Laki-laki Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana

Laki-laki Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana

Laki-laki Sarjana
Perempuan Sarjana
Perempuan Diploma
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana

Laki-laki Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
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Perempuan Sarjana
Perempuan Magister
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Diploma
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Diploma
Laki-laki Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana
Laki-laki Magister
Perempuan Sarjana
Perempuan Sarjana
Perempuan Sarjana

68



69

2. Jawaban Responden

Y3

Behavioral
Intention

X33 | X34 |Y1]|Y2

Facilitating
Conditions

Social
Influence

X1.3 | X2.1 | X2.2 | X2.3 | X3.1 | X3.2

Expectancy

Performance
X1.1 | X1.2

No
Responden

10
11

12
13
14
15
16
17
18
19
20

21

22
23

24
25

26

27

28

29

30
31

32
33

34
35

36
37
38

39
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40
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47

48

49

50
51

52
53

54
55
56
57
58
59
60
61

62
63

64
65

66
67
68

69
70

71

72
73

74
75

76
71
78

79

80
81

82
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110
111
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1. Uji Statistik Deskriptif Responden

Performance Expectancy

Descriptive Statistics

Minimum Maximum Mean Std. Deviation
X1.1 118 2 4 3,60 ,525
X1.2 118 1 4 3,31 ,698
X1.3 118 1 4 3,45 ,648
Valid N (listwise) 118
Social Influence
Descriptive Statistics
Minimum Maximum Mean Std. Deviation
X3.1 118 1 4 3,05 ,846
X3.2 118 1 4 3,05 ,815
X3.3 118 1 2,92 ,907
Valid N (listwise) 118
Facilitating Condition
Descriptive Statistics
Minimum Maximum Mean Std. Deviation
X4.1 118 1 4 3,64 ,563
X4.2 118 1 4 3,41 ,644
X4.3 118 1 4 3,23 ,619
X4.4 118 1 4 3,38 ,761
Valid N (listwise) 118
Behavioral Intention
Descriptive Statistics
Minimum Maximum Mean Std. Deviation
Y.1 118 1 4 3,47 ,595
Y.2 118 1 4 3,32 ,703
Y.3 118 1 4 3,33 , 740
Valid N (listwise) 118




2. Uji Validitas

Performance Expectancy
Correlations

73

X1.1 X1.2 X1.3 X1.4 X1

X1.1 Pearson Correlation 1 -,042 ,194° ,329” ,572"

Sig. (2-tailed) ,648 ,035 ,000 ,000

N 118 118 118 118 118
X1.2 Pearson Correlation ,194° ,073 1 , 374" ;7257

Sig. (2-tailed) ,035 ,430 ,000 ,000

N 118 118 118 118 118
X1.3 Pearson Correlation ,329” ,069 , 374" 1 , 750"

Sig. (2-tailed) ,000 ,457 ,000 ,000

N 118 118 118 118 118
X1 Pearson Correlation 572" ,390” , 725" , 750" 1

Sig. (2-tailed) ,000 ,000 ,000 ,000

N 118 118 118 118 118
*. Correlation is significant at the 0.05 level (2-tailed).
**_ Correlation is significant at the 0.01 level (2-tailed).

Social Influence
Correlations
X3.1 X3.2 X3.3 X3

X2.1 Pearson Correlation 1 ,604™ ,395™ ,825"

Sig. (2-tailed) ,000 ,000 ,000

N 118 118 118 118
X2.2 Pearson Correlation ,604™ 1 ,398" ,820”

Sig. (2-tailed) ,000 ,000 ,000

N 118 118 118 118
X2.3 Pearson Correlation ,395™ ,398™ 1 , 7617

Sig. (2-tailed) ,000 ,000 ,000

N 118 118 118 118
X2 Pearson Correlation ,825" ,820” , 7617 1

Sig. (2-tailed) ,000 ,000 ,000

N 118 118 118 118

**_Correlation is significant at the 0.01 level (2-tailed).



Facilitating Conditions

Correlations

74

X4.1 X4.2 X4.3 X4.4 X4

X3.1 Pearson Correlation 1 ,309” ,138 ,359” ,655™

Sig. (2-tailed) ,001 137 ,000 ,000

N 118 118 118 118 118
X3.2 Pearson Correlation ,309” 1 ,258" ,256" ,685™

Sig. (2-tailed) ,001 ,005 ,005 ,000

N 118 118 118 118 118
X3.3 Pearson Correlation ,138 ,258" 1 ,158 574"

Sig. (2-tailed) , 137 ,005 ,088 ,000

N 118 118 118 118 118
X3.4 Pearson Correlation ,359" ,256" ,158 1 7177

Sig. (2-tailed) ,000 ,005 ,088 ,000

N 118 118 118 118 118
X3 Pearson Correlation ,655™ ,685™ 574" 177 1

Sig. (2-tailed) ,000 ,000 ,000 ,000

N 118 118 118 118 118
**_Correlation is significant at the 0.01 level (2-tailed).

