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INTISARI

Cryptocurrency tidak hanya memberikan kontribusi terhadap perubahan paradigma keuangan
global tetapi juga kesempatan baru dalam dunia investasi. Bitcoin sebagai pionir dan cryptocurrency
dengan kapitalisasi pasar terbesar memiliki fenomena vital bernama halving. Halving merupakan
mekanisme pembatasan supply yang menciptakan siklus lonjakan harga berulang dan secara historis
memicu Altseason melalui pergeseran dana dari Bitcoin ke Altcoin. Penelitian ini bertujuan menganalisis
sentimen publik terhadap Altseason pada periode post-halving 2024 yang menunjukkan pola anomali
dibanding siklus sebelumnya, serta menganalisis performa prediksi pergerakan kapitalisasi pasar Altcoin
menggunakan model LSTM dengan data OHLCV dan dengan data OHLCV yang diintegrasi sentimen. Data
penelitian mencakup 3.996 Tweet dari platform X dengan kata kunci "Altcoin" dan "Altseason" yang
diklasifikasikan menggunakan CryptoBERT, serta data OHLCV indeks TOTAL2ES. Hasil analisis
menunjukkan dominasi sentimen bullish sebesar 80% terhadap Altseason yang kontradiktif dengan
penurunan kapitalisasi Altcoin sebesar 42%, mengindikasikan ketidaksinambungan antara sentimen
publik dan realitas pasar. Evaluasi performa menunjukkan baseline model superior dengan R? 0.8338
dibanding multimodal model dengan R* 0.8074, membuktikan bahwa dalam periode anomali pasar,
sentimen media sosial justru menjadi noise yang mengurangi akurasi prediksi jangka pendek dibandingkan
analisis teknikal murni.

Kata Kunci: Analisis Sentimen, Time-Series Analysis, Price Prediction, BERT, CryptoBERT, LSTM,
Cryptocurrency, Altcoin, Altseason.
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ABSTRACT

Cryptocurrency not only contributes to the global financial paradigm shift but also provides new
opportunities in the investment world. Bitcoin, as the pioneer and cryptocurrency with the largest market
capitalization, has a vital phenomenon called halving. Halving is a supply limitation mechanism that
creates recurring price surge cycles and historically triggers Altseason through fund shifts from Bitcoin to
Altcoins. This research aims to analyze public sentiment towards Altseason during the post-halving 2024
period, which shows anomalous patterns compared to previous cycles, and to analyze the predictive
performance of Altcoin market capitalization movements using LSTM models with OHLCV data and with
OHLCV data integrated with sentiment. The research data includes 3,996 Tweets from platform X with
keywords "Altcoin" and "Altseason" classified using CryptoBERT, as well as OHLCV data from the TOTAL2ES
index. The analysis results show a dominance of bullish sentiment of 80% towards Altseason that
contradicts the 42% decline in Altcoin capitalization, indicating a disconnect between public sentiment and
market reality. Performance evaluation shows the baseline model is superior with R? 0.8338 compared to
the multimodal model with R? 0.8074, proving that during market anomaly periods, social media
sentiment becomes noise that reduces short-term prediction accuracy compared to pure technical
analysis.

Keywords: Sentiment Analysis, Time-Series Analysis, Price Prediction, BERT, CryptoBERT, LSTM,
Cryptocurrency, Altcoin, Altseason.
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