5
5
3
4
5
5
5
5
4
4
4
5
4
5
3
5
5
5
3
4
5
5
5
5
5
5

313|14|3]4
5/5|5]|5]|5
212|13]2]3
4132|123
413(4|13]4
414]15]|5]|5
3|4|14|5]|4
414]5|5]|4
414 1415]|3
312|332
312|13]3]3
5/5|5]|5]|5
212121312
4 1412|312
415]14|5|5
414|5]|5|4
313[4|3]|4
5|5|5|5]|5
213333
41414]13]|5
415|5]4]|5
5|/5|5]|5]|5
413[3|5]|5
5/4|5|5]|4
5|5|5|5]|5
414]|5|5]|4

5
5
3
3
4
5
4
4
4
4
5
5
4
4
5
5
4
5
4
5
5
5
3
4
5
4
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5
5
5
5
5
5
4
5
4
5
4
5
4

5
4
2
5
>
4
5

5
2
4
5

1

2

2

1

1

4141443
414]14|3|4
415|5]|5]|5
51414 ]|5]|4
5|4|5|5]3
5|5|5]|5]|5
2122|122
5/4|5|5]|4
414]1414|4
515|545
312|3|4]3
5/5|5]|5]|5
3(3|4]13]2

312

4141443
3124|133
313[3|2]|2
5|5(4]14]5
414]14]15|5
415]4]|5]|5
5|5|5|5]|5

415]4]|5]|5
2121322
314[4|3]|4
414]14]15]|5

4
5
5
5
4
5
4
4
4
5
4
5
4
5
3
5
3
5
5
5
5

4
2
3
4
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4
5
5
5
5
5
4
5
5
4
4
5
4
5
5
4
B
5
4
3
5
5
4
5
4
5

4133|144
41413413
5|5|4]3]|5
213|14]13]3
313|13|3]3
5|5|5]|5]|5
414|4|4)|4
3/4|5|5]|3
514|554
514]14|5]|5
314|144 |4
5|/5[4]14]|5
415(414]5
41415415
41212|2]|2
31414]5]|3
3144|154
5|5|4]5]|4
414|545
313(3(2]2
41412]3]|3
5|/5|5]|5]|5
514|544
41414]14]4
3122|123
313[3[3]|3

4
4
3
3
5
5
5
5
4
4
4
5
4
5
5
5
5
4
4
1
3
5
4
5
3
3
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2
5
3
3
4
4
5
4
5
5
5
3
3
4
5
5
3
5
4
4
5
5
4
4

414141413
415(3|5]|4
4155|134
21213313
41414|4]|4
41414|4]|4
3(13|14|3 |4
5/5(4]14]|5
5/5|5{5]|5
3/4|14|5 |4
414(13|3]|4
414[14]14]|5
5|4|14]15]3
4141354
5|5(4|4]4
41415145
5|4]14|5]|5
415]4]15]|5
414141414
414]14]13]|4
313[3[3]|3
5|/5|5]|5]|5
314|5[|3]|4
5|5|5|5]|5

4
5
4
3
4
3
4
5
5
5
4
5
5
5
3
3
5
5
4
4
4
5
3
3
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Jenis

Umur K . Pekerjaan Pendidikan Pendapatan/Bulan Pengeluaran/Bulan
elamin
22-25 S . . SMA /SMK / Rp 5.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sederajat > Rp 7.000.000 2 000.000
%I?a;]uzr? Pererr]npua Pelajar / Mahasiswa Sarjana (S1) < Rp 1.000.000 < Rp 1.000.000
18-21 Perempua . . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Pelajar SEealyS Sederajat 3.000.000 3.000.000
18-21 Perempua Pelaiar / Mahasiswa SMA / SMK / Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun n J Sederajat 5.000.000 5.000.000
22-25 s . . SMA / SMK / Rp 3.000.000 - Rp Rp 1.000.000 - Rp
Tanun | Leki-laki | Pelajar/ Mahasiswa Sederajat 5.000.000 3.000.000
18-21 Perempua . . SMA /SMK / Rp 1.000.000 - Rp
Tahun N Pelajar / Mahasiswa Sederajat 3.000.000 < Rp 1.000.000
18-21 o . . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Leki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000
18-21 [ Perempua | oo\ Mahasiswa SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
22 - 25 o . . SMA / SMK / Rp 3.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 5.000.000 3.000.000
18-21 | Perempua | po\oiar / Mahasiswa | SMA/ SMKY < Rp 1.000.000 < Rp 1.000.000
Tahun n Sederajat
22 - 25 o . . . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000
18-21 | Perempua | pojoiar / Mahasiswa | SMA/ SMKY < Rp 1.000.000 < Rp 1.000.000
Tahun n Sederajat
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18-21 | Perempua | pojoiar / Mahasiswa | SMA/ SMKY < Rp 1.000.000 < Rp 1.000.000
Tahun n Sederajat

18-21 S . . SMA / SMK / Rp 1.000.000 - Rp

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 < Rp 1.000.000
18-2L || akilaki | Pelajar / Mahasiswa | SMA/ SMK/ < Rp 1.000.000 < Rp 1.000.000
Tahun Sederajat

14 - 17 S . 4 SMA /SMK / Rp 1.000.000 - Rp

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 < Rp 1.000.000
22-25 N . . SMA / SMK / Rp 1.000.000 - Rp

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 < Rp 1.000.000
18-21 Perempua . . . Rp 3.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Peor e AR GG R YOy 5.000.000 3,000.000
18-21 s . . SMA / SMK / Rp 1.000.000 - Rp

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 < Rp 1.000.000
22 - 25 L . . SMA / SMK / Rp 5.000.000 - Rp Rp 1.000.000 - Rp
Tahun | LakiHlaki | Pelajar / Mahasiswa Sederajat 7.000.000 3.000.000

22 - 25 o . . . Rp 1.000.000 - Rp

Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) 3.000.000 < Rp 1.000.000
%I'Gar-mzr? Laki-laki Pegawai Negeri Pasca Sarjana (S2/S3) > Rp 7.000.000 > Rp 7.000.000
26 - 29 o . . SMA / SMK / Rp 3.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 5.000.000 3.000.000
18-21 [ Perempua | oo\ Manasiswa SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
18-21 o . . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000

22 - 25 o . Rp 1.000.000 - Rp
Tahun Laki-laki Karyawan Swasta Sarjana (S1) > Rp 7.000.000 3.000.000
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22 - 25 Perempua . . SMA / SMK'/ Rp 3.000.000 - Rp
Tahun 0 Pelajar / Mahasiswa Sederajat > Rp 7.000.000 £ 000,000
18-2L || akivlaki | Pelajar / Mahasiswa | SN/ SMK/ < Rp 1.000.000 < Rp 1.000.000
Tahun Sederajat

22-25 o . . - Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000
18-21 S . f . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000
18-21 N . . Y Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) > Rp 7.000.000 3.000.000
18-21 N . ! SMA /SMK /

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat < Rp 1.000.000 < Rp 1.000.000
22-25 L . . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | LakiHlaki | Pelajar/ Mahasiswa Sederajat 3.000.000 3.000.000
22-25 Perempua Pelaiar / Mahasiswa SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
22-25 S . . SMA / SMK/ Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sederajat < Rp 1.000.000 3.000.000
22-25 o . . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki Belum Bekerja Sarjana (S1) 3.000.000 3.000.000

22 -25 o . . . Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) £ 000.000 £ 000.000

22 - 25 Perempua . . . Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun 0 Pelajar / Mahasiswa Sarjana (S1) £ 000.000 £ 000.000
18-21 o . . SMA / SMK/ Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 5.000.000 5.000.000
22-25 || pilaki | Pelajar / Mahasiswa | SA/SMK/ < Rp 1.000.000 < Rp 1.000.000
Tahun Sederajat
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22 -25 Perempua . . SMA/SMK/ Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000
18-2L || akivlaki | Pelajar / Mahasiswa | SN/ SMK/ < Rp 1.000.000 < Rp 1.000.000
Tahun Sederajat

18-21 o - Rp 3.000.000 - Rp
Tahun Laki-laki Karyawan Swasta Sarjana (S1) > Rp 7.000.000 £ 000,000
18-21 Perempua Pelaiar / Mahasiswa SMA / SMK/ Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
18-21 N . . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Leki-laki | Pelajar/ Mahasiswa Sederajat 3.000.000 3.000.000
22-25 N . ! . Rp 1.000.000 - Rp

Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) 3.000.000 < Rp 1.000.000
18-21 Perempua . Rp 5.000.000 - Rp Rp 3.000.000 - Rp
Tahun N Karyawan Swasta Sarjana (S1) 2 000.000 £ 000.000
22-25 S . . SMA / SMK / Rp 1.000.000 - Rp

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 < Rp 1.000.000
18-21 Perempua Pelaiar / Mahasiswa SMA / SMK/ Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000

22 - 25 Perempua . Rp 3.000.000 - Rp Rp 1.000.000 - Rp
Tahun 0 Karyawan Swasta Sarjana (S1) 5.000.000 3.000.000
18-21 Perempua Pelaiar / Mahasiswa SMA /SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
18-21 o . . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000

22 - 25 Perempua . . SMA /SMK/ Rp 1.000.000 - Rp

Tahun 0 Pelajar / Mahasiswa Sederajat 3.000.000 < Rp 1.000.000
szaﬁ uzr‘? Laki-laki | Pegawai Negeri Sarjana (S1) > Rp 7.000.000 < Rp 1.000.000
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18-21 oL Wirausaha / . Rp 1.000.000 - Rp
Tahun Laki-laki Ereelance Sarjana (S1) > Rp 7.000.000 3.000.000
22-25 o . . SMA / SMK / Rp 3.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 5.000.000 3.000.000
22-25 o Wirausaha / - Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | LeKHlaki Freelance Sarjana (S1) 3.000.000 3.000.000
18-21 Perempua . / . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun 0 Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000
18- 2L | POIeMPUR | pejajar ) Mahasiswa | ey f’a'}gtK’ < Rp 1.000.000 < Rp 1.000.000
2225 | PEeMPUR | pejajar / Mahasiswa | ey f’a'}gtK’ < Rp 1.000.000 < Rp 1.000.000
22-25 o . . . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000
gl'zagluzr? Laki-laki | Pelajar / Mahasiswa S'\gﬁd{efa'}gt}(/ < Rp 1.000.000 < Rp 1.000.000
%Ifaar}uzr? Laki-laki | Pelajar / Mahasiswa Sarjana (S1) < Rp 1.000.000 < Rp 1.000.000
22 - 25 Perempua . . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Pelajar / MaegQRS Sederajat 3.000.000 3.000.000
18-21 [ Perempua | oo\ o/ Mahasiswa SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
18-21 [ Perempua | oo\ Manasiswa SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
1T8ar-1 uznl Pereg‘p“a Pelajar / Mahasiswa Sarjana (S1) < Rp 1.000.000 < Rp 1.000.000
22-25 | Perempua . . SMA / SMK / Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun n Pelajar / Mahasiswa Sederajat 5.000.000 5.000.000
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18-21 | Perempua | pojoiar / Mahasiswa | SMA/ SMKY < Rp 1.000.000 < Rp 1.000.000
Tahun n Sederajat