Behavioral Intention
Correlations
Y1 Y2 Y3 Y

Y1 Pearson Correlation 1 ,306™ ,339" ,682"

Sig. (2-tailed) ,001 ,000 ,000

N 118 118 118 118
Y2 Pearson Correlation ,306™ 1 451" ,783"

Sig. (2-tailed) ,001 ,000 ,000

N 118 118 118 118
Y3 Pearson Correlation , 339" ,4517 1 ,809™

Sig. (2-tailed) ,000 ,000 ,000

N 118 118 118 118
Y Pearson Correlation ,682" , 783" ,809” 1

Sig. (2-tailed) ,000 ,000 ,000

N 118 118 118 118

**_Correlation is significant at the 0.01 level (2-tailed).



3. Uji Reliabilitas

Performance Expectancy

Case Processing Summary

N %
Cases Valid 118 100,0
Excluded?® 0 ,0
Total 118 100,0
a. Listwise deletion based on all variables in the
procedure.
Reliability Statistics
Cronbach's
Alpha N of Items
,560 3

Item-Total Statistics

Cronbach's
Scale Mean if = Scale Variance  Corrected Item- Alpha if ltem
Item Deleted if ltem Deleted Total Correlation Deleted
X1.1 6,7542 1,247 ek ,544
X1.2 7,0508 ,920 ,359 ,487
X1.3 6,9068 ,906 ,456 ,315
Social Influence

Case Processing Summary

N %
Cases Valid 118 100,0
Excluded? 0 ,0
Total 118 100,0

a. Listwise deletion based on all variables in the
procedure.

Reliability Statistics
Cronbach's
Alpha N of ltems
,719 3
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Item-Total Statistics

Cronbach's
Scale Mean if ~ Scale Variance = Corrected Item- Alpha if Item

Item Deleted if ltem Deleted Total Correlation Deleted
X2.1 5,9746 2,076 ,590 ,567
X2.2 5,9746 2,145 ,596 ,565
X2.3 6,1017 2,212 ,443 ,753

Facilitating Conditions
Case Processing Summary

N %
Cases Valid 118 100,0
Excluded? 0 ,0
Total 118 100,0

a. Listwise deletion based on all variables in the
procedure.

Reliability Statistics

Cronbach's
Alpha N of ltems
,562 4
Item-Total Statistics
Cronbach's
Scale Mean if ~ Scale Variance = Corrected Item- Alpha if ltem
Item Deleted if Item Deleted  Total Correlation Deleted
X3.1 10,0169 1,983 ,396 ,458
X3.2 10,2542 1,832 ,390 ,452
X3.3 10,4322 2,094 ,251 ,561

X3.4 10,2797 1,639 ,363 ,480




Behavioral Intention
Case Processing Summary

N %
Cases Valid 118 100,0
Excluded?® 0 ,0
Total 118 100,0

a. Listwise deletion based on all variables in the
procedure.

Reliability Statistics
Cronbach's
Alpha N of Items
,635 3

Item-Total Statistics

Cronbach's
Scale Mean if = Scale Variance Corrected Item- Alpha if ltem
Item Deleted if ltem Deleted  Total Correlation Deleted
Y1 6,6525 1,511 ,379 ,621
Y2 6,8051 1,201 471 ,498
Y3 6,7966 1,104 ,494 ,464

4. Uji Hipotesis

Variables Entered/Removed?

Variables Variables
Model Entered Removed Method
1 X3, X2, X1° . Enter

a. Dependent Variable: Y

b. All requested variables entered.
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Model Summary
Adjusted R Std. Error of the
Model R R Square Square Estimate

1 ,7382 ,544 ,532 1,064

a. Predictors: (Constant), X3, X2, X1

78

ANOVA?
Model Sum of Squares df Mean Square F Sig.
1 Regression 154,067 3 51,356 45,375 ,000P
Residual 129,026 14 1,132
Total 283,093 117
a. Dependent Variable: Y
b. Predictors: (Constant), X3, X2, X1
Coefficients?
Standardized
Unstandardized Coefficients Coefficients
Model B Std. Error Beta t Sig.
1 (Constant) -208 999 -,208 ,836
X1 ,290 ,078 278 3,710 ,000
X2 ,216 ,056 ,286 3,833 ,000
X3 ,317 ,073 ,349 4,370 ,000

a. Dependent Variable: Y
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Factors Affecting the Adoption and
Use of ChatGPT in Higher Education

