, . and Lee, L. (2023),
o ‘products”, Insernational Journal -n—n-&h.\umcu».su
and intentionto, chatbot service. Bayaga, A. and Du Plessis, A. (2023),
experdence and int acopt . e W s
Inforeacrion Techsologies, doi: 10.1007/310639.0 23,1214 5.
i e Ben Mitmoun, M.S, Porc, | and Gormker, M. 017) “Armated comvcrsat el aents nd
Al o e il b Management, Vol. 54 No. 5, pp. 545-559, dok 10.1016/}i.2016.11,008.
s H: - : Tonsie iy ey Mv)«_A (2001, -Lndmumn; m:y;.&x;n‘:u;-x *1;‘
mm‘:ﬂg m"':‘ m"“mﬂw“:mmﬁ mn-u x.a.wm,,: ..47;.‘1( (2016), “Towards s unified customer experience in
data which may pe with Service Sclences, Vol. 8 No. 1, pp. 102-119, dok: 10,1108/ HQSSH7-20150054,
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