22 - 25 Perempua . . SMA / SMK / Rp 5.000.000 - Rp Rp 3.000.000 - Rp
Tahun n Pelajar / Mahas g8 Sederajat 7.000.000 5.000.000
18- 21 o . : SMA / SMK / Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 5.000.000 5.000.000
18- 21 o . . SMA/ SMK /

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat < Rp 1.000.000 < Rp 1.000.000
18- 21 o . . SMA / SMK /

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat < Rp 1.000.000 < Rp 1.000.000
18- 21 o . ] . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000

22 - 25 o ) . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | LakiHlaki | Pelajar/ Mahasiswa Sederajat 3.000.000 3.000.000
22-25 || okilaki | Pelajar / Mahasiswa | e/ SMK/ < Rp 1.000.000 < Rp 1.000.000
Tahun Sederajat

18-21 | Perempua | pooiar / Mahasiswa | SMA/ SMKY < Rp 1.000.000 < Rp 1.000.000
Tahun n Sederajat

22 - 25 o . Rp 5.000.000 - Rp
Tahun Laki-laki Karyawan Swasta Sarjana (S1) > Rp 7.000.000 2.000.000

22 - 25 o . . SMA/ SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000
22-25 | Perempua | oo oo SMA / SMK / Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun n J Sederajat 5.000.000 5.000.000
22-25 || okilaki | Pelajar / Mahasiswa | e/ SMK/ < Rp 1.000.000 < Rp 1.000.000
Tahun Sederajat

18-21 | Perempua : : SMA/ SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000
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22 -25 Perempua . . SMA/SMK/ Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000
18-21 Perempua . . SMA /SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Pelajar / Mahas g8 Sederajat 3.000.000 3.000.000
18-21 L . . SMA / SMK/ Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000

22 - 25 L . Rp 3.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki Karyawan Swasta Diploma (D3 / D4) 5 000.000 3.000.000

22 - 25 Perempua . . Y Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun 0 Pelajar / Mahasiswa | Pasca Sarjana (S2/S3) 3.000.000 3.000.000

22 - 25 A . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki Karyawan Swasta Sarjana (S1) 3.000.000 3.000.000
22-25 L . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki Karyawan Swasta Sarjana (S1) 3.000.000 3.000.000
%I'Sagluzr? Laki-laki | Pelajar / Mahasiswa Sarjana (S1) < Rp 1.000.000 < Rp 1.000.000
%Ifaar}uzr? Laki-laki | Pelajar / Mahasiswa Sarjana (S1) < Rp 1.000.000 < Rp 1.000.000
18-21 || oki-laki | Pelajar / Mahasiswa | SMA/SMK/ > Rp 7.000.000 > Rp 7.000.000
Tahun Sederajat

22 - 25 s Wirausaha / . Rp 3.000.000 - Rp
Tahun Laki-laki Freelance Sarjana (S1) > Rp 7.000.000 £ 000.000

22 -25 Perempua Pelaiar / Mahasiswa SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
%I?ar}uznl Laki-laki | Pelajar / Mahasiswa Sarjana (S1) < Rp 1.000.000 < Rp 1.000.000
22 - 25 Perempua . . . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun 0 Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000
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22 -25 L . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki Karyawan Swasta Sarjana (S1) 3.000.000 3.000.000
18-21 L . . SMA / SMK / Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 5.000.000 5.000.000
18-21 L . . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000

26 - 29 Perempua . Rp 3.000.000 - Rp
Tahun 0 Karyawan Swasta | Pasca Sarjana (S2/S3) > Rp 7.000.000 £ 000.000
18-21 o . . SMA / SMK /

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat < Rp 1.000.000 < Rp 1.000.000
22 -25 o . [ SMA / SMK / Rp 5.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sederajat > Rp 7.000.000 2 .000.000

22 - 25 Perempua . . . Rp 1.000.000 - Rp

Tahun 0 Pelajar / Mahasiswa Sarjana (S1) 3.000.000 < Rp 1.000.000
22 -25 L . . . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000
18-21 L . . ) Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000

22 -25 Perempua Pelaiar / Mahasiswa SMA / SMK / Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun n J Sederajat 5.000.000 5.000.000
18-21 | Perempua | po\oiar / Mahasiswa | oA/ SMKY < Rp 1.000.000 < Rp 1.000.000
Tahun n Sederajat

22 - 25 Perempua Wirausaha / . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Freelance Sarjana (S1) 3.000.000 3.000.000

22 -25 o . . . Rp 1.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sarjana (S1) < Rp 1.000.000 3.000.000
18-21 Perempua . . . Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun 0 Pelajar / Mahasiswa Sarjana (S1) £ 000.000 £ 000.000
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82| L akiclaki | Pelajar / Mahasiswa | e d/e rsa'}g:(/ R 000 - Ro < Rp 1.000.000
%r4a;1ulr? Pererr]npua Pelajar / Mahasiswa S'\gﬁd/efa'}gf/ | 130(%)00880 Rp < Rp 1.000.000
5 5 PR | g i | AT | LU0 | oL
22°2% | Lakilaki | Pelajar / Mahasiswa Sarjana (S1) AR =i Ry P
%I'Sa;mznl Laki-laki | Pelajar / Mahasiswa Sarjana (S1) ae 3508800880 ok Rp 130(;)(;)00(())(())0 Rp
ZTZa;] uzr? Laki-laki | Pelajar / Mahasiswa S'\gﬁd{a f’a'}gtK/ < Rp 1.000.000 Rp 1?;95&9380' Rp
2.5 | Lavias | e i | AL OO0 ® | Lot
g|'6a;1uzr? Laki-laki | Karyawan Swasta Sarjana (S1) - 3508800880 Rp Rp 3508800880 Rp
%I'Zar-mzr? Laki-laki | Pelajar / Mahasiswa Sarjana (S1) Rp 3505500(;)80 P Rp 3508800880 Rp
5 | g | sepn | LT | Suomt
58| i | i s | AT | O Lot
%I?ar}uznl Laki-laki | Pelajar / Mahasiswa S'\g?d/ersa'}g:(/ < Rp 1.000.000 Rp 1303300(?80 Rp
58| i | i s | AT | OO0 T | i
szaﬁ uzr‘? Laki-laki | Pelajar / Mahasiswa Sarjana (S1) < Rp 1.000.000 < Rp 1.000.000
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18-21 S . . SMA /SMK / Rp 3.000.000 - Rp
Tahun Laki-laki | Pelajar / Mahasiswa Sederajat > Rp 7.000.000 £ 000,000

26 - 29 Laki-laki Wirausaha / SMA / SMK / Rp 3.000.000 - Rp Rp 5.000.000 - Rp
Tahun Freelance Sederajat 5.000.000 7.000.000
22-25 o . . SMA /SMK/ Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000

22 - 25 L . / SMA /SMK /

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat < Rp 1.000.000 < Rp 1.000.000
18-21 Perempua Pelaiar / Mahasiswa SMA / SMK / Rp 3.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 5.000.000 3.000.000

26 - 29 o . Rp 1.000.000 - Rp

Tahun Laki-laki Karyawan Swasta Sarjana (S1) 3.000.000 < Rp 1.000.000
22 - 25 Perempua Wirausaha / . Rp 5.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Freelance Sarjana (S1) 7.000.000 3.000.000

22 - 25 Perempua . . . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun 0 Pelajar / Mahasiswa Sarjana (S1) 3.000.000 3.000.000

22 - 25 L . . SMA / SMK/ Rp 3.000.000 - Rp Rp 3.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 5.000.000 5.000.000
22-25 [ Perempua | oo/ Manasiswa SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
18-21 o . . SMA / SMK / Rp 5.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Laki-laki | Pelajar / Mahasiswa Sederajat 7.000.000 3.000.000
18-21 | Perempua | pooiar / Mahasiswa | oA/ SMKY < Rp 1.000.000 < Rp 1.000.000
Tahun n Sederajat

18-21 | Perempua | po\oiar / Mahasiswa | SMA/ SMKY < Rp 1.000.000 < Rp 1.000.000
Tahun n Sederajat

18-21 | Perempua | oo/ Mahasiswa SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
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18-21 Perempua . . SMA/SMK/ Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000
18-2L || akivlaki | Pelajar / Mahasiswa | SN/ SMK/ < Rp 1.000.000 < Rp 1.000.000
Tahun Sederajat

18-21 | Perempua | pojoiar / Mahasiswa | S/ SMKY < Rp 1.000.000 < Rp 1.000.000
Tahun n Sederajat

18- 21 - . . SMA / SMK /

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat < Rp 1.000.000 < Rp 1.000.000
18- 21 - . . SMA / SMK /

Tahun Laki-laki | Pelajar / Mahasiswa Sederajat < Rp 1.000.000 < Rp 1.000.000
22-25 - . . SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | Leki-laki | Pelajar/ Mahasiswa Sederajat 3.000.000 3.000.000

26 - 29 o . Rp 3.000.000 - Rp
Tahun Laki-laki Karyawan Swasta Sarjana (S1) > Rp 7.000.000 £ 000.000
18-21 | Perempua . . SMA/ SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n Pelajar / Mahasiswa Sederajat 3.000.000 3.000.000
18-21 | Perempua | pooo/pa SMA / SMK / Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun n J Sederajat 3.000.000 3.000.000
22-25 || okilaki | Pelajar / Mahasiswa | e/ SMK/ < Rp 1.000.000 < Rp 1.000.000
Tahun Sederajat

22 - 25 o . Rp 3.000.000 - Rp Rp 1.000.000 - Rp
Tahun Laki-laki Karyawan Swasta Sarjana (S1) £ 000.000 3.000.000

22 - 25 L Wirausaha / . Rp 1.000.000 - Rp Rp 1.000.000 - Rp
Tahun | eki-laki Freelance Sarjana (S1) 3.000.000 3.000.000

Lampiran 3. Olah Data Smart PLS
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Nilai Mean, Min, Max