Sulisn Hemmad Alshamiman, Dep of Eik I Tise b | Faoulry of Edicntan, Usiversity of Ha'il, Saudi Arabse®
Mk | Hehils Alsh arl, Dy of Bk | Techmokegy, Faculty of Education, University of Ba'll, Saudi Anhis
ABSTRACT

T cirrenit stucly s ol ssessing th Bactors wiich coubd affect sudemts’ use of ChatGPT. T sy proposed
atlmoretical mode] that s lnded frve Bctors. Dt were collected from 136 students wing aquesioniatne. The
data were analyzed nsing two sbeps CEA for measuring the model and SEM for analyzing the relisonshaps
anid sesting bypothesis. The fodings resealed that both performancs expactancy and Esclitatmyg conditions
aignificantly infloenced studencs” mpentsons 1o we ChanGFT. Contrary i expectaions, both social miluenos
ol effort expectancy had insignifscint effects. By elucidaung the cone factars mfluescing the uulzstion of
ChatGPT, thes study can provide valuable tmsazghis for pobeymakers, Funbermore, this sudy contnbinies o
the existing [seratum: and kays the foundation foc future ressarch sekine a deeper understanding of the Gctors
influencing the wse of ok Al eclmologies mn teacdung aod kanung,

KEYWORDS
AMOS, Artificial Iselligence, ChatGPT, Open Al 3EM, UTAUT

INTRODUCTION

Artafecial itelligence (AL has plaved a big role in mereasing digatalization of socienies. Al has the
capabality for automating duties or tasks, processing large amounts of data, and provading predictve
s ghts that revolutionize many aspects in dauy Wfe (Yang, 20237 ADwas (dentified as a technology
that can mimbe humans i s responscs, producing responses that can be interpreted as signs of
nalentiomality wed judgment (Shubhendu & Vipay, 2003). The advancensent of technology, for instance.,
neural networks and machine learmng, has led 1o deeper discussions about the definiion of artificial
antelligence (Wang, 20191 The difficultes lay in the artficiality of parameters and approsches i
which computers are nol ke the melligence of humains: they are considensd 1o be less mtellgent
than humans overall but can deal with calculating large numbers faster,

In addinon, discussions regarding the expected potential effects af AT have begun o gain
promisence. For example, there 15 o concern about job loss dee wo the implementation of AL Favlik,
2023), Furthermore, the discussion and consideration of Al in edscation {5 sull in ns early stages.
According 1o Celik (3023), educators have not yet recognused (s potential for learnig and reaching.

THH: 1040 E'UHCTE. 319557 oaneapoading Ao

Thas artwle publihod o Opes Access ariicke disinbaied weder the temmeof the Creseve Commons A iseiion Liceme
ihepNereativerommom srplice eses 00 which pesmiin tarewrscind we, dminba i, aad produciion i g mednrn,
proveded e suibay of the mipnd work asd opieal publesiim souree ave preperly crodicd
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Diespite calls for the further mplementation of AL some educators resast utilising software wheeh
colbects sudents’ data or remaln sceptical of IT companbes which show echnology w be a solution
for all concerns in educatson | Srockman & Notlmgluun. 23,

Currently, te world seems o be paying attention 1o a new techaalogy named ChatGPT. ChatGFT
1% a chathbat which uses Al power and was developed by OpenAl It has been supplied with a large
body of language, which allows i o generale Exis m response o wers’ prompls. ChatGET was
established in November 2022 and then was available for free 1o vsers with an OpenAl account
(Openal. 20230 It produces. and generates texts that simulate human language (OpenAl, H23).
ChatGPT relses on machane bearming and algorithms for processing lage coments of text, such as
wehsites, books, Wikipeda, and news articles (Scharth, 20221 By analysmg and processing data
terhy s, ins models learn the strocture and patterns of language, which enables ClaG T w provide
usirs with meantngful and relevant cantent based an their requests.