Mo. Missing Mean Median Min Max Standard Dewvia... Excess Kurtosis Skewness
STLSSS 5 0 4.220 4,000 1.000 5.000 0.773 0.897 -0.842
STL5S4 4 0 4.247 4,000 2.000 5.000 0.739 0.174 -0.732
STLSS3 3 0 4.280 4,000 2,000 5.000 0.722 0.453 -0.805
STLSS2 2 0 4.187 4.000 2.000 5.000 0.836 0.145 -0.850
5TLSS1 1 0 4.007 4.000 2.000 5.000 0.770 -0.127 -0.434
NS5 10 0 3.893 4.000 1.000 5.000 1.014 0.266 -0.829
NS4 9 0 3.927 4.000 1.000 5.000 0.980 -0.644 -0.495
NS3 8 0 3.913 4.000 1.000 5.000 0.959 0.456 -0.833
NS2 7 0 3.793 4,000 1.000 5.000 0.982 -0.188 -0.641
NS1 6 0 3.787 4.000 1.000 5.000 0.956 -0.196 -0.529
NPML55 25 0 4.187 4,000 2,000 5.000 0.736 -0.421 -0.594
NPMLS4 24 0 4173 4,000 2,000 5.000 0.781 -0.103 -0.655
NPMLS3 23 0 4193 4,000 2.000 5.000 0.746 -0.774 -0.430
NPMLS52 22 0 4.240 4,000 2,000 5.000 0.699 0.616 -0.726
NPMLS1 21 0 4353 4,000 3.000 5.000 0.685 -0.853 -0.376
KPYD5 15 0 4420 5.000 2.000 5.000 0.686 0.115 -0.898
KPYD4 14 0 4513 5.000 2,000 5.000 0.631 0.820 -1.131
KPYD3 13 0 4587 5.000 2,000 5.000 0.645 2.591 -1.609
KPYD2 12 0 4.280 4,000 2,000 5.000 0.665 -0.106 -0.526
KPYD1 1 0 4407 5.000 2,000 5.000 0.749 1.155 -1.214
IM53 20 0 4,160 4,000 1.000 5.000 0.865 0.254 -0.817
M54 19 0 4.060 4.000 1.000 5.000 0.874 0.020 -0.663
IM53 18 0 4.187 4,000 2,000 5.000 0.778 0.271 -0.770
M52 17 0 4127 4,000 2.000 5.000 0.794 -0.083 -0.635
IMS1 16 0 4.287 4,000 2,000 5.000 0.724 0.451 -0.819
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Outer Loadings

Influencer Me...  Kontral Perilalc...| Niat Pe
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MS51
NS2
MNS3
M54
NS5
STLSS1
STLSS2
5TLSS3
STLSS4
STLSS5

Realibilitas Konstruk & Average Variance Extracted

Cronbach's Al..

0.822
0.907
0.828
0.854
0.830

rho_A&  Composite Rel...

0.803
0.782
0.795
0.833

0.753

Average Variance Extracted (AVE)

Influencer Media Sosial 0.865 0.865 0.903 0.651
Kentrol Perilaku Yang Dirasakan 0.813 0.817 0.869 0.570
Miat Pernbelian Melalui Live Streaming Shopping 0.842 0.845 0.888 0.613
Morma Subjektif 0.903 0.906 0.928 0.720
Sikap Terhadap Live Strearming Shopping 0.853 0.855 0.895 0.630
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Fornel Lacker Criterion

Influencer Me... Eontrol Perilak...

Influencer Med... 0.807
Kontrel Perilak... 0.396
Miat Pernbelian... 0.629
Merma Subjektif 0.509
Sikap Terhadap... 0.531
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Cross Loading

IMS1
IMS2
IMS3
IM54
IMS5
KPYD1
KPYD2
KPYD3
KPYD4
KPYD5
NPMLS1
NPMLS2
NPMLS3
NPMLS4
NPMLS5
NS1
NS2
NS3
NS4
NS5
STLSS1
STLSS2
STLSS3
STLSS4
STLSS5

Influencer Media Sosial
0738
0.810
0.858
0.793
0.830
0.298
0358
0.226
0.289
0303
0.510
0.454
0.491
0477
0.528
0457
0451
0372
0.447
0427
0372
0415
0461
0452
0399

Kontrol Perilaku Yang Dirasakan Miat Pembelian Melalui Live S...

0325
0316
0.366
0.266
0319
0774
0.761
0.746
0.768
0.726
0419
0448
0.414
0471
0466
0312
0.339
0.233
0.344
027
0419
0415
0495
0.485
0.381

0528
0523
0.503
0.468
0511
0474
0482
0.350
0403
0.406
0.762
0.770
0779
0.795
0.807
0.521

0.533
0.508
0.591

0.461

0.526
0.548
0.589
0.568
0.526
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MNorma Subjektif Sikap Terha...

0413
0.397
0.407
0.400
0434
0.366
0.345
0.137
0.205
0.245
0418
0.384
0.498
0.486
0613
0.822
0.907
0828
0.854
0.830
0.490
0.463
0510
0522
0429

0.448
0401
0.441
0.447
0.401
0.527
0.404
0.368
0.381
0.402
0.497
0.543
0.550
0.539
0.591
0462
0.534
0492
0.562
0.533
0.803
0.782
0.795
0.833
0.753



HTMT

... Norma Subj... Sikap Terha...

Influencer Media Sosial 4:&
Kontrol Perilaku Yang Dirasakan

Niat Pembelian Melalui Live Stream %’\
Norma Subjektif ).700

Sikap Terhadap Live Streaming Shopp 0.693
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Tabel VIF (inner model)

Influencer Me... Kontrol Perilak...  Miat Pembelia... Morma Subjektif  Sikap Terhada...
Influencer Med... 1.000 1.539 1.000 1.000
Kontrol Perilak... 1.477

Miat Pernbelian...

Morma Subjektif 1.722
Sikap Terhadap... 2.129
R Square

R Square R Square Adjus...

Kontrol Perilak... 0,157 0131
Miat Pemnbelian... 0.638 0.623
Morma Subjektif 0.259 0.254
Sikap Terhadap... 0.282 0277
Q Square

159



R Square R Square Adjus...

Kontrol Perilak... 0,157 0.151
Miat Pembelian... 0.638 0.628
Morma Subjebkdtif 0.25% 0.254
Sikap Terhadap... 0.282 0.277

Path Coefficients (Uji Hipotesis)

Original Sa.. Sample Me... Standard D.. T Statistics (... P Values
Influencer Media Sosial -> Kontrol Perilaku Yang Dirasakan 0.396 0413 0.077 5,133 0.000
Influencer Media Sosial -> Niat Pembelian Melalui Live Streaming Shopping 0.274 0.274 0.058 4714 0.000
Influencer Media Sosial -> Norma Subjektif 0.509 0.515 0.070 7316 0.000
Influencer Media Sosial - > Sikap Terhadap Live Streaming Shopping 0.531 0538 0.079 6.737 0.000
Kontrol Perilaku Yang Dirasakan -> Niat Pembelian Melalui Live Streaming Shopping 0.215 0.220 0.075 2.858 0.004
MNorma Subjektif - > Niat Pembelian Melalui Live Streaming Shopping 0.222 0.223 0.088 2.529 0.012
Sikap Terhadap Live Streaming Shopping -> Niat Pembelian Melalui Live Streaming Shopping 0.296 0.290 0.098 3.013 0.003
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Struktur Calculation PLS Algorithm

STLSS1

STLSS2

STLSS3

STLSS4

STLSSS

NS1

NS2

NS3

NS4

NS5

IMS5

Influencer
Media Sosial

Dirasakan

Niat
Pembelian
Melalui Live
Streaming
Shopping

NPMLSS
| %
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Social media influencer streamers 2
and live-streaming shopping: examining
consumer behavioral intention through the lens
of the theory of planned behavior

Juriyu Long "8, Morzaidatwati Zaidin® and Xaojun Mai'

Abstract

The rapid develcpment of ke straaming has grsen se 1o baa-streaming shopping, a novel Channel of cobea shop-
pana that has gained considerable marker value Whils prewvious studies have sxphoned vamows factors sfluencing
comsumess intentions 1o engage in kwe-strzaming shopposa, most have fooused on factons influencing behavicra
intention after consumers have already chosem bee-straaming as theironling shopping chanmel. Fews studies have
frzused on the beginning of the entire shoppena jourmey—rhe atenton of consumers 1o dhoote live-mreamang
shopping. Tafill this research gap, this siudy extends the theory of planned behavior by miroducong scoal meadia
Influemoer sirearners a5 an exogenols variable. We investigated how attitedes towand lve-streaming shopping.
subjective narms, percefved behavioral contrcl, and social media mfluences streamers colectivaly Influence the con-
sumer's intentson for lve-sireaména shopalng. To acheae those reseanch objectives, the study distributed an cnline
questcnnalne across four specific regsons in the Chinese market. 8y using stratified sampling ahd purpesive sam-
plina methods, we garmerad 385 valid responses from thaose four reaons. The study emgployed partial least soquarnas
streciural equation modeling and SmartPLS 40 for data analyss. Consaquently, the resulis show that both attitedes
towand |ive-sireaning shapping, subgecives normes, percesead behavioral consrol.and soclal media influencer strearm-
ers hawve 2 significant o Consemers inteniicn o le=straaming :hopgsng. Monaover, sacial meda infleencer streanm-
ers exhibit sanificant infleences an consemers’ attitudes toward live-sieaming shopping, subgectve nomns, and pes-
caived behaviora contnal

Keywords Social meda inflesncer streaners, Live stisaring, Live-strearning shopping, Intenition, Theory of planned
beahavior

Introduction
With the advancement of internet technology and the
widespread use of mobile smartphones, there has under-

gone a significant transdformation in the way people com-
municate. Matably, the advent of social media has shifted

=L porkancs the traditional one-way communication maodel to 2 bidi-
t""‘"""""dg rectional interactive model [49]. Enke and Borchers |38]

g LAt A |
! azman Hashim Intennational Busina s Schoal, nkersio Tokndogi asserted that individuals are no longer merely consum
Wakwyiia, fohot Bahn, Malaysa ers of content on socizl media platforms, they alse act
* Faculty of anagarnant, Linhearaic Tanalop Maldymea, Jahar Bahas, as content producers. Applications such as TikTok, Ins-

Walayeia tagram, Twitter, and Facebook have gradually become
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crucial channels for information retrieval and sharing
[9]. In this context, Onofrei et al. [83] pointed out that
interpersonal interzctions have become more frequent
and intimate, fostering deeper connections amuong users.
Thess enhanced wser relationships subtly influence con-
sumer consumption behaviors. Particularly in the realm
of online shopping. Shiu et al. [92] indicated that inter-
personal relationships affect consumers’ choice of online
channels. Concurrently, enterprises are leveraging the
profound connections established on social media to
conduct online marketing activities, achieving desired
market effects. Among these, live-streaming shopping
has become a popular trend in the online shopping
industry.