However, the rise of ChatGPT boings concerns reganding a5 potentsal effect on umsersities, Sonee
b proposed that umversites should, msiead of wsng appleation. for cwssment, reconssder 1he mle
of assessment moenhancing leaming. bers bave sogpested that CharGET cowld be unlised o enhancs
stdents’ erincal thinking, writing, and other skills. In this way, ChatGFT can be considered an essenial
and valusble wwelmalogscal woed wo immovate learmmg, eachmg, and asessment, runsforming the human
relationshap 10 knowledge. When companng ChatGPT with ather emerging technologies, ChatGlrT
proncides resourees and materials for several types of baarers’ levels, supparting learners woh disabilises,
wsasting m advimosd tralimnge sessions, and enhaccing teaching, such as in lessons planming, personalised
learning, evaluation and asscssment, ete. (Basnea e al, 3022, Furthermore, ChatGFL provides
persomalised assistance o support students” leandng o help enhance thear beammg, engagemenl. and
oo [ Alshahrany, 2023, Thias. several educaional msiutons and riversities started mplementing
CharlGPT 10 gan all of ies benefis i supporting Ui academse courses and enhaneing siudents’ keanung.

Universitses are concerned about how ChatGPT could impact the robe of learming and teaclung
w the fursre, a8 ils power 13 game-changang and wide (Lim et al., 20235 As they account for the
potential effects of ChatGPT, some rescarchers and academics have begun o examine s sdvantages
and challenges. consaderng various topees, such as creating fakong eltations and resources (Cooper.
20123}, wriling assagnments, essays and enbancing the witing process (Sullivan e al., 2023). Mos
discugsion has patd anention o s uses o medwal magors (Gillson et al.. 2023). Furthermone, others
conducted mterviews about ChatliFTs potental effects i education {Lund & Wang, 2003), while
sontie focused on b5 power in publishing, rescarch, and ciber related ssoes (Perkang, 20237 Unlsang
ChatGPT in scadesmia is new and soll under exploraton. In addinon, most studses ave focused on
acadernacs’ views of ChatGPT and s future uses (Howell & Potgseter, 2023; Luond et al., 2023
Jeon & Lee, 2023; Tagans & da Silva, 2023) while sodents and factors affecting thewr intenlion
toward uwsing ChatGPT have recerved linde anention (Tiwan et al., 2023). Moreover, thene 18 & bsck
of Enowledge regarding how students accept and use ChatGEFT and the factors affecting them towand
using 1 Tiward e al.. J023: Ahdaljaleel e al.. 2023, Raman et al, 2023). Understanding tee factors
which can affect students” mteation 1o wil:re ClutGEL 8 essentsal, specially of e aim {5 10 cohance
1t acloptson and wse ansong them (Trwar etal., 2023), Thus, dus current study will cover thes gap and
propoge a theoretical mode] for assessang the Betors whach could affect students’ use of ChatGPT.
Tl purpise of this study 5 o investigate the factors influencing the use of ChatGPT and contribule
to polscy formulation and educatonal strategies fior the effecnve wse of ChaGPT.

LITERATURE REVIEW

ChatGPT

The current lerature reveew highlights the impotant role of ChatGFT i supporting the educational
field amd enhancing sudents’ learming activities. ChatGPT can provide the educatonal field with
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several supported services, such as in terms of students” smsignments, wests ad reduscing other repetitive
wiorks and generaling creative contenl (Frraina & Suliswors, 2023). Repetinve woarks refier 10 the
regular work in dnstructors”’ roles, such as besson plannig, grading, and conducting assgnments.
Furthermore, ChatGPT could comribute significantly 1o enhance students” productivity and assist
students” improsvement of therr Luguage skills and motivaiion, These types of suppont could enabile
students o continee usng ChatGPT (Fauz @ al, 2023 ) Addationally. ChatGPT integrates a varety
of teaching methods. For example, @ can facilitate progect-based learmng and enhance siudems’
inleraction, salsfaction, and willingness o wse ChatGPT (Topsakal & Topsakal, 20225,

Addinonally, the utlization of ChatGPT has gained mone mlenest among students due 1o s
potential in enclching thear kearmng experiences. It could assist m providig them wih personalised
and gunck feedback. Chat GFT has the ability 1o address students” needs. offer mstant Teedback. and
faciliate the comprehension of complicaied comeeprd. Thus, i has become a promasing applicaton
which assists in promoting siudents’ cogrilive advanecment amd participation by supporog ther
learning pace and provading a contmuous sort which enhances the process of knowledge acquisiion
(Samchez, 2023). Funhermore, sadents could use ChatGPT for recerving grammatical suggestions
and coarechons 1o gam improvement and detauled feedback of ther wnting (Usorio, J0231.