Im recent years, continoous advancements in live-
stream technodogy have elevated its significance in peo-
ples daily lives. Particulady in China, platforms such as
Douyin, Kuzishouw, Tachan, and Xizchongshu have inte-
grated live-streaming functions into entertainment, edu-
cation, gaming, and e-commerce, :.iEhn.iﬁr_lnﬂ.}' impacting
the lifestdes of Chiness wsers [74, 59 106). Acoord-
ing to the China Internet Network Information Center
(CMMIC), the number of live-streaming users in China
reached 75065 million in 2022, more than doubling
since 2016 [33]. Moreover, the penetration rate of live-
streaming in online activities among netizens increased
by 23%, reaching 703% [33]. Given the extensive wser
base and high penetration rate, enterprises have keenly
recognized the potential madket value brought by lve
streaming. Increasingly, businesses are frequently ueilz-
ing live-stream functions on social media for product
sales [T6]. For instance, during Alibaba’s Double Eleven
pre-sale svent on Taobao Live in 2020, the total transac-
tion amount reached an impressive $7.5 billion within
the furst 30 min [13). Similarly, 2 survey by AlixPartners
[6] revealed that over two-thirds of Chinese consumers
expressed an intention to shop via live-stream during
the Double Eleven event in 2020. According to Statista
[93]. the gross merchandise value of China's live-stream-
ing economy reached 3500 billion RMB in 2022, a rapid
growth compared to 19.64 billion BMB in 2007, T some
extent, live-streaming has become a new business miodel
driving the development of online shopping in China
[79].

Huowever, despite these impressive achievements,
there are still controversial issues, with the most signif-
cant being the persistently high retum rates. According
ta 3GKREResearch [1]. the return rate for live-streaming
commerce in China reached 30-50% in 2020, signih-
cantly higher than the 10-15% return rate for trzditional
online shapping. The rising return rate indicates higher
post-purchase costs for consumers in live-streaming

commerce, Similarly, the China Consumers Association
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[CCA] reported that the main reasons consumers ane
reluctant to try live-streaming shopping are concerns
about quality assurance and potential after-sales issoes,
accounting for G0.5% and HL8%, respectively [24]. These
figures suggest that many facters still influence consum-
ers’ live-streaming shopping behavior, posing significant
barriers to the development of lve-streaming commerce.

To address this ssue, many scholars have attemnped
to study consumers’ live-streaming shopping behavior
from various perspectives. Generally, Mai et al. [79] cat-
eporized related live-streaming shopping research into
three types: streamer-related research, consumer-related
research, and platform-related research. Specifically, Gan
et al. [41) pointed out that since streamers dominate the
whole bve-streaming activities, streamer-related factors,
such as chamcteristics [44, 109], significantly impact
consumer behavior In terms of consumers, how they
engage [103, 107] and how they feel [12, 101] also sig-
nificantly influence their peciormance in live-streaming
shopping. Additionally, different platform features and
functionalities afect consumers' live-streaming shopping
experiences, subsequently influeneing their purchasing
behaviors [45]-

However, it is worth noting that these empirical studies
were primarily conducted after consumers had already
chiosen live-streaming as their preferred online shopping
channel. The initial stage of the [ve-streaming shopping
journey, specifically the maotivations behind consumers
rJ'lnn:inE live-streaming shopping over traditional online
shopping channels, remains unexplored. This research
gap is particularly relevant given the high return rates
in the Chinese live-streaming masket compared to tra-
ditional online shopping, yet live-streaming shopping
remains popular amoeng Chinese consumers, Mean-
while, tap-tier streamers, such as sovial media influencer
sireamers, nixt i:lnl'g.r have the r.:]:nb-iﬁtf to atbract 2 ]:lrg,ur
consumer base but also maintain 2 notably low return
rate of 10-15% [54].

Therefore, this research aims to Al the existing
research gap by exploring the factors influencing con-
sumers’ intention to choose lve-streaming shopping.
To this end, we employed the Theary of Planned Behae-
ior (TPB} to investigate consumer behavicral intention.
According to TPH, consumers’ attitudes toward behavior,
subjective norms, and perceived behavioral control are
three critical factors influencing whether consumers per-
form a behavior. Additionally, due to the dual attributes
wl bive-streaming shopping, we argue that socizl media
influencer streamers also play a crucial role in influenc-
ing consumers' decisions. Thus, we propose incorporat-
ing sowial media influencer streamers as a new factor in
the TPE maode, hypothesizing that social media influ-

encer streamers, alongside the original three factors,
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influence consumers’ behavioral intention. Furthermaore,
we suggest that social media influencer streamers impact
consumers’ attitudes toward  live-streaming  shopping,
subjective norms, and perceived behavioral control. As
a result, this research extends the TPE model by intro-
ducing a new variable, enhancing its applicability in the
context of live-streaming shopping. Additionally, this
research focuses on consumers” intention to choose live-
streaming, contributing te the existing research on con-
sumer behavior in the live-streaming shopping domain

Literature review

Live-streaming shopping

Live-streaming  shopping enables consumers to shop
while watching live streams._ This provides a novel online
shopping experience and marketing channel for bath
consumers and businesses

Previous research has extensively compared live-
streaming shopping with traditional online shopping,
highlighting significant differences. Unlike traditional
online shopping, Chen et al [28] noted that live -stream-
ing shopping combines the dual attributes of social media
and e-commerce, providing consumers with 2 wnigque
and engaging online shopping experience. (dn one hand,
streamers [sellers) actively promote and introduce prod-
ucts during live broadcasts, while viewers [consumers]
make purchases as they engage with the live content. In
this dynamic transaction process, consumers interact
with real people rather than static shopping web pages |7,
1), Chang and Yu [26] suggested that by communicat-
ing with streamers or other viewers, consumers immerse
themselves in an interactive online shopping scenario.
This secially driven shopping method more eHectively
meets consumer consumption needs and  fcilitates
transaction completion [92]. On the other hand, by wiiliz-
ing live video technology, merchants can vividly demon-
strate products, allowing consumers to evaluate products
more thoroughly [50]. This form of product demonstra-
tion, which relies on live demonstrations rather than
static images and text, provides consumers with richer
and maore valuable information [84, 5%). As Gao et al.
[42] emphasized, the information consumers gather dur-
ing online shopping significanthy influences their product
evaluation and purchase decisions, especially when they
cannot physically touch the products. From this perspec-
tive, live-streaming shopping enhances the efectiveness
of praduct information transmission compared to tradi-
tisnal gnline shopping.

Additionally, the combination of live-streaming shop-
ping with social media influencers has emerged as a pow-
erful marketing strategy. Barta et al [13] noted that social
media infleencers, by offering content that resonates with
consumers, more effectively represent their followers”
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interests, lifestyles, and values compared to traditional
celebrities. Therefore, Ki and Kim [58] argued that social
media influencers can establish deeper bonds with their
fdlorwers, These bonds make influencer endorsements
appear more authentic and trustwarthy |73] compared to
traditional marketing methods |20). Thus, the combina-
tion of live-streaming shopping and social media influ-
encers leverages the interactivity of live-streaming and
the influsnce of influencers’ personalities, significantly
enhancing brand exposure and consumer  purchase
intentions.

In thisz study, we introduce the term “Social Media
Influencer Streamers” (SM15s), relerring o social media
influencers who act as live streamers, promoting prod-
wets in real-time during their broadeasts.

The theary of planned behavior

The theory of planned behavior (TPB), developed by Icek
Ajeen in 1985, aims to elucidate and predict individual
behavioral intentions [4). This theoretical model is con-
sidered an extension of the eaclier Theory of Reasoned
Action (TRA) [21]. The TEA model assumes that individ-
uals have complete control over their behavios, 2 prem-
ise that does not apply to actions influenced by external
factors ar lacking full valitional contral. T address the
limitaticns of the TRA, Ajzen 5] introduced the concept
of perceived behavioral control o measure individuals'
eontrol beliefs, thereby providing o more comprehensive
framework. Consequently, the TPB posits that individual
behavior is determined by three key factors: attitodes
toward the behavior, subjective norms, and perceived
behaviorl contrel [4). Since its inception, the TPB model
hias been widely applied acros variows research domains
ax an effective model for predicting and explaining indi-
vidal behaior [11, 14780, 104].

Accarding to TPB, an individuals attitude towards a
particular behavior is pivotal in shaping their behavie-
ral intentions |7, 102]. Broadly, attitude is defined as an
individual's overall evaluation of the behavior and its
potential outcomes [5). Similarly, Armitage and Con-
ner [B] used the concept of behavioral beliel to describe
individuals'  attitedes  toward  behavior, noting  that
these are influenced by the subjective value attached to
the expected outcomes of the behavior Essentially, as
emphasized by Stranieri et al [94), individuals” attitudes
toward a behavior are shaped by evaluations of the asso-
cizted sutcomes, whether perceived as positive, negative,
wr neatral. For example, in the contexts of health behayv-
iors [94, 104], environmental behaviors |78, 86], and mar-
keting behaviors [35, 108], individuals are maore likely to
engage in behaviors they perceive as beneficial. Generally,
as nded by Masukujjaman et al. [80], a positive attitede
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towards behavior is a strong predictor of an individual’s
intention to engage in 2 particular behaviorn

While an individual's attitude towards a behavior is cru-
cial, the environment in which they act also significantly
shapes their actions and decisions. In this sense, Ajzen
[5] underscored the imporance of subjective norms
as a ley determinant of individual behavior. Subjective
norms irvalve an individual's perception of external pres-
sures from others, which may influence their decision
ta engage in or avoeid specific behaviors [5, 52). Speci@-
cally, Zhow and Lin [108] highlighted that the tendency
to conform to expectations related o 2 certain behavior
is influenced by subjective norms, inchuding normative
views within the social ervironment. In ather words, as
Joo et al. [56] asserted, an individual's behavioral inten-
taons are easily swayed by the opinions of thind parties,
such as friends, family, and other significant persons.
Thus, Aydin and Aydin [11] pointed out that subjectie
norms underscore the impact of the social emvironment
on individual behavior.