Reviewing the literature reveals that the ChatGPT wses inhe Helds of education remann m Lhe
early stuges amd are being investigated. Most siudies have paad attention o i1s uses oo medical majors
(Chlson et al., 2023). Moreover, some have focused on fs effects on education i general {Lund &
Wang, 20231, while others have examaned specific areas, such as writing and authorship (Ferkins,
2023). Most sdies considered the wse of ChatGPT by academics, as well as therr views on s
furnwre, whdbe its wse among sudents has recedved Ditle anenson. Becanse ChatGPT was developed
lately, there 15 a lack of knowledge aboul how stodents imtend to urlise i Thos, ths current study
will propode a model o examuse some foctors of these mentions wsing the well-established uaifed
oy af ihe acceplance and wse of techisology mode] (UTAUT).

The UTALT has been adopred for examinng the use of different technologies, for mstance,
i mvbalany { Almagab o al., 2019 Hob, 20200, blended learmme (Chen, 201 1; Dakdok et al., 2005,
platforms of e-learming (Lachans & Nikolopoulou, 20221 and systems of learing managemcal
(Lwaln, 2009, Understanding lacors whch gy inflecnce students” use of any iechiology 15 essenual
Af thye aden 45 o attract theen (Adzharsddom & Lune. 2003). To the best of our knowledge, the L'TAUT
mislel has oot previowsly been used for examining students’ imtentions e uilize ChatGPT in an
Arab contest. Thus, the current siudy aoms an [llung that gap and enhancing the corrent hieraluse
by proposing @ theoreteal model based oo UTAUT for examining factors that could affect students’

utilezation of ChatGPT.

THEORETICAL FRAMEWORK

This study emnplovs UTAUT which was established by Venkatesh et al (20031, This owsde] i chosen
because i1 s consadered a robust, widely vsed model for analysing rechoelogy sdoption m many
dafferent feelds, meluding edwcation (Alshammard, 2021; Dhraliim & Jaalar. 2001 Wong et al., 2013).
This UTAUT contams four maln consiruets {perfor mance expectancy [PE]. effort expectancy [EE].
soctal mfluence [51), and facilitatng comditbons [FC)) that affect the behaviour intention [BL].

PE refers v users” beliefs that they will benefit from using a peece of technology. EE concerns the
ease with whech they can use it 51 refiers 1o the important people i the users” life who think that they
miust ar must not ulilize a specific echnology. FC refers to the users” behefs about the infrastrociune
and technical assistance available for uilising a specific echnology.

The UTAUT was used for examining various technologies, for example, mobile phones (Hol,
020, Mended learmig i Drakdink et al., 20187, and vertial elagsioons | Alshammar, 2021 ) However,
due o the recent advent of ChatGET and 08 role i edwcation, it has not yet been utilised o examme
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ths program, pariculady inthe Arab comext Thus, the study aims al proposang amodel and examaming
factors which may affect sudents’ mlentions o wlilize ChatGFT.

Research Questions

This study aims at answering the following questsons:
What fucters affect the studenis” intention o whilize ChatGPT for their learning ¥

Research Hypotheses

PE refers wr bow much users expect using a specific wechnology will enhasce e pedormunce or
help them complete a wargeted task (Venkatesh et al., 2000) It plays a sagnificant role 10 whether
techiology 15 adopted in an academic seting (El-Masei & Tochira, 2007). This fisding 15 i line with
sonie studses, which showed the significant effect of FE on the wsers’ mbentioms 1o adopl vanious
technologies: for mstance, classroom technology (Kumar & Hervell, 20049, mobile learning (A
el al., 2009, and learming management systems (Raman & Don, 2013). Thus, we have developed
the follawing hypothesas:

H1: PE wall have a positive effiect on the students’ mtentions o use ChatGFT.

EE refers o the amount of work users expect a0 wall take po wse a speeific technology (Venkaesh et
al.. 2003, Recent studies have shown (s stendficent effect an the users” mentions o ublize echoology,
fur instance, mobibe learming (R et al, 20225 and Google Classroom (Jakkaew & Hemrungrodi,
2017 Thus. we have developed the below hy pothesis:

H2: EE will have a positive effect on the students” intenisons 1o use ChaliPT.

S0 refers 1o the users” perceptions reeardme people who ane important o them and think
thal they should utlize a specific technology (Venkalesh et al., 20033 Many studies reported
that 81 is essential in affecting the vsers’ mtennons 1o adopt and vse different echnologies.
sueh as mobdliy (Mikolopowlow e al .. 20200, e-learning applications (Samsudeen & blohamed,
200145 and systems of learning management { Am et al., 2006). Thus, we kave developed the
below hypothesis:

H3: 81wall have a posative effect om the students” intentions o wse ChaGFT.

FC refers 1o the level of users wha believe thal the techncal and organizational assuslance
eists and supports theer use of a paracular wechnology (Veokatesh er al., 2003) FC has been
reported to be a eriucal factor that affects the users” inentions 1o wse different cducanon
technologies, sweh as e-learning apphications (O=ed et al., 2022), mobility (Kang et al., 20135),
and augmented reality in higher education (Fagih & JTaradar, 2021). Thus, we have developed
the below hypothesis:

Ha: FC il have a positive effiect on the students’ intenons 1o use ChaGPT.

The proposed research model < illusirated in Figure 1.
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Figure 1. Progased Resarch Medel

METHODOLOGY

Scale

The nesearch instrument wsed for collecting data was a 5-poant Lakert scabe. All nems that seeasured
constriscts in the proposed model were adapted from Venkatesh et al’s (2003) study. Some
milificatvons, such as “usimg ChatGPT, were added. The construct of PE was addressed by fou items,
while EE was addressed by four nems, §1 was addressed by three gems, and FC was addressed by
four ftems. There were o wtal of 15 nems. Alliteos of te quesisonnadres ane attached in Appendis 1.

Sampling and Data Processing

Two gteps in the Analysis of Moment Stroctares {AMOSS) were conducted for ranming confir matory
factor analysis (CFA) and analysing the relaionslups among the constructs. For analyss using
strsctural equation modeling (SEM) m AMOS, the mdnimum suggested sample soee s 100 1o 200
participants (Koeck, 2008). The questionnalires wene desgned using Google Forms and disisibated
10 populatson of students ot the Universaty of Ha'1l during thesr thisd semester of 2022-2033_ One
Bumnered thirty-5% stsdents participated and responcded 1o e surveys, Thus, the number of participants
wiws appropriate and nset the suggestions of prioe researchers (Kock, 2008 Then, the recerved data
were analysed. SPS5 was applied 1o analy o e deseriptive information of respondents, wiale $EM
utilising AMUOS was conducted o pecfonn CFA, analyse the relaionshaps, and st te by potheses,
Thee following sectson discusses the results of these analyses.

RESULTS

Part 1: Analysis of Respondents' Information

Uiz hundred thirty-six students responded and participated i the questonnasres. Table | presents the
respondents’ demographic informanon: gender, scademic program, and college. In terms of gender,
misl respondents were female (TR 5TA%) and fewer were male (55 42.6% ). Most students were
enrolled in o bachelor's program (10%; 80.1% ), followed by sdents enrolled o masier's program
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(19 1400, and those pursusng a lngher degree (8; 5.9% ). Fanbermone, the respondents were enralled
i dafferent colleges: the myornty were enrolled m the education college (50 3685 ), followed by the
college of art (28; 2006% ), the college of computer sceence (25; 15.4%), and the college of sclence
(19: 14005 ). The college of health informatscs had the fewest respondents (2; 1.5%). Tahle 1| shows
demographie mbormation.

Part 2: Confirmatory Factor Analysis "CFA"

CFA 1% an analysis echnigue used for developing and validating measurensent models, whach
can handle muliple correlations, measurement errors, and many constrocts al onee. Construet,
descrimimant, ad convergent validiny have 1o be consudered before applying SEM analysis amd testing
th pelatsomslups among constriscts { Awang, 2015)

Comstruet validity 15 met once all mode] fin indiees meet the values recommended i the iperane
(Awang, 2005). CFA was run. The values for these idices and the construct correlations are shown
w Fagurne 2.

As shown i Figure 2, the model fit indices aclhieved the recommended level. Thus, constrsct
validity was met. These values are shown in Table 2.

Thin, convergent vty had w be checked. Convergent validny 1x svet when values for composaie
relabny (CR) and average value extracted (AVE) are above 0060 aisd U5 (Hasr <1 al., 20000, The
output showed that CR and AVE were greater than the sugeested values, meaning that convergent
valichly was sitamned. Table 3 shows the CR and AVE values.

Discrirmdimant valsdity was then assessed for ensuring that each constroct in the mode] was distiner
Trom the eahers. Tablbe 4 shows the cornelations between the constrects. Yaloes in bold reters i ihe sgoane
ronls af AVE. Discrimimant validaty 15 attained omoe these values are greater than the otbers (Awang,
2015). Thue. the results wheeh are presented in Table 4 contum the achieved discriminant valiliy.