Additionally, Eohde |88 emphasized that perceived
behavioral control reflects an individuals confidence
in their ability to perform a specific behavior. However,
Huang et al. [52] noted that perceived control aver behan -
inrs may vary across different contexts and behaviors.
Similarly, Ajzen [5] acknowledged that individuals' reflec-
tions on perceived behavioral contral may differ based an
their past experiences, =kills, resources, and situational
constraints. In this regard, Rohde [88] suggested that
perceived capability and perceived controllability are the
most effective indicators for assessing perceived behavio-
ral controd. Perceived capability pertains to the perceived
ease ar diffculty of performing 2 particular behavior,
while perceived controllability refers to the sense of con-
trol aver BxECuting the behaviar [14, 88]. In ather wards,
ISouza et al. [35] argued that beliefs about one’s abil-
ity to control a behavior in a given context significantly
influence the propensity to engage in that behavior. Simi-
larly, this notion aligns with Aydin and Aydin [11], those
who claimed that the likelihood of engaging in a specific
behaviar increases in tandem with the sense of control
over that behavior.

Huowever, 25 market environments continuously evolve,
the fetors influencing individual behavioral intentions
have become more complex, revealing the limimtions of
the traditional TPB. Schalars have begun to expand the
TPE model [21, 77]. For instance, Valentin and Hech-
amowva |96] introduced perceived quality and self-iden-
tity as variables to further predict individual behavioral
intentions from the perspectives of product and personal
value. Similarly, Magrizos et al [77] demonstrated that
product price and self-identity significantly influence
consumer purchase intentions. Additionally, Wang et al.
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[98] walidated the applicability of consumer familiarity
and ambiguity telerance within the TPB model. The rise
uf sovial media and live streaming has further diversified
the factors affecting consumer purchase intentions. For
example, Chetiouwi et al. [30) and Chopra et al. [32] intoo-
duced influencer-related variahles, proving their signifi-
cant impact on consumer purchase intentions. Likewise,
Huang et al. |52] emphasized the influence of social dis-
tance on the behavioral intentions of online users.
Therefore, to accurately predict consumer behaviorl
intentions in the live-streaming market, it is imperative

tov extend the original TPE maodel.

Hypotheses development

Attitudes toward live-streaming shepping

The sdvantages offered by online shopping have made
it the preferred shopping channel for many consum-
ers [15, 89). This consumption behavior is significantly
influenced by consumers’ positive perceptions. Erkan
and Ebwalda [39] pointed out that consumers can acoess
information {rom various sources during online shagp-
ping, aiding them in better -era]u:.ting product value. This
information accessibility FBcilitates more informed pur-
chasing decisions, fostering 2 positive attitede towards
online shopping. Additiorally, Patel et al [85] empha-
sizel that enline shopping provides consumers with reli-
able customer reviews, enhanecing consumer trust. When
consumers trust online shopping, they are more Likely to
engage in it |87, 97].

Ax an innovative approach to online shopping, live-
streaming shopping offers greater value compared to
traditional online shopping channels. For  instance,
Chen et al. [28] and Liv et al. [71] proposed that live-
streaming shopping not only provides consumers with
mare cost-elfective products but also meets their social
needs. Similaddy, Chen et al [29] highlighted that live-
streaming shopping enables real-time communications
amueng consumers, streamers, and other viewers, foster-
ing cliser social connections. This social engagement not
wnly enhances the enjoyment of the shopping experience
but alse boosts consumer confidence and decisiveness in
their purchasing decisions |25, 63].

Moreover, De Canniére et al. [36] noted that con-
sumers’ attitudes toward behaviors are closely related
tiv their past experiences. This implies that satisfaction
derived from past experiences strengthens their atti-
tudes, thereby increasing their intention to engage in
the behavior, Therefore, when consumers hold a positive
attitude towards online shopping. they are more lLikely to
choose live-streaming shopping, a more valuable anline
shopping channel, when deciding on an online shop-
ping method. Consequently, we propose the following
hypathesis_
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H1: The consumers attitudes towand live-streaming
shopping have a significant impact on the consumer’s
intention for live-streaming shopping.

Subjective norms

The influence of subjective norms on consumer behay-
inral intentions is particulacly evident in the context of
online shopping. For instance, Bhatti and Akram [19]
nated that consumers, especially during their first online
shopping purchase, tend to heavily rely on the opinions
of others when deciding whether to make purchases.
Similarly, Theodosron et al. [95] observed that the ati-
tudes within a consumer’s social cirele significantly
impact their online shopping decisions. Additionally,
Sajid et al. |90] emphasized the substantial influence of
norms fermed through interpersonal interactions on
cansumers online shopping behavior Specifically, con-
sumers often reference other users’ reviews and ratings
when shopping online, which subsequently influences
their purchasing decisions [64, 91]. In other words, the
opinions and attitudes of athers are critical factors affect-
ing consumer decisions in online shopping.

In the case of live-streaming shopping. interpersonal
interaction is more fregoent compared to traditional
online shopping channels |7, 63]. This increased interac-
tivn means that consumers can receive more opinions,
recommendatiens, and reviews from others during the
live-streaming shopping [50]. These valuable inputs ulti-
mately influence consumer behavioral intentions |2%). On
the other hand, Lin et al. [70] noted that as live stream-
ing gradually integrates into consumers’ daily lives, live-
streaming shopping is becoming a new trend in online
shopping. When consumers see fiends, family, or influ-
encers participating in lve-streaming shopping, it creates
a normative expectation that this behavior is acceptable
and desirable.

Therefore, we propose that for live-streaming shop-
ping. as a highly social online shopping channel, sub-
jective norms play a crucial role in shaping consumer
behaviaral intentions,

H2:  Subjective norms can positively influence the con-
sumer’s intention for live-streaming shopping.

Perceived behavioral contraol

The positive relationship between perceived behavio-
ral contral and behavioral imtention in the context of
online shopping has been well established |67, 85]. As
Petcharat and Leelasantitham [87] pointed out, online
shopping offers consumers unparalleled corvenience by
eliminating the need for physical presence in stores. This
convenience allows consumers to complete shopping
activities anytime and anywhere, leveraging the flexibility
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and accessibility provided by digital platforms. In other
words, Gong et al. [43] noted that consumers have the
ability to control the entire online shopping process and
decide whether to engage in online shopping bebay-
iors. This implies that consumers have the autonomy to
manipulate their online shopping experience.

Muoreover, in live-streaming shopping, consumers have
mare freedom to control their chaices and behaviors. Cai
et al. [22] pointed out that consumers can select which
live-stream content to watch based on their interests,
needs, and preferences. This autonomy albbws consumers
tis explore various products, make comparisons, and ulti-
mately make purchasing decisions |22, 102). If consumers
fimd that live-streamn content uninteresting or irrelevant
tis their needs, they have the autonomy to stop watch-
ing, thereby preventing any purchase behavior [99, 100].
Theretore, we propose the fallowing hypothesis:

H3: Perceived behavioral control significantly influ-
ences  the consumer’s intention  for  live-streaming

shopping.

Sacial media influsncer streamers

Previous studies have consistently shown that collabue-
ration with social media inflsencers can be an efective
marketing strategy, particularly in the domain of social
commerce [13, 38, 73] As Lou and Yuan [73)] noted, by
partnering with social media influencers, brands can
rezch 2 vast and engaged follower base, enabling them to
connect with potential customers in a more targeted and
authentic manner. Additionally, investigations into the
impact of sovial media influencers on consumer behayv-
ior sugpest that their effectiveness stems from the deep
reciprocal relationships they establish with consumers
[23, 59, 72|. Through these relationships, Kim and Kim
[59] argued that the psychobogical distance between oon-
sumers and social media influencers is reduced, making
consumers more susceptible to the influencers’ recom-
mendations and endorsements.

Ax social media influencers transition intoe live-stream-
ing as streamers for product sabes, their influence seam-
lessly extends from social platforms into live-streaming
shopping. It means that this continuity in SMI5s" influ-
ence and presence may lead their followers o peroeive
these sctivities as trustworthy and reliable. Therefore, we
pusit the following hypothesis

Hd:  Social Media Influencer Streamers have 2 positive
impact on the consumers intention for live-streaming

shopping.

Furthermore, 5MI15s can significantly influence con-
sumers” attitudes toward live-streaming shopping. As
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previously mentioned, consumers' attitudes towards a
behavior are contingent upon their evaluation of the out-
comes assaciated with that behavior, Enke and Borchers
[%8] highlighted that due to the sincere interactions social
media influencers have with consumers on social media
platforms, they positively impact consumers’ psychelogi-
cal states, Jeading to a heightened sense of trust in social
media influencers. Based on this trust, Kim and Kim [59]
emphasized that consumers are more inclined to accept
social media influencers’ opinions. In other words, con-
sumers often believe that infleencers can bring beneficial
cantent b them [17]

In the online shopping environment, this reliance on
influencers becomes even more critical. Although infor-
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wthers o engage in activities associated with these influ-
encers. Particularly, peer recommendations originating
from these followers are perceived as sincere and devoid
of commercial motives, thus possessing substantial per-
suasive power, as emphasized by De Jans et al [37]. Con-
sequently, to some extent, the influence of social media
influencers on consumer behavior extends o others
thraugh the endorsements of their followers,

In the context of live streaming, the real-time nature
ol content transmission enhances the requency and sig-
nificance ol interactions between streamers and view-
ers [65]. In such scenarios, the interwoven relationships
amung social media influencess, fllowers, and other
viewers facilitate the rapid dissemination of opinions

matisn technodogy enables consumers to access exbensi
product-related information o make informed online
purchasing decisions 23], Zatwarnicka-Madura et al
[105] paointed out that the unrestricted nature of online
information sharing alse presents challenges in discern-
ing accurate and reliable information. In this context,
Beheshti et al. [16] suggested that social media influenc-
ers who are perceived as authoritative and trustwaorthy
in specific domains can alleviate the challenge of obtain-
ing waluable information to some extent. Therefore, as
highlighted by Hu et al. [51], consumers are more likely
to form positive impressions of secial media influencers,
due to their ability to provide trustworthy and valuable
information. Additionally, Apasrawirete and Tawised [7)
highlighted that in the context of online shopping behay-
ion, influencers can significantly influsnce consumers’
attitdes, thereby impacting their behavioral intentions
toward products endorsed by influsncers. Consequently,
Magrizos et al. [77] concluded that consumers” attitudes
toward social media influencers play 2 crucial rele in
determining whether they engage in behaviors associated
with social media influencers.

Therefore, we posit that in live-streaming shopping,
M4 can infleence consumers’ attitudes towards live-
streaming shopping behavior, and we propose the follow-
ing hypothesis:

H5:  Social Media Influencer Streamers have a positive
impact on the consumer's attitudes toward live-stream-

ing shopping.