Table 1. Demographic Information

Demographée Infermuatism of Ko posdents Frequeney Pereemt
Sex
Male £ 425
Feimiah: | TR 574 7l
Academic preagram |
Bachelo I HILL
Maser 19 1400
Higher digloma | B 55 7 d
Colleges ]
Edieation il Ina
Compuler sience 25 164
Basaess Banagemenl [ 4 z9
A 2B 2Lh
Healih inforssnics I 1.5
Stiemce 1% 140
Applied college B H 55
Tatal 1536 ELis)
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Table 4. Discriminant Valid &y index
| 1 PE | EE ¥ H

51 (5]

FE U341 1443

EE 1442 0463 1.911

U ES] 0465 (] na

Bl [ a7 11539 11,623 (L]
Figure 3. Stardard ised Estimate

Thiz value of & shown for the BI construct was (064, meaining that 64% of the students’ itentions
to use ChatGPT could be explamed by these factors: EE, PE, FC, and SL This result demonstrates
that the medel has a bigh explanatory power. Cohen (1988 states that & values of 0,12 o0 less mean
that 3 model has a low explanaory power. whereas valses ranging beoween 0013 and (025 mean a
medium explanatory power, and values above D26 idscate a lugh explanatory power. Thas, the &*
af .64 for the dependent construct in this model confirms that ot bas a high explanatory power m
relatson o students” intentons 1o use ChatGPT.

Unstandardised Estimate

The regression beta weight and critieal ratio are caleulated through the unstandardised estimate
test the hypotheses. The unstandardised estimate was run, and (s output i3 shown in Figure 4.
Hypothesis Testing Results

FE refers 1o how much the users expect using a specaiic technology will enhance therr performance
or belp them complete a targered sk, while EE refers w the amount of work users expect o will
take 10 use a specific echnology. FPurthermore, 51 refers o the users’ perceptions negarding people
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their learming activities. Furthermons, the findimgs revealed that PE was an important factor that
determines and predaces the use of ChatGET. ChatGET has the abaliy 1o provide a personalised and
adaptive learning experience, which might play a vital role i these positive relasonships. 1t could
respoid and understand effectively to sodents” learming ayles and needs by wilising advanced
language algorithm processing. Hence, learnerss perceave personalised and custonased suppon and
feedback, which would lead 1o ading them w overcome the challenges and achieving the kearmng
abjectives. That personalised experience would kely improve sidents’ performance expectancy
and engage them with vsing ChatGPT more effectively and frequemly. Acoordmgly, the developers
and designers of ChatGPT must fecus on enhancing the quality and usefulness of the softwane, such
s the benefns students can gain wsang ChatGPT, w0 encourage them 1o percerve il as useful, which
then woukd affeet thear intemtaon toward using 1o

Howeyer, the constracten of EE did not affect the stodents” intemtaons. Thas 5 in boe with
some previous sisdies (eg.. Ayae & Yanortas, 2000, Hasdayam & Sodiana, 3015 Sa'idah, 2007)
bul contrasts with stadies conducted by Fauz e al., (2008), Marto et al (2019), and Soltana (320207,
It may imply that the stsdents do ot perceive that there are any diffeultdes wath vsing ChaGET.
Therefore, elfoct does not affiect thelr mtentions. Further more, most giudents v oo the diginal ape.
where they have dasly access 1o many different technologees and smart devices. Thas, they might no
find vang CharGPT as difficult. Thus, it does not play any role i affecting thew mication wward
using 1. Another possible explanation might be that most sudents find ChatGPT as bess complex
nowaduys and more convement, especially with the current emerging advanced technologses with
sreater soplusticatson i procucts of infermation technology, Nowadays, several user-foendly and
madern Eehnologhes consider tlae dmpartant rale of user antributes with thelr designing, Thus, students
might net find any difficulties with using a paricular technology. Hence, that might oot affect their
nilemtion toward using L.

51 had an ansignifican effect on 1l students’ intentions w utibise ClatGPT. Ties s consistent with
the Fundangs of studies conducted by Hundayan and Sudina (2005, Sasdals (2007, Sultana (2020),
and Wong et al. (20013, but contrasts wih otber studses by Marto e al, (2009), Sultana (20200, and
Sallam e al. (H025). The resulis smply that when e spdents wse ChatGFT, they do nol expect any
asgaistanee or support fram their social connectons, ielidimg friends, Eachers, and family. Anothes
posidtble explanation 15 that the semse of need does ool ascrease with age. Thus, 51 may have less
effiect an university students than younges students; they could be less likely affected by other people’s
apinions regarding a technology (Wong etal_ 2013} Furthermone, Venkatesh e al. (2003) haghlighied
that PE sigiifscantly affected vsers’ behaveour mlenton iward usime a techisology. which i the case
i this study, S1could be revealed 1o be instgnificant. The other explanation of these findings (5 that
few dtems, only three, were used for measuring the 51 construet. Thus, that maght affect the cusrent
finding. Future studies with more items that measure the 51 construet are needed. Moreover, st might
be that stsdents powadays pay less attenton 1o other opindons reganding the use of ChaGPT, & they
found using it as useful (performance b, wlich allecied therr intention towand using it

The resulis also showed that FC signilcantly affected the siodents” istentwons o utilee ChaGIT,
This fihing matches some previous sisdies (lsmarmaaty & Etmy, 20018) but comtrasts wath others
(ez.. Satwdab, 2007, Sulana, 20200 It implies that the sidents who have sccess o the necessary
resources amd techmcal support will use ChatGPFT. Therefore, they should be provided with access
o experts and echnscal assastance of they have any difficulies using ChanGPT. This will make
them more Likely to use the program. Fusthermore, the findings revealed that sdminstrators and
policymakers al unaversines should provide students with the appropriate facilines such as Wi-Fi,
compualers, supporting resource s, and rapid access ot interset i onder 1o buald a posative intention
among students regarding the use of ChatGPT, whach will lead 1o posiively affect thewr intention
toward using 1n.
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Theoretical Implications

Farstof all, wthe best of sur knowledge, no previous aruclies lave used a UTAUT maodel w consider
Al applcations, such as ChatGPT, specifically in an Arab context, and this susdy 15 the first fo wse
it b analyse ChatGPT, thus ennching the literamure. Furthermore, the proposed research model was
found 1o have a hagh explanatory power (64%), demonsirating that o has sdenufed factors whach
affect the sudents” mieations 1o utilize ChatGFT. Fuahermore, the study yielded findings that were
consiatent with some previows sudies and inconsistent with others, making the stwdy interesting i
termis of underdandng the phenomenon of the students” use of ChatGEFT.

Practical Implications

The fushings provide a deep explanatbon regarding the Bsctors which could affect students” inentions
10 use ChatGPFT. They should be interestag to educanonal experts, instroctors, and the developers of
ClantGFT. For mstance, IFE agnalcandly affected the ssdens’ inteninons o use Chali T, Thas implies
that when students understand the benefins of ChatGPT for thesr leanmng, (0 affects tser itentions
and leads 10 positive ailiade tward the program. Thus, academcs and Jecturers should expluan
these benefits o students and encourage them o wse the program effectvely o assast them i thr
learnang. Furthermore, FC also affected the snsdents’ intentions signficantly. Thus, ingtittes and
urniversaties could increase students” use of ChatGPT by provading them with the easential forms of
asestance, such as techinical support, knowlbedee, and free access w the nternet and computer Labs.
This would make students more likely 1o use ChatGEFT.

LIMITATIONS AND CONCLUSION

This sty ineluded some lmittbons. For instance. although the sample size was appropriote fos
SEM AMOS unalysas, it maght lave affecied the generalizabality. Further studes coald wse o larges
sammple 1o lead oo more represenlatove resuln, Inadoion, thas stody locused on examinang the onginal
factors i the UTAUT model and yeelded meresing results, Foture stwbies may focus on extending
that model by exammdng addimtonal fuelors, such ag sy<em quality or stadents’ sansfaction with
ChatGPT. Moreover, sance this sty i condueted on the students who used ChatGPT in 2 universiny
i Saudy Arabda It 2 necessary o conduct stihies on students from varssus universabes and grades
10 increase the generalizabiliny of research resulis, Also, addinonal sodies are needed 1o undersiand
miore deeply about factors mfluencing the wse of ChatGPT. For example, siudses considening personal
or social factors influencing the use af ChatGPT are needed. This current stedy has examined the
factors which affect the students” itentions o utilize ChatGPT through applying the UTAUT model.
Ot of the four hypatheses, two hypotheses were supported, and the other two were rejecied. FE and
FC sigmaficantly affected the studens’ use of ChatGPFT, wiale EE amd 51 did not. Fusthermone, the
proposed research model bad a bigh explanatory power (6% ). demonsdratang that i1 has the power
for explamag the Gactors whdekh affect swdens’ utiheation of ClalGET.
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