Moreover, social media influencers exert a significant
impact not only on consumess but alse on broader social
networks |21, 32]. As described by Magrizos et al. [77].
the fan effect illustrates how social media influencers
develop profound relationships with their followers, lead-
ing b supportive amd endorsing behaviors among fans.
Furthermare, Borchers [20] noted that ance consumers
become followers of influencers, they may even persuade

167

and beh % within the community [99, 100]. As Shin
et al. |92] pointed out, this communal atmosphere fosters
a sense of bedonging and loyalty among viewers, thereby
contributing to the spontanecus formation of influ-
ence and behavioral noems, Additionally, as discussed
by Lin et al. [69], the concept of social media influenc-
ers a5 micro-celebrities implies that consumer behavior
can be influenced by imitating the actions and choices
ol influencers. |2, 3]. A.:cnr\d.irlg to fin and Ryu [55], this
phenomenon af secial mimicry suggests that consumers
may replicate the behaviors endorsed or demonstrated
by social media influencers. From this perspective, when
consumers observe social media influencers endors-
ing specific behaviors, they may perceive these behayv-
iors as normal or socially acceptable [35]. Consequently,
SMISs" behaviors could contribute to the establishment
of social norms within enline shopping and broader soci-
ety. In light of these nsights. we propose the following
hypoathesis:

Héi:  Social dledia influencer Streamers have a positive
impact om subjpective norms.

Furthermore, in the context of live-streaming shopping,
M55 poasess unigque purchasing infleence. According
bt iresearch [54], bop-tier streamers aften hold momnop-
wlistic bargaining power. It means that these streamers
have a dominant position when negetiating prices with
suppliers, enabling them to offer relatively more favor-
ble prices to consumers compared to other shopping
channels. As emphasized by Cheah et al [27], price has
consistently been the most eritical factor influencing
consumer shopping behavier Given equal conditions,
consumers are more likely to purchase products or ser-
vices that are priced lower. A survey conducted by CCA
[24] revealed that 53.9% and 43.8% of users cited discount
prices and limited- time offers, respectively, as reasons for
participating in live-streaming shopping. Therefore, the
price advantages brought by $MI5s infleence consumers'
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consideration of resource investment in online shopping
behavior, subsequently affecting their choice of online
shopping channels.

Moreover, as previowsly discused, consumers in live-
streaming shopping do not complete the entire shopping
process in isclation. Instead, consumers awtonomously
immerse themselves in the entire live-streaming pro-
cess [12], amsessing the value of products by watching
SMISs' demonstrations and interacting with other users
before ultimately deciding whether to make a purchase.
During this process, as Ingard [53] noted, the streamer
controls the entire live session, systematically showeas-
ing. explaining, and selling products to consumers. The
content consumers see during the stream is determined
by the sreamer 28], Additionally, streamers selectively
engage with users and guide their participation behav-
inrs, such as liking, sharing, and commenting. To a cer-
tain extent, streamers can influence how consumers act
in live streaming.

Therefore, we propose the fallowing hypothesis:

HT: Social Media Influencer Streamers have a positive
impact on perceived behavior contral.

Research framewaork

Based on the preceding discussion, the proposed
research framework is illustrated in Fig- 1. In total, seven
by prtheesess are formulated to be validated.

Methodology

Sampile size determination

Ta ensure our collected sample data effectively reflects
our research objectives and provides statistically mean-
ingful resulis, the determination and selection of samples
become crucial Previous studies have offered varous
methods for determining an appropriaie sample size,
such as sample size caleulation formulas or specialized
software tools [57, 62]. Among these, when dealing with
a large population in research, Lakens [62] suggested that
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sample size caloulation formulas stand out as an efficient
and convenient means of determining sample size.

Given that the focus of this study is o explore the
behavioml intent of Chinese consumers in choosing live-
streaming shopping during online shopping, the popula-
tion under investigation comprises all online shopping
consumers in the Chinese market. According e CMNNIC
[33], the number of online shopping consumers in China
reached BAS billion in 2022, Consequently, to extract a
suitahle sample size from such a vast population, we
employed Cochran’s formula [34], which is particulary
well-suited for studies with large populations, The for-
mala is as follows:

"_Zaxpz-c{]—_pj
= T
wiere

1= The required sample size.

Z = Chimen level of significance (typically for a 95%
confidence level, # would be abaut 1.96).

p = Estimated population propartion {anticipated sam-
ple proportion, a value between 0 and 1).

£ = Margin of error (allowable srror between the sam-
ple proportion and the population proportion).

T ensure the credibility of the obizined sample, we
set the confidence level at 95% and the margin of error
at 5%, corresponding te £=1.96 and E=005, respec-
tively. Additionally, considering the rapid growth of
live-streaming shapping in China, which has become a
popular cnline shopping methad for consumers, we rea-
sonably assumed that approcimately half of the 8.45 hil-
lin online shopping consumers engage in live-streaming
shopping. [t means that the value for gis 0.5 Substituling
these valees into the calculation Formula, we derived the
I.s.|||r.|'n'i.ng EXPrEsEion:

At b i1 -8 s

= =AM 2 RE

a=
e [

Since 1 must be a whale number, we round up to the
nearest whole number. '.Ihl.-::ﬁ.'-n.-_. the calculated :-:l.mple
size recquired for our study is 385,

Sample size composition

As Chinas vast size and diverse regional economies
can lead b significant variations in consumer prefer-
ences, hehaviors, and purchasing patterns across diffes-
ent regions. Thus, we categorized the sample based on
regiomal divisions to ensure the representativeness of the
sample. According to the MNational Bureau of Statistics of
China (NESC), China can be categorized into four areas
based on socio-economic development: Eastern, Cen-
tral, Western, and Mortheastern areas [82]. Subsequently,
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Table1 Sampls campasitian

Arzas .lllglmu .I:h'nllnnrntalsihsnll.u 1nad .Pnpull'ﬂnnqmllllnn] .Sirrmllng .S.Implut:n
il | o s proportions %)

Easiem anca Cuargdang 2EAETD 12684 =1 133

Leniral area Hiznan, 23482 i R 221 s

VYRR ans SEchiban 25391 23z FET] 9z

Morheatiem aea Liaaning 18541 4329 12 &5

Tatal q 3595386

35168 [a k) E]: 13

Sovsca: [81])

aceording ts NBSC [82), we selected the region with the
highest anline retail sales in each of these four areas in
2021 as the source region for the sample. To do so, we
utilized stratified sampling to determine the sample sizes
for each region. First, we calculated the sampling propor-
tions for each stratum by dividing the total population
of each regivn by the total population of all feur regions.
Then, we multiplied the sample size of 385 by each stra-
tum’s sampling proportion to sbtain the number of sam-
ples to be taken from that stratume Table | owtlines the
specific details of the sample composition.

Data collection
Due to the diverse geographical origins of sur samples
across four regions in China, we employved an online
guestionmnaire as it is a practical and efficient approach for
data collection [61]. To maximize participant outreach,
wit selected the widely used online survey platform, Wen-
juanxing, knrown for its substantial market presence in
China. To minimize external influences on respondents,
wit utilized a self-administered structured questionnaire,
aceessible via web browsers or mobile devices.
Furthermore, we opted for a purposive sampling
miethad to ensure that sur participant pool is w@rgeted
and representative of specific characteristics relevant
ta our research objectives. As described by Berndt [15]
and Kim [60], purposive sampling invalves selecting
participants based on predefined criteria that align with
the aims and scope of the study. To do so, beo sereen-
ing questions were introduced at the beginning of the
questionnaire, assessing participants’ recent experiences
in enline shopping and live-streaming shopping within
the past month. Only respondents affirming both expe-
riences proveeded to complete the questionnaire. Finally,
wit collected responses from 423 participants. Follow-
ing a meticubous exclusion process, including seruting
of screening questions, logical consistency, and response
times, we identified and retzined 385 valid responses for
subseguent data analysis.

169

Table 2 Cerranraphic mfomation

Vanable Catagornes Fraquency Perceviage
Gender Iz 14 426
Fermnake a1 374
Toral =5 oo
Age i8-z2 154 ]}
1943 1E7 434
455 ] 34
Abcasz &0 i1 19
Toral =5 1on
Education aenar high school 13 i3
of blow
Bacholors or amociie 351 E55
degree
Masie’s degres 114 196
Fhi [ &
Toead 35 1on
Frequenicy Ieidtiple times a day 24 118
af watching Lk
LIEaming
Evered oy 142 369
A4 phyys ToT el h 131 14
Wiary ram | 73
Tonal a5 1oa
Demographic profile

Table I shows the complete demographic information for
the 385 respondents. (F these, 164 are male, while 221
are bemale. The majority of respondents belong to the
Generation # and Generation Y categories, with a signifi-
cant partion indicating a high frequency of live-stream-
ing viewership.

Measurement iterms

To ensure the bdelity of the guestionnaires meaning
during translation, it was initially drafted in English and
subsequently translated into Mandadn, In our study, to
impartizlly capture respondents’ authentic opinions on
the measurement items, we emploved a fve-point Lik-
ert scale ranging from 1 [strongly disagree) to 5 {strongly
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Table¥ Measurement items

Constnucts Fams Fazources

Artituces Towand Live-sireaming Shopping (ATT) ATTY. | ke the Mea of pschasing products fram lre sireaming Pared et 2l |B5]
ATTE The idea d‘usrglr.-n sinzamineg bo purc hace products is appealing
ATTA. Py arttiiuacke: towvands lve-sisaming shopping is posiifae

Subpecther Nomme [5G 5M1. Feaplke wha maiter to me think that | should buy products fiam e sisam- Patel et al. [BE]
ing
SMZ | feel social presure topunchase product: from ke Lireaming
S | think | shauld purchase produces from e sireamineg as peopke around me
£ the S

Percoived Behand oral Contral [PEC] FHLL. | el ke bhawe corerol cosr e cecison to purchzce produces from lsse Pared et al. [BE]
suaming
FBCD | hawe ancugh money to punchase prad.aces from lse stoaming
PR3 It b sy far me to punchae peoducts from D sreaming

tacial Media irfluenoer Socamens SkiG] SME1 I think social meda indluencer sireamer can 2554k ma in making shopping Cheticud e dl. |30]
e ks
SME2 | balie.e that social media influencer sireamer pi. de: vabable producns
wame
SME3 1 balir.e that social med a influencer pcwides new deals
about differcrt products
Intentian for Like-streaming shapping QL55) 1L551. | weou b cansider purc-asing products from lee shieaming L ard Chen [75]

11352, lam ircined o pechase products fram live areamiceg in the feue
1L, lam sy lkety 1o punchase product: fiom ke sireaming

agree). All measurement items adopted and adapted  Tabled Descriptive statistics and mubicallinear ity
were derived from  previously  established  research.
Ingins Msan Standard
The questionnaire assesses fiwve distinet factors: atei- Heas m;tinm Ve

ueles rd lve-streaming shopping {ATT), subjective ——————— —
' o o ing shopping {ATT), subje Ouier made AT 4174 0ET 1464

narms (5], perceived behavioral contrel (PRC), social
media influencer streamer (53105), and intention for live- ATT2 195 0742 1557
streaming shopping (IL55) (refer to Table 3). Each latent AIT3 437 oozt 1533
varahle comprises three indicators, Table 3 presents all Ml 440 g2l 1586
constricts, measurement ibems, and resmurces. e aaar nEsl 1527
ENZ 4010 07 1531
Statistical methods FELT 4000 0E44 1718
This study used a variety of statistical technigues for data = 4174 nas? 1431
analysis. For example, descriptive statistical methods FRLI 1971 0804 1574
were utilized during the data-cleaning stage to summa- ERAIED 4370 0B40 1407
rize and deseribe the main features of the data. Addition- Sls2 EL k] 1442
ally, Partial Least Squares Structural Equation Modeling I 4273 omat 1420
(PLS-SEM) was applied to evaluate the proposed model LEs1 422 079l 120
and test hypotheses. Path analysis was conducted to Lzaz 4340 DBz 1360
examine the relationships between varables. All data Lts2 4206 0750 1702
analyses were pecformed using SmartPLS 4.0 software. riret modied AIT-=IL55 2953
EN - ILES 7585
Results PRLC - ILSE 1654
Descriptive statistics and multicollinearity SMIE- =55 2952
Before delving into more in-depth data anabysis, we SIS = AT 1000
employed statistical methods such as caleolating the SMIE - N 1000
mean and standard deviztion to gain insights into the dis- EMIE- PBC 1008

tribution and characteristics of our data. The descriptive
data obtained is presented in Table 4 These preliminary
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Tahble § Factor loadings, Cranbach’s alpha, compasite reliskbility, ard AVE

Constructs .Ihm:. .an-'-g:. .Cl'ﬂl'lbld‘f:l alpha .I:nmp-n.:rhl :H'E

refiability

Artitudes porasrd |iWe-smearning shopping ATTI [EFAE I35 DEES Q5T
ATT2 DE1G
ATT3 oaEn

SUBTRa OIS SMI [EES] 1 g ey nBs3 Q5T
Shiz D219
53 DE0E

Percpived bahizsiod oo FBC1 DaLT B361 iRt QET?
FHEZ el
PBC3 [EFY )

sacial rmedia rdlencer stireame ShES1 EEL ] (M ne42 atcly
SMIAT D20
ShI53 D207

Intentan for lve-stieaming shopping IL5E1 Dars 1 J: 0B ar
IL5E2 DEre
IL5E3 D233

a.n.a]'pus |'||=||_:| us understand the central tl:nd:m.'r and
sarability of sur variables, laying a solid foundation for
more in-depth exploration and interpretation of the data.
Concurrently, we conducted multicollinearity tests 1o
ensure the absence of high correlation ameng the data,
which is essential for multiple regression analysis.
Initially, we assessed the collinearity between each
indicator, with the highest collinearity observed between
ILS%1 and 1L552, at 653, This value is well below the
recommended threshold of 075 [46]. indicating no col-
linearity between indicators. Subsequently, to further
validate multicollinearity, we performed varianee infla-
tion factor { W1E) caleulations for both the auter and inner
models. Al varizble VIF valuses were below the widely
acoepted threshold of 5, signilving the absence of multi-
callinearity [45]. Additionally, the inner models WIF val-
ues indicated that our model can be considered free of
commn method bias, The results are detailed in Table 4.

Measurernent model assessment

Since this study employs PLS-SEM for data analysis, we
fulbowed the recommended steps outlined by Hair et al
[#4] for PLS-SEM data analysis. The initial step invalved
assessing the measurement model. This phase is crucial
as it ensures the reliability and validity of the measure-
ment instruments used in the stedy [25, 48], To do so,
we conducted reliability analyses. During this process,
Cronbach’s alpha, composite reliability, and average vari-
ance extracted (AVE) were examined. The results indicate
that Cronbachs alpha and composite relzability wlues for
all latent variables exceed the recommended threshold
of (.7 [46], signifving good internal consistency of laten:
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variables. This suggesis that the guestionnaire guestions
were relizble and consistent in measuring the intended
constructs. It provides confidence that the data acou-
rately reflects the undedying constructs of interest. Addi-
tionally, AVE values surpass the suggested threshold of
{15, indicating that measurement items effectively explain
the constructs [46)].

Subsequently, we assessed the reliability of the indica-
tors by caloulating the outer loadings using SmartPL5
A software. Table 5 presents that each indicator load-
ing value exceeds the threshold of 007, implying that the
latent construct accounts for more than half of the vari-
ance in each indicator [46]. Additionally, we employed
percentile bootstrap with 5000 subsamples to further
confirm the statistical reliability of the loadings. The fact
that all p values for outer loadings are significantly below
the (105 threshold indicates strong validity. Moreover, we
applied the Fornell-Larcker criterion to assess the discri-
minant validity [40]. Results show that the AVE for each
latent variable exceeds its correlation with ather latent
variables (See Table &)

Table 8 Dizcriminant validity {Fornell-Larcker criterion)

ATT IL55S PBC Shaas .EH
AT 0Eg
LE5 LaE=i iy 1
FEL arz 0734 ak-+k]
EMIE ara [ e i Q740 oAk
EN

[l 17 orey al o] or= ab-rk]
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Table 7 Stroctural mode analysis results af B and OF

Endogenous latent consiructs R ot

AT nsm 0340
AN R 0355
PBC R 0364
ILSE n7ES 055

In conclusion, the validity of the proposed stroctural
model can be efectively assessed using the data obtained
from this guestionnaire, given its internal consistency,
convergent validity, discriminant validity, and reliability.

Structural maodel assessment

Following the analysis and validation of the measurement
model. estimating the structural model is the nest cru-
cial step in assessing the validity of proposed hypotheses
in structusal equation moedeling [39]. In this phase, we
examined the standardized path coefficients to evaluate
the strength and direction of the relationships between
latent constructs and test the validity of the proposed
hypotheses.

First, Table 7 presents the B* and OF values of cur
research model. For the recommended threshobd of
BY, Chin [31] suggested that the B* values 0,19, 0,33, or
067 indicate weak, moderate, or substantial correlation,
respectively, ina ssion miodel However, Hair et al.
[47] argued for higher B thresholds to indicate substan-
tial (07, moderate (0L5), and weak (0025 levels of oor-
relation in the context of marketing issuwes. According
to this mule, the strocture of 1L552 (B*=0.759} exhib-
its substantial correlation, while the stroctures of AT7T
(B*=0.520) SN (B*=0542), and PBC (B*=0.547) dem-
onstrate moderate corelation. In terms of the models
predictive refevance, we run the blinddolding test to cal-
culate the ()F value, As shown in Table 7, the () values
for ATT, 5N, PBC, and [L55 are 0.340, (L3564, 0,364, and
0.549 respectively. Therefore, predictive relevance was
established as all of the CF values were over 0 [31]. More-
over, as suggested by Hair et al. [48], O values greater

Tahle B Path coefficierts ard results for the Fypotheses

Hypothesis Paih Fath coefficient
H1 AT LS nz:m
H2 EH-2ILES 036
Ha PaC-nIL5S o5l
Ha MG LSS 0155
HS S e AT 07zl
HE SIS e B 07

H? S - PBC 0740
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than 0.35 indicate strong predictive relevance, hence,
vur model demonstrated strong predictive relevance our
mardel demonstrated strong predictive relevance for the
endogenous constructs.

Alter conducting the B? and €)* analysis, we pecformed
two-tailed boatstrapping with 5000 resamples and a sig-
nificance level of 0.05% o test the proposed hy potheses.
The results are reported in Table & The resubt showed
that the customer's intention for live-streaming shopping
is significantly impacted by attitudes toward live-stream-
ing shopping (H1: f=0.388, t=940%, p=0.000), subjec-
tive norms (H2: B=00264, t =6.088, p=00000), perceived
behavioral contrel (H3: B=001600 t=3934, p=04010),
and social media influencer streamers (H4: p=0.155,
t=3429, p=0.001]. At the same time, proposed Sh15
influence on attitudes toward live-streaming shopping
[H5: f=0.721, t=19913 p=0.000), subjective norms
[Hfc F=0736, t=214%8, p=0.00), and perceived
behavioral control (H7: f=0.740, t=23.738, p=0.000)
are confirmed. Furthermore, we examined the indirect
cifects within the model, and the results are presented
in Tabde 9. The data, validated through path coeffecient
tests, substantiate our research hypotheses.

Discussion

The ohjective of this study is to investigate the factors
influencing consumers’ choice of live-streaming shop-
ping as an online shopping channel To achieve this
aim, we collected 383 representative data from four
regions through a questionnaire survey. The data analy-
sis allowed us to validate the proposed research model
and hypotheses. Specifically, we examined the effects
ol attitudes toward live-streaming shopping, subjec-
tive norms, perceived behavioral control, and SM1%s on
the consumer'’s intention for live-streaming shopping.
Additionally, we tested the relationships between the
newly introduced Sh15s variable and attitudes toward
live-streaming shopping, subjective norms, and per-
ceived behavioral control. The resules indicated that all
seven of our proposed hypotheses were supported.

Rasult

.l' statistics .F walugs
940 ooan Supporned
= ooan Suppomed
EL [ETE Hi] Spmpomen
34z [EIEH] Spmpomen
19812 ooan Suppomed
21498 ooan Suppomed

237z [EIE ] Suppored
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Table S Tatal indirect afect and spadfic irdimct offects

Inedirect affects T statlstics

Path Pualugs
A5 -m LSS [H 13682 [ala kil
A5 ATT -2 LSS 0280 B3 ala kil
SIS SN LSS 0.1 54 54T alani]
M- PR -=ILES 407 al kil

[ AR

Firstly, our findings validate the applicability of the
TPE madel in predicting individual behavieral inten-
tions in the context of ]ivl:-:lreaming shnpping. This
nit only reathrms the predictive power of the TFPB
model in emerging online shopping formats bue also
provides new evidence supporting behavioral research
in the live-streaming shopping domain, Specifically, in
our study, the model explained a substantial portion
of the variance in the consumer’s intention to choose
live-streaming shopping, with an B2 value of 0759 It
indicaies that approximately 75.9% of the variance in
the intention to adopt live-streaming shopping can be
explained by the independent variables in our model.
This high B2 value demonstrates the strong explana-
tory power of our modsl, suggesting that attitudes
toward live-streaming shopping, subjective norms,
perceived behavioral control, and SMI5s collectively
have a significant impact on the consumer’s intention
for live-streaming shopping. These findings are consist-
ent with previous ressarch in the field, which has also
highlighted the significant role of the TPB companents
in predicting consumer behavior. For example, simi-
lar studies by Apasmwirote and Yawised [7] and Joo
et al. [36) reported comparable B2 values, reinforcing
the rebustness of our results. Therefore, our proposed
model demonstrates strong explanatory power.

Furthermaore, we extended the TPE musdel by incor-
porating $MI5s as a new varizble. Previous studies, such
as those by Joo et al [56]. Masukujjaman et al [80], and
Fhou and Liu [108] had introduced different new vari-
ables te extend the TPE model but fecused mainly on the
direct relationship between the new variables and behay-
ioral intention. In our stedy, we proposed that Shil5s
not anly directly influence consumess’ behavioral inten-
tion but also impact the original three components of
the TPE mudel. This research direction differs from pre-
vious studies. Thus, we tested the explanatory power of
Shl%s. The B2 values for the influence of SM15s on atti-
tudes toward live-streaming shopping, subjective norms,
and perceived behavioral controd were 0520, 00542, and
0.547, respectively. These results confirm the effective
influence of S41% on these constructs, therehy support-
ing our hvpotheses regarding the relationships invoelving
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EMISs. This Anding provides a new perspective for the
enhancement and application of the TPB madel.

Secondly, through further analysis, we found that while
attitudes toward  live-streaming  shopping,  subjective
norms, and perceived behavioral contrel all have sig-
nificant positive impacts on the consumer'’s intention far
live-streaming shopping intentions, with attitudes toward
live-streaming shopping having 2 more  pronounced
effect. This may be due to the limitation of not being able
tin physically touch products in live-streaming shopping,
making consumers’ positive perceptions of the seller,
such as trust [33), perceived values [B1), and enpoyment
[63], imporiant prerequisites for purchasing behavior, As
nibed by Ho et al. [50], these positive perceptions essen-
tially reflect consumers' attitudes toward live-streaming
shopping. Our results thus reafhirm that consumers'
attitudes toward live-streaming shopping behavior are
crucizl determinants of whether the behavior eccurs. It
is noteworthy that in the study of consumers” impulse
buying intentions in live streaming, although these three
variables are positively related to behavioral intention, Li
and Kang [66] podnted out that consumers’ attitudes have
the least impact on behavioral intention compared to
subjective nurms and perceived behavior] control. This
suggests that when f:u:inE different purchasing behaviors,
such as impubse buying or rational buying, consumers
consider different factors to varying degrees. This offers
an intriguing direction for future research.

Lastly, sur findings contribute to the existing literature
by confirming the significant impact of 5MI8s on atti-
tudes toward live-streaming shopping, subjective norms,
and perceived behavioral control. In previoos study,
Barta et al. [13] noted that social media influsncers, as
unigque symbals of social media, have a distinctive influ-
ence on consumer behavior This influence mainly stems
from the ability of social media influencers to establish
reciprocal relationships with consumers, making it easier
for consumers bo psvchologically trust and accept them.
In this sense, sovial media influencers can directly affect
consumers cognitive states. Our study found that when
social media influencers participate in live-streaming
shopping activities as streamers, their positive percep-
tions by consumers naturally influence the formation
of consumers’ attitudes towards the behavior, There-
fore, we can say that SMI15s can afect consumers’ atti-
tudes toward live-streaming behaviors. This hypothesis
wis validated by data, as the path 5MI5 -2 ATT -+ 1L55
showed significant correlations. This result can assist
marketers in formulating marketing strategies, suggest-
ing that collaborating with 54155 is an efective method
b atbract consumers.

Additionally, previous research emphasized that the

social influence exerted by social media influencers can



Lonig &f al Fulsre Susiness founma 2004, 10]1) 20

affect consumers’ behavioral intentions. Owr findings
further validate how this social infleence impacts con-
sumers’ behavioral intentions in live streaming. Specih-
cally, we found that as more social media influencers juin
the live-streaming industry and become streamers, their
fams are likely to engage in live-streaming behaviors due
to their affinity for these influencers. As more people
choase live-streaming shopping. a social trend or sub-
jective norm is formed. Consequently, when consumers
cansider choosing an online shopping methad, this sub-
jective norm influsnced by SMI5s impacts their behavio-
ral intention.

Moreover, our study also confirmed that in live-
streaming shopping, Shllss can influence consumers’
perceived behavioral control. Previous research on per-
ceived behavioral contral focused on individuals” ability
to perform the behavios. In this study, we found that on
one hand, consumers hvve complete autonomy to choose
the live-streaming shopping activities they want to join
based on their preferences, reflecting their ability to
decide whether to engage in that behavior. On the other
hand. due to the popularity of 5415 among fans, Sh5s
can indirectly influence the choices of these consumers.
In this way, the impact of 5MI5s on perceived behavio-
ral eontrol eecurs, indicating that in highly interactive
live-streaming :]wppirlE seenarios, the influence between
streamers and consumers is intertwined. This finding fur-
ther enriches the existing research on perceived behavio-
ral control

Implications
Theoretical implications
This study contributes to btwo main theoretical areas.
Firstly, it expands our understanding of the factors infla-
encing consumers’ chaice of live-streaming shopping as
an online shopping method in China, Specifically, the
study reafficms the effectiveness and applicability of the
TFE model in predicting consumer behavior in the con-
text of livestreaming commerce. Moreover, by introduc-
ing SMI5s as an additional independent variable within
the existing theoretical framework, we have enhanced
the theoretical masdel to more accurately predict con-
sumer behavior in the live-streaming shopping scenarios.
Awcording to the new madel, we propose that influsncers
not anly directly influence consumers” behavioral inten-
ticns but also indirectly affect final behavioral intentions
through their influence on attitudes, subjective norms,
and perceived behavioral contral

Secondly, wur research findings contribute to the
refinement of existing stodies on consumer  behavior
within the context of livestreaming, Unlike previous
stdies that fcused on factors influencing consumers’
behavioral intentions during bve-streaming shopping,
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we emphasize the beginning of the entire purchasing
journey: why consumers choose live-streaming shopping
in the first place. Therefore, our research theoretically
enhances the study of the entire process of consumer
live-streaming shopping. Additionally, the introduction
of the concept of 58155 enables a deeper and more com-
prehensive investigation into the influence of different
types of streamers on consumer behavior. Apart from
their influence on consumers themselves, our research
findings demonstrate that the inherent social influence
of SMI5s also generates corresponding social norms,
thereby influencing consumers’ behavioral intentions.
This further enhances our understanding of the role of

ShAlEs in the live-streaming economy.

Practical impReations
Cur research ﬁnd:ingl alzo hold practical wvalue. Firstly,
businesses implementing live streaming as their online
market strategies should consider collaborating more
with 5MI5s On one hand, such collaborations can lever-
age SMISs" influence to attract more potential consum-
ers i do live-streaming shopping. Un the other hand, the
presence of ShI5s reduces consumers' concerns about
product qualivy and after-sales service in live-streaming
shopping. thereby reducing excessive return mbes. Addi-
tiomally, the findings of this study can provide insights
fur businesses and platforms in nurturing live-streaming
streamers. The reason why SMI15s wield such influence
is that consumers already have 2 positive perception
of them before engaging in live-streaming shopping.
Therefore, businesses should not simply regard stream-
ers s e-oommerce salespersons but shoold instead rec-
ognize the unique social characteristics of live-streaming
platforms and tailor their approach accordingly. Cnee
streamers have established a certain level of social indflu-
ence, they can effectively build strong relationships with
consumers, theceby influencing consumer behavior and
maximizing the economic benefts of live streaming.

Limitations and future research directions
This study has several inevitable limitations that future
research should address. Firstly, the primary limitation
lies in the relatively small sample size and its specific
mainland Chinese context, which limits its generaliz-
ability. Future researchers should explose the influence
of 5M18x in different cultural contexts and abtain diverse
samples to validate these Andings, Additionally, future
research could also delve into whether different cultural
factors may moderate or mediate the relationships pro-
pussed in this study.

Secondly, the online questionnaire used in this study
has inherent flaws, indoding biases in understand-
ing gquestions, vaguwe scale designs, and respondents’
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intentional misreporting. all of which can affect the
validity of the data. Therefore, in data collection, future
studies should consider emploving experimental data
collection methods te enhance the quality of the data.
Although this study divided the entire Chinese mar-
ket based on areas, only one region was selected for
guestisnnaire distribution in each area, rendering the
obtained sample insufficient to fully represent the over-
all trend. In future research, a more precise definition
of the sample framework should be considered during
sample selection, I.akirlE inta account the infleence of dif-
ferent socio-economic development levels on consumer
behavios, thus making the sample more representative.
Mureover, this study did not investigate whether these
demographic variables also influenced customer behay-
ioral intentisns. Especially, different generations exhibie
different consumer perspectives, which profoundly affect
their consumpticn patterns, This aspect is also worth fur-
ther investigation in future studies.

Thirdly, although the sample size cabculation process
in this study adheres to standard social science research
requirements, the resultant sample sive may be insuf-
ficient. Specifically, in the context of the Chinese mar-
ket, where the number of consumers engzging in online
shopping is substantial, using a sample of 385 respond-
ents b represent 845 million consumers presents certain
limitations. Therefore, future research should consider
increasing the sample size to achieve more representative
and genemlizable conclusions.

Lastly, although we have examined the factors influenc-
ing the custemer's intention for live-streaming shopping,
we have not investigated the transition from intention b
actual action. It is noted that actual consumer behavior
is influenced by various factors, Therefore, whether the
formation of consumer behavioral intention implies the
inevitable ceourrence of actual behavior remains a topic
that requires further researche Future researchers should
consider the transition from behavioral intention to
actual behavior as 2 valuable research topic.

Conclusions

In conclusion, to enhance the existing research on con-
sumers’ intentions regarding live-streaming  shopping,
this study focuses on the determinants of the consumer's
intention for live-streaming shopping. The TPE muodel
was employed to validate the relationships, and the moedel
was extended by incorporating SMIS as a new varizble.
An analysis of data from 385 guestionnaires confirmed
that consumers’ intentions for live-streaming shopping
are significantly influenced by their attitudes toward
live-streaming shopping. subjective norms, perceived
behaviaral contral, and 5815 Additionally, SMI5s posi-
tively impact consumers’ attitudes toward live-streaming
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shopping. subjective norms, and perceived behavioml
contral regarding live-streaming shopping. These results
st only validate the applicability of the TPB maodel in the
conbext of live-streaming shopping but alse identify SMI15
as a crucial fzetor influencing the consumer’s intention to

engage in live-streaming shopping.